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BRAIN-COMPUTER INTERFACE: THE FUTURE IN THE PRESENT
Levitskaya OS'™, Lebedev MA?

" Cyber Myonics, Moscow, Russia

2 Department of Neurobiology,
Duke University, Durham, North Carolina, USA

Brain-computer interfaces (BCls) are a promising technology intended for the treatment of diseases and trauma of the nervous
system. BCls establish a direct connection between the brain areas that remain functional and assistive devices, such as
powered prostheses and orthoses for the arms and legs, motorized wheelchairs, artificial sensory organs and other technologies
for restoration of motor and sensory functions. BCls of various kinds are currently developing very rapidly, aided by the progress
in computer science, robotic applications, neurophysiological techniques for recording brain activity and mathematical methods
for decoding neural information. BCls are often classified as motor BCls (the ones that reproduce movements), sensory BCls
(the ones that evoke sensations), sensorimotor BCls (the ones that simultaneously handle motor and sensory functions), and
cognitive BCls intended to regulate the higher brain functions. All these BCI classes can be either invasive (i. e. penetrating the
body and/or the brain) or noninvasive (i.e. making no o little contact with the body surface). Noninvasive BCI are safe to use
and easy to implement, but they suffer from signal attenuation by scalp and skin, its contamination with noise and artifacts,
and an overall low information transfer rate. Invasive BCls are potentially more powerful because they utilize implanted grids
that can both record neural signals in high-resolution and apply stimulation to the nervous tissue locally to deliver information
back to the brain. BCI technologies are being developed not only for individual use, but also for collective tasks performed by
multiple interconnected brains.

Keywords: brain-computer interface, neuronal network, neuronal activity, neuronal decoding algorithm, neuronal plasticity of
brain, encephalogram, functional electrical stimulation, cochlear implant, visual prosthesis
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WHTEP®ENC MO3r-KOMNMbIOTEP: BYAYLLEE B HACTOSILLEM

O. C. NeBnukas™, M. A. Jlebenes?

OO0 Cyber Myonics, Mockea

2QTpen Herpobuonormuu,
YHumeepcuteT Obtoka, dapem, CesepHas KaponuHa, CLLIA

HTepdeiic mosr—komnbtotep (VIMK) — ofHa 13 caMbix MHOMOOOELLaroLLMX TEXHONOMIA B 06NacTy NeYeHnst HeBpoormyec-
Knx 3abonesaHuii 1 TpaeM. MIMK nosBonsieT yCTaHOBUTL CBA3b MEXXAY HEMOBPEXAEHHBIMY yHacTKamy Mo3ra 1 NMpoTe3amm
OTCYTCTBYHOLLIMX KOHEYHOCTEN, HOCUMBIMU HEMPOMPOTE3aMM, MHBANIMOHBIMM KPECaMM, NCKYCCTBEHHBIM OpraHaMu HyBCTB
N OPYrMK YCTPOMCTBaMM, KOMMNEHCUPYIOLLMK yTpadeHHble PyHkUmW. B HacTosee Bpems VIMK 6bIcTpo pasBuBatoTcH
6narogapst 6ypHOMY POCTY BbIYNCANTENBHBIX MOLLIHOCTEN, POBOTOTEXHNKIM, METOAOB 3arCy CUrHaSIOB MO3ra 1 MaTemMaTuye-
CKMX anropuTMOB ON151 UX AekoampoBaHvis. [NpuHaTo knaccupnumpoBaTts VIMK Ha MOTOPHbIE (BOCMPON3BOASALLME ABVKEHUS),
CEHCOPHbIE (HyBCTBUTENbHDBIE) 1 ABYHANPABEHHbIE (CEHCOPHOMOTOPHbIE). CyLLECTBYIOT Takke MHTeperChl, MHTEPNPEeTU-
pyloLIve NN BOSAENCTBYIOLLIME Ha BbiCLUNE HepBHble PyHKLMM. [0 CTeNneHV NPOHUKHOBEHUST B BUMONOrMYeCcKne TKaHn op-
raH“3Ma BbIAENAOT MHBa3MBHbIE (IyOOKO MPOHMKAIOLLME) 1 HEVMHBa3VBHbIE (B3aMMOAENCTBYIOLLIME NWLLb C MOBEPXHOCTHLIO
Tena, Ho He npoHvkatoLme) MMK. HemHBasaneHble VIMK 6e3onacHee 1 NpoLLe B UCMOMb30BaHWN, HO MMEIOT OrpaHnYeHst No
MPOMYCKHOW CNOCOBHOCTM curHana. VIHBaauBHble »e bnaroaapst HeNMOCPEACTBEHHOMY KOHTaKTY MySIETU3EKTPOAHbIX MaTPLL
C HEMPOHHbIMY aHcamonamu 6e3 3allyMAeHs 1 AOMOMHUTENBHBIX (PUABTPYIOLLMX 6apbepOoB MO3BOMSKOT CHMTLIBATL CUMHA-
bl B BbICOKOM Pa3peLLeHnn 1 NOKabHO CTUMYANMPOBATb HEPBHYIO TKaHb A/1S MepeaaYn curHanoB obpaTHON CBS3W B MOST.
Texnonorum VIMK pa3zpabatbiBatoTcs He TONbKO ANS MHAMBWOYaNbHOrO NOb30BaHNS, HO 1 Ast BbINOMHEHWUS KOMEKTUBHBIX
3afa4 Npw MOMOLLI MO3roceTel.

KntoueBble cnoBa: VHTEPdENC MO3r—KOMMBIOTER, HEMPOHHAsH CETb, HEMPOHa/TbHAasA aKTUBHOCTb, HENPOHaNbHOE OeKOAN-
pOBaHWe, HEMPONNACTUHHOCTb MO3ra, SM1EKTPOSHLIEdanorpamma, QyHKUMOHaNbHAsA 3NEKTPOCTUMYNALIMA, KOXIeapHbIn M-
nnaHTaT, 3pUTENbHbIN NPOTE3

Ons koppecnoHgeHummn: Onbra CepreesHa Jlesuukas
1283060, r. Mockga, yn. Mapuwana Buptososa, 4. 30, kB. 45; olia_levits@mail.ru

Cratbsi nonyyeHa: 11.03.2016 Ctatba npuHATa B nevartb: 25.03.2016

For example, we scan visual scenes with eye movements and
move our hands to obtain tactile sensations.

Ultimately, any mental activity is expressed as muscle
contractions and relaxations that allow us to interact with

the external world and each other: muscles control limb and
eye movements, facial expression, and speech production.
Muscle contractions are involved in practically any sensation.

The movements of our body are monitored by a large
number of sensory receptors. The continuous streams of
incoming (sensory) and outgoing (motor) signals are processed
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at multiple levels of the nervous system, from the lowest to
the highest. This immense sensory and motor processing is
largely subconscious, and we take it for granted that we can
effortlessly perform very complex tasks, such as walking upright,
maintaining balance, moving fingers and toes, speaking, etc.

Unfortunately, the ability to move and sense can be severely
impaired if the nervous system is damaged. Millions of people
around the world suffer from sensory and motor deficits caused
by spinal cord injuries, stroke, Parkinson’s disease, amyotrophic
lateral sclerosis and other pathological conditions. Even in the
cases of devastating deficits, very often higher brain regions
retain their functionality but turn to be isolated from muscles,
the result being the patient’s paralysis and inability to speak
or feel.

Currently, there is no effective treatment for many motor
and sensory disorders. Patients are bed - or wheelchair bound
till the end of their lives. Development of effective rehabilitation
methods and devices that compensate for the lost functions is
an extremely important issue faced by modern medicine.

Artificial components for nervous system

A brain-computer interface (BCI) is a promising tool for treating
various neurological disorders. BCls connect intact areas of the
brain to assistive devices that can restore motor and sensory
functions [1-5]. For example, patients paralyzed after a spinal
cord injury could potentially restore mobility using a BCI that
connects their intact motor cortex to robotic arms, exoskeletons
or devices that apply functional electrical stimulation (FES) to
the muscles. So far, there has been certain success in the
development of such motor BCls [6-9]. Moreover, patients can
hope to restore sensitivity of paralyzed body parts with sensory
BCls that connect somatosensory areas of the nervous system
to prostheses equipped with touch and position sensors.
Such BCls induce sensations by electrical stimulation of the
somatosensory cortex.

Being of assistance to patients, BCls can also be used by
healthy individuals, for example, in computer games [10] or as
an alarm clock for long-haul truck drivers [11]. In the latter case
the drowsiness is detected using the encephalogram (EEG).

BCls are often called brain-machine interfaces (BMls).
In general, these terms can be used interchangeably, but
conventionally, noninvasive interfaces have been termed
BCls and invasive interfaces have been termed BMils.
“Neuroprosthesis” and “neuroimplant” are their synonyms. In
this article the term BCl is used.

Brain-computer interfaces belong to that knowledge
area where the gap between science fiction and its practical
implementation does not exceed 50 years. However, despite
the fact that the number of publications on this subject has
increased over the past few years, many BCI technologies
are still at experimental stage, not used in clinical practice and
not available in retail. The exception to that are some FES-
based systems [12] and cochlear implants [13, 14] that are
successfully used for rehabilitation.

In this article we will cover motor and sensory BCls.
Classification of functions into sensory and motor is, however,
oversimplistic. The brain of any organism does not have areas
solely responsible for movements or sensations [15, 16]. That
is why recently developed sensorimotor interfaces are the most
ergonomic ones [17].

The history of research and BCI development

The initial experiments in monkeys date back to the mid-1960s.
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The monkeys were implanted with multi-electrode arrays for
electrical stimulation and recording of cortical potentials [15, 18].
[t was shown that the sensorimotor cortex was activated when
monkeys performed movements; the electrical stimulation of
the sensorimotor cortex, in turn, caused muscle contractions.

In 1963 Walter carried out an experiment in which the first
BCl as we understand it now was implemented [19]. To assist
clinical diagnosis, patients were implanted with electrodes in
different cortical areas. They were asked to advance carousel
projector slides by pressing a button. After discovering the
cortex area responsible for reproducing that muscle pattern,
the researcher connected it straight to the projector. The button
was disconnected, but the slides kept on moving: the brain
controlled slide advance and did it even before the subject
pushed the disconnected button.

An idea similar to the concept of modern BCls was
formulated by American researchers from the National
Institute of Health in the late 1960s. They announced that they
would focus on the development of principles and methods
of controlling external devices by brain signals [20]. The
researchers implanted electrodes to the motor cortex area
of monkeys. The electrodes recorded action potentials of a
few neurons while the animals were moving their hands [21].
The recorded neuronal discharges were transformed into the
trajectory of movement of a hand using linear regression. It took
another 10 years of effort to implement such transform in real
time: the monkeys had learned to control the cursor on a LED
display by activating their motor cortex neurons [22].

At that time a similar study was carried out under Fetz's
supervision [23], but the focus was on studying the biological
feedback; the scientists faced the question: could a monkey
control its neuronal discharges volitionally? It was found that
volitional control of neurons responsible for movement was
possible without performing the actual movement. That result is
important for understanding the mechanisms of mirror neurons
and even neurons involved in empathy.

Parallel to the development of motor BCls, sensory
interfaces were emerging [14]. In 1957 French scientists
Djourno and Eyries succeded in inducing auditory sensations
in deaf individuals using a single-channel electrode that
stimulated the auditory nerve. In 1964 Simmons proposed
a multi-channel upgrade for the device. In the 1970s House
and Urban developed the device that consisted of an acoustic
signal converter and a multi-channel cochlear implant. The
device was approved by the US Food and Drug Administration.
After further improvements, the device was introduced into
clinical practice.

In the 1980s a possibility of vision restoration using BCls
became the subject of the research. An electrode array was
implanted over the visual cortex of totally blind individuals.
Visual sensations induced during the experiment were termed
phosphenes. People who had never seen light (or had not seen
it for a long time) learned to identify simple phosphene patterns
[24, 25]. At present electrically stimulated vision continues to
be tested in clinical trials, where a complex image from a video
camera is transmitted to the stimulating implants located in the
eye or visual cortex.

A tremendous advance in BCI research took place in the
1990-2000s. Nicolelis and Chapin constructed the first BCI for
controlling a robotic device [26]. The recorded activity of the
cortex and basal ganglia neurons of awake rats was transmitted
to arobot that fetched water to animals. Then Nicolelis continued
his research with primates. Primates were used in a number of
research projects, such as a robotic arm controlled by cortical
neuronal ensembles [27-29], a BCI establishing an artificial



tactile feedback [17], a BCI for decoding leg movements [30],
BMI for bimanual movements [31], and others.

Also in the 1990s, experiments on implanting electrodes
into human brain were launched. Kennedy, who implanted
electrodes into his own brain in 2015, worked with a patient
with amyotrophic lateral sclerosis. The patient was implanted
with an electrode that contained myelinated fibers growth
factor in the tip. As a result, the patient was able to issue a
binary neural command [32].

In the early 2000s several laboratories began to compete
in the area of invasive BCI development. A group headed by
Donoghue worked with monkeys and humans; the researchers
implanted multi-electrode arrays into human motor cortex,
which allowed paralyzed individuals to control the cursor [8]
and robotic manipulators [9]. Schwartz et al. studied movement
control in three-dimensional space [33]. Eventually, success
was achieved in the experiments with people controlling
anthropomorphic robotic arm [7]; it is currently one of the most
impressive achievements of BCI technology.

In the process of BCI development, many laboratories
including those of Andersen, Shenoy and Vaadia, studied
various cortical areas as signal sources for BCIl and created
new and original algorithms of decoding brain signals.

Parallel to that, studies on noninvasive neurointerfaces were
carried out. They were based on EEG recording, near-infrared
brain imaging and FES. Birbaumer, Pfurtscheller, Walpaw,
Muller, Schalk, Neuper, Kubler, Millan, and other researchers
offered a number of practical solutions for wheelchair operation
and limb mobility restoration after traumas and strokes [12].

Neuronal decoding and neuronal tuning

How do motor BCls manage to decode motor parameters
from neuronal recordings? Many neurophysiological studies
have shown that discharge rates of single cortical neurons are
correlated to behaviors. For example, discharge rates of motor
cortical neurons are correlated to the position, acceleration and
the joint torques of the arm. Developers use such correlations for
decoding neuronal signals. Reproducibility and recognizability
of neural patterns, the so-called neuronal tuning, are a key
factor for successful decoding. Neurons can be badly tuned
or noise-contaminated, which impedes the decoding process.

Investigations of encoding of various parameters by single
neurons began in the 1950-1960s. Those studies utilized a
single sharp-tipped electrode to record the extracellular activity
of neurons in different brain areas. Somatosensory [34], motor
[16] and visual [35] systems were studied using this approach. It
became clear that even single neurons demonstrate repeatable
activity patterns that encode a number of sensory and motor
phenomena.

Extracellular recording from single neurons in awake
behaving animals continued in many laboratories around the
world. Wise et al. discovered that cortical neurons modulate
their rates several seconds before the actual movement. In their
experiments, the monkeys knew what movement they had to
make, but were trained not to make it before the trigger stimulus
[36]. To study the transformation of visual stimuli on movement
direction, Kalaska et al. recorded single neuron activity and
employed a task in which a movement had to be executed after
a delay [37]. Those experiments demonstrated that neuronal
discharges contain information about the movements that
are executed and those that are planned by the brain, but not
initiated.

Georgopoulos and his colleagues recorded activity patterns
of single motor cortical neurons while monkeys made arm
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movements in different directions [38]. The researchers found
the dependency between the signal intensity and movement
direction that could be described by a cosine function, meaning
that discharge frequency of neurons was maximal for a certain
direction, called preferred direction, and reduced gradually
when movements deviated from it. To explain how neuronal
discharges transform into arm movement in a given direction,
Georgopoulos suggested the concept of the population
vector. Such vector is a vector sum of contributions from
multiple neurons that has been shown to match the movement
direction. Interestingly, even imagery of arm movement without
its execution, such as imaginary 90° rotation in space, can be
well described by a population vector [39].

Owing to these studies, it became clear that the activity of
individual neurons carries information on behavior parameters
and these parameters can be decoded. Neurophysiologists
often use an audio speaker to monitor discharges of single
neurons. An experienced neurophysiologist can tell what
his monkey is doing by listening to the sound of discharges.
Similarly, a BCI decoder “listens” to neurons and tries to infer
what movement or intent underlies this “neuronal sound”. The
more neurons are “heard” by the decoder, the more accurate
is the decoding.

What do neuron ensembles sing about?

The more “musicians” a neuronal ensemble consists of,
the higher is the accuracy of decoding: increased neuronal
sample enables to exclude occasional noisy fluctuations of
single neurons [1, 2]. This does not mean that small neuronal
populations are useless for BCls. Sometimes a few neurons
are enough for the interface to work [33, 40], particularly if
those neurons are highly tuned to the parameter of interest.
Highly tuned neurons are sometimes called grandmother
cells or Jennifer Aniston neurons, because they are selectively
activated by specific stimuli: grandmother’s or Jennifer Aniston’s
photographs. [41]. If a BCl task is to identify the presence of a
grandmother or Jennifer Aniston, such neurons come handy.
However, they are quite rare, and in real life the brain processes
information using highly distributed neuronal representations.
The melody of single neurons gives the main idea of a behavior
pattern, but its symphony is played by many instruments.
The more neurons are recorded simultaneously, the more
accurate is the encoding [2]. Because of that, multielectrode
recording of neuronal activity from a large number of neurons
is most effective for BCl decoding. It is especially important to
record the signals of large neuronal ensembles if the task is
to decode several behavioral parameters simultaneously [30].
Such ensemble recording improves decoding and maintains
its stability [1].

Decoding algorithms

BCI decoders use statistical and machine-learning methods
to reconstruct behaviors from neuronal activity. Initial decoder
settings are based on a training set. In experiments with
monkeys a 5-10-minute recording is necessary to obtain the
training set. During this time interval, the animal performs the
task manually, for example, moves the joystick with its hand
[17, 28, 29], and the decoder “learns” to detect movement
parameters (position, acceleration, force). Then the mode is
changed to brain control, and the monkey performs the task
(moves the cursor and places it over the target) using the
decoder and not its own hands.
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A training set can be obtained without moving the
hand. Instead, a subject observes a cursor movement or —
in experiments with humans — we ask him to imagine the
movement. The latter approach is especially important if the
participant of the study is paralyzed.

The choice of a decoding algorithm is dictated by the
behavioral parameters that need to be extracted from neuronal
activity and neural signal features used for decoding (single
neuron activity, field potentials, etc.), the number of recording
channels, the specifics of the behavioral task (for example, a
continuous control of cursor position or, in contrast, making
discrete decisions).

If decoding is based on population vectors, a training
set often consists of movements from the center to different
directions along the radius. Then a population vector is
computed; it is a weighted vector sum of contributions from
single neurons. Each neuron contributes a vector pointing
in that neuron’s preferred direction, and the vector length is
proportional to the neuron’s discharge frequency [39]. Despite
some advantages, a clear conceptual framework being one of
them, this method is not optimal because it is not based on
statistical procedures that would optimize decoding accuracy.

Wiener filter is a linear decoder which is very similar to
the population vector, but it is much more accurate, since
it minimizes the mean square error. Wiener filter output for
time t is a weighted sum of neuron rates measured at different
time points in the past (usually, 5-10 time points within a
1-second time window preceding f) [42]. Weights are computed
for each neuron using standard linear regression methods
based on matrix algebra.

In many cases, for example, in the presence of stereotype
movement patterns, another filter — Kalman fiter —
demonstrates better performance. Kalman filter separates
variables into the sets of state variables (limb position or velocity)
and observable variables (relation of neuronal discharge to
movement direction). During the decoding process, the state
vector is updated for discrete time steps (usually 50-100
ms). During each update, two computations are performed:
prediction of the next state and its correction based on neuronal
activity data. Correction uses the model that compares an
expectation of neuronal rates and the actually observed rates.

Unscented Kalman filter improves estimation made with
a classic Kalman filter by taking into account non-linear
dependencies between neuronal activity and movements.

Interestingly, research on neuronal decoding facilitates
the development of new analytical mathematical methods of
physiological interaction between the neurons. For example,
artificial neural networks were both inspired by the organization
of a nervous system and can be used for the interpretation of
the activity of brain circuitry. Some laboratories use recurrent
neural networks for decoding [43].

When solving tasks that imply a number of discrete
solutions, discrete classifiers are used. EEG decoding of letters
and numbers based on cortical potentials is one example
[44, 45]. In BCI decoding, the following methods of machine
learning have also found their application: Gaussian classifier,
probabilistic classifier structures (Bayesian networks), hidden
Markov models, k-nearest neighbour algorithm, artificial neural
networks, multilayer perceptron, elements of fuzzy logic.

Theories of movement control and motor BCls
To explain neuronal mechanisms of movements, several

theories of movement control have been elaborated; they are
also influential for BCI design.

BULLETIN OF RSMU | 2, 2016 | VESTNIKRGMU.RU

A classical scheme of movement control includes a set
of hierarchically organized regions of nervous system. As
suggested by this scheme, cortical structures are at the top of
this hierarchy. They control the most complex movements, such
as finger movements. Brain stem and spinal cord supervise
simpler functions: postural automatisms and spinal reflexes
[46]. The spinal cord of quadrupeds is known to contain central
pattern generators that control rhythmic movements of the
limbs during walking [47].

Historically, motor control has been described as a
set of reflexes for a long time. The concept of a reflex arch
was proposed by Sherrington [46]. Currently, reflexes are
acknowledged, but the emphasis has shifted to the top-down
control exerted by the brain higher centers during volitional
movements. Typical motor activity contains both voluntary
and reflex components [48]. Some BCls, called shared control
BCls, imitate these two components: they give the control over
higher-level components (the onset and the end of movements,
target choice) to the subject and delegate low-level tasks, such
as maintaining balance, to a robotic controller.

Many modern theories of motor control are based on the
idea that the brain forms an internal model of the body that
is used for both perception of the body configuration and
planning and executing movements. Such an internal model
was first described by Head and Holmes as “body schema”,
which the brain uses to monitor and update information of
multiple signals from the body sensory receptors [49]. Currently,
BCI developers strive to construct neurally controlled limb that
can be finally incorporated into the brain body schema [1]. It
is important to distinguish between the body schema and the
body image. The body schema is a model constructed by the
brain that reflects the structural and dynamic organization of
the body, while the image is a conscious esthetic and sexual
perception of one’s own body.

From the concept of body schema the researchers moved
on towards the modern internal model theory [50]. This theory
describes two parts of the control loop: the controlled object (for
example, an arm with muscles and joints) and the controller (a
neuronal network that controls arm movements). The controller
uses an internal model to generate an expectation of the object
position, as well as an expectation of sensory feedback. The
controller then compares these expectations with the actual
sensory feedback and, if a discrepancy is found, introduces
corrections to the object state. The equilibrium point hypothesis
describes one implementation of this view [51]. According to it,
higher motor centers set an equilibrium point for the controlled
object, and servo-mechanisms of the spinal cord transfer the
object there.

Arm BCI

Arm movements constitute the major part of motor repertoire
of our everyday lives. That is why many BCI developers focus
on the task of arm control. Besides, arm movements have a
substantial cortical component to them, which is convenient for
the developers, because it is easier to record the signals of the
cortex than those of subcortical structures.

Figure 1 shows the interface that reproduced arm
movements. It was an invasive BCl that monkeys used to
control a robotic arm performing reaching and grasping
movements. For decoding, multiple Wiener filters running in
parallel were used.

In another experiment with monkeys, stereoscopic glasses
were used to enable BCI control in a three-dimensional
space [33]. Motor cortical activity was translated into cursor
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Extracellular activity of cortical neurons was recorded by a multi-electrode array implanted into several cortical areas of the monkey. Signals were decoded using Wiener
filters and then transmitted to the robotic arm controller. On the screen, the monkey was presented with a cursor that changed its size depending on the gripping force
the animal applied. The task was to reach toward a virtual object after it appeared on the screen and to grasp it. In one task the monkey controlled the robot using a
hand-held joystick with two degrees of freedom, and the gripping force was determined by how strongly the joystick was gripped. In another task the joystick was not
connected to the robot, and the robot was controlled directly by the commands issued by the motor cortex (Carmena et al., [28]).

position in space. Decoding was initially performed using the
above mentioned method of population vectors. In further
experiments, system accuracy was improved by applying
the adaptive algorithm that minimized trajectory errors. Later,
the same group of researchers demonstrated a BCI which
monkeys used to feed themselves with the robotic arm [52].
Similar technologies involving robotic arms are currently used
to improve the quality of life of paralyzed patients [7, 9].

Also, virtual technologies have been developed, such as a
pair of virtual arms moving on the computer screen and a BCI
for their control [31]. In those experiments several hundreds
of electrodes recorded neuronal activity in both cortical
hemispheres, which enabled monkeys to control two arms
simultaneously.

Functional electrical stimulation

Robotic BCls are necessary in case of limb loss, but if limbs are
paralyzed but not lost, it is possible to use FES. This technology
utilizes electrode arrays for electrical stimulation of muscles with
a set of impulses that imitate nervous system signals. Muscles
activation by stimulation, in turn, produces limb movements.
For surface stimulation, a multi-electrode array is placed
on patient’s skin. Such contact electrodes can be sewn into
clothes turning them into wearable electronic devices (gloves,
trousers, etc.) [563]. Control over BCI can be performed by EEG
beta oscillations, and that is how the movements of a paralyzed
hand have been reproduced [54].

Using invasive BCls, a paralyzed monkey hand was
moved by FES, the movements being quite precise [40]. In the
experiments involving FES for a larger number of muscles and
decoding over a hundred of neurons, monkeys with paralyzed
arms could perform grasping [55, 56]. Recently, such invasive
BCl-based control has been demonstrated by a paralyzed
human [6].

According to the experimental data, a part of lower-level
functions, such as adjusting the limb position in the external
force field, can be handed over to the local self-control. In this

case, feedback systems are used, such as position sensors
[67]. FES-based BCls can take into account the specifics of
muscle contractile properties. For feedback, vision can be used
[63], as well as sensory substitution with vibrostimulation.

BCls for bipedal locomotion

A possibility of reproducing kinematic parameters of bipedal
walking based on brain cortical activity recording was first
tested by Fitzsimmons, Lebedev and their colleagues [30].
The schematics of this experiment are presented in figure 2.
Monkeys were trained to walk on a treadmill. During this task,
neuronal activity of sensorimotor cortex representation of lower
limbs was recorded while the movements of the monkey’s legs
were video tracked. The BCI decoder was trained to decode
monkey lower limb kinematics. The decoder performed well for
both forward and backward walking directions.

Based on those results, the Walk Again Project was founded,
an international consortium, the goal of which is to develop an
exoskeleton driven by the brain [2]. Nicolelis demonstrated
the EEG-controlled exoskeleton built by Gordon Cheng at the
opening of World Football Cup in 2014. A similar project, the
Mindwalker, emerged in Europe [58]. In parallel, Contreras
Vidal and his colleagues proposed an idea of developing a
leg exoskeleton controlled by slow EEG rhythms; in 2012 they
decoded gait kinematics of a human walking on the treadmill
[59]. In Russia, ExoAtlet, a very practical leg exoskeleton, was
developed [60].

As an alternative to EEG, a possibility of reactivating the
spinal central pattern generator is studied. It was demonstrated
in the experiments on rat models of complete spinal cord
injury that locomotion can be restored using epidural electrical
stimulation combined with treatment with serotonergic
agonists [61].

Nueroplasticity and BCls

Many studies have convincingly demonstrated that learning to
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Fig. 2. Reproduction of kinematics of bipedal walking based on ensemble cortical activity

Activity of neuronal ensembles of monkey sensorimotor cortex was recorded while the animals were walking on a treadmill. Blue curves represent movements recorded
by video tracking system; red curves represent decoded movement (Fitzsimmons et al., [30]).

use a BCI boosts the plasticity of the subject’s brain. It was
speculated that due to that phenomenon, artificial limbs could
become incorporated into the brain representation of the body
and eventually feel and act as normal limbs [1, 62].

Controlling external devices by BCls has a lot in common
with tool use. Thus, in a famous experiment with monkeys
trained to use rakes to retrieve distant objects [63], it was shown
that posterior parietal cortex neurons that normally respond to
objects in the vicinity of the hand started to respond to objects
in the vicinity of rakes. In other words, the brain incorporated
the rakes into the body schema.

Long-term use of BCls can lead to similar changes in the
brain. Indeed, the neurons participating in BCI control change
activity patterns [64]. Correlations between pairs of neurons
also change [28, 31], as well as neuronal tuning to movement
directions [29].

Noninvasive BCls

An important requirement for BCls is safety. Noninvasive BCls
are the safest, as they do not penetrate biological tissues to
record neuronal activity. Numerous types of noninvasive BCls
have been developed so far, mainly for operating wheelchairs
and restoring communicative function by using spelling systems
[44, 45, 65-68].

EEG recording is the most popular method used for the
development of noninvasive BCls. EEG-based BCls can be
independent (based on endogenous activation by motor
imagery) and dependent (based on exogenous activation by
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external stimuli). In the former case, slow cortical potentials,
mu (8-12 Hz), beta (18-30 Hz) and gamma rhythms (30-70 Hz)
are used to exert control [4]. The effectiveness of the method
can be improved by using adaptive decoding algorithms [69].
With exogenous activation, the attention is focused on the
external visual stimulus, which leads to a conspicuous cortical
response, compared to the response to an ignored stimulus;
the patient’s intentions are decoded based on the previously
recorded difference in the response to attended and ignored
stimuli. Thus, during BCI control based on steady-state visually
evoked potentials, a reaction to frequently presented stimuli is
recorded [70]. The subject is presented with several objects
on the screen. Each object appears and disappears at its own
frequency. The subject focuses on each object, one by one.
P300 potentials can be used in a similar way [71].

Artifacts of EEG recording process present a considerable
problem. They can be taken for neural activity and even serve
as controlling signals. Dependent BCls are less sensitive to
artifacts. A better signal quality, compared to EEG, a higher
spatial and temporal resolution and a lower sensitivity to
artifacts are demonstrated by electrocorticographic BCls.
However, they are invasive.

Apart from EEG, magnetic encephalography is used (MEG)
[72]. To register weak magnetic field generated by the brain,
a highly sensitive method is required. Such sensitivity can be
provided by superconducting quantum magnetometers. As a
result, MEG recording requires special equipment and special
conditions, magnetic shielding in the first place. Still, MEG
provides a better temporal and spatial resolution, compared
to EEG.



Another method for brain activity recording is based on
detecting the levels of oxyhemoglobin and deoxyhemoglobin
in cerebral circulation by using near-infrared spectroscopy
(NIRS) with temporal resolution of 100ms and spatial resolution
of 1 cm. The major disadvantage of this technology is a
considerable signal delay (up to several seconds). However, the
BCls based on NIRS are becoming popular [73].

A powerful tool for recording changes in cerebral circulation
is functional magnetic resonance imaging. Its temporal
resolution is limited to 1-2 s, signal delay is about several
seconds, but it stands out in the line of noninvasive methods
because of its unsurpassed spatial resolution that makes it
possible to detect the activity of every brain area [73].

Sensory BCls

Sensory BCls can be used for restoring vision, hearing, the
sense of taste, smell or balance, and tactile and proprioceptive
sensitivity. Functions of sensory organs can be impaired
as a result of peripheral nervous system damage leading to
complete loss of senses (deafness, blindness) and as a result
of damage to the organs that process sensory information of a
higher level (thalamus, cerebellum, basal ganglia, brain cortex);
the latter does not cause a complete loss of sensitivity, though.
An interesting example is blindsight in patients with damaged
visual cortex; they are blind but still can sense and process
visual stimuli subconsciously [74].

At present, sensory BCls cannot replace high-level
components of a sensory system. For example, blindsight
cannot be repaired. Currently, researchers focus on developing
devices for repairing low-level damage associated with
peripheral areas and receptors dysfunction. Such systems
replace physiological sensors with artificial ones that are
connected to undamaged sensory areas [17, 75, 76]. Signal
transmission from artificial sensors to the nerve tissue is usually
mediated by electrical stimulation, but recently optogenetic
methods have gained popularity [77].

We should also mention sensory substitution, a method in
which a signal flow from an artificial sensor is redirected to the
undamaged sensors of other body parts or another sensory
organ. With such sensory substitution, a switch from one
sensor modality to another becomes possible. For example,
artificial vision can be implemented by transmitting the signal
from a video camera to a tactile matrix that stimulates the
back [78].

Cochlear implants

Cochlear implants are the most successful devices among
sensory BCls [13, 14]. Patients with such implants can detect
speech, tell female voices from male voices and even perceive
melodies. Bilateral implantation restores spatial hearing. The
implant consists of six components: (1) an external microphone,
(2) a speech processor that transforms the signal from the
microphone to a stimulation sequence, (3) a transmitter placed
on the skin, (4) a receiver and a stimulator implanted into the
bone under the skin (5), a cable connecting stimulators with the
electrodes, and (6) an array of stimulation electrodes implanted
into the cochlea.

A sequence of impulses is applied to undamaged areas of
the auditory nerve. The use of several electrodes enables to
stimulate various areas of the nerve; the number of electrodes
usually varies from 4 to 22. Several different methods of signal
formation by multichannel stimulation were developed. In
continuous interleaved sampling, a signal from a microphone

REVIEW | NEUROINTERFACES

is transformed into a frequency spectrum and the intensity of
the signal in each band is transformed into the intensity of a
stimulus. Compression of a wide dynamic range of signals
into a narrow range of stimuli is performed using non-linear
transform. Also, there are systems based on the continuous
analysis of a signal from a microphone where an electrode is
selected for signal transmission in a recurrent cycle.

For patients with severely damaged cochlear, brain stem
implants have been developed [13]. These devices stimulate
the cochlear nucleus of the brainstem by means of surface
or penetrating electrodes. Some patients who tested such
implants reported a low quality of sound recognition, while in
the others the device performance was comparable to cochlear
implant performance.

Visual prosthesis

Visual prostheses are currently capable of restoring simple
visual sensations [79]. Visual prostheses can be divided into
two groups: retinal prostheses and brain prostheses. Retinal
prostheses are used for treating pathologies that do not affect
the visual nerve, while brain prostheses are used if the visual
nerve is damaged, and it is necessary to stimulate visual
structures of the brain, such as the visual cortex, to evoke
visual sensations.

Depending on the severity of retinal damage, several types
of retinal prostheses can be used. Epiretinal implants stimulate
nerve fibers of retinal ganglion cells by intraocular electrode
arrays (up to 60 channels) that receive frames from a video
camera. We expect that in the future all components of such
prostheses will be implanted inside the eye. Patients with such
implants can perceive the shape of objects, the brightness of
colors and movement direction.

Subretinal prostheses stimulate ganglion and bipolar
cells by electrical signals. They consist of thousands of
microphotodiodes that respond to the level of illumination and
transmit this information to the electrode array. The studies of
these devices are currently at an early experimental stage.

In a transchoroidal prosthesis several dozens of stimulating
electrodes are implanted under the choroid. Compared to
others, this device can be implanted by a quite simple surgical
procedure. Patients perceive stimuli as phosphenes and can
detect simple objects.

As a rule, in non-retinal prostheses electrical stimulation
of visual cortex is used. In 1974 simple visual perception was
restored by implanting 64 electrodes onto the surface of the
visual cortex [25]. It is possible that intracortical microelectrode
arrays can yield better results.

Bidirectional BCls (brain-computer-brain interface)

Biderictional, or sensor-connected BCls decode brain activity
and simultaneously transmit artificial sensory signals to the
brain, thus creating a feedback loop. Figure 3 shows the
schematics of the first brain-computer-brain interface (BCBI)
designed in Nicolelis laboratory by O’Doherty, Lebedev and
their colleagues [80]. Microelectrode arrays were implanted into
motor and somatosensory cortex of monkeys. The first array
recorded intentions, the second one transmitted artificial tactile
sensations back to the brain using intracortical microstimulation.
The BCBI allowed monkeys to explore a virtual object using
a cursor or a realistic image (avatar) of monkey’s arm. Virtual
objects looked alike but had different texture; texture data were
transmitted to the brain through microstimulation.
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Brain-net

Networks that connect separate nervous systems have
recently become a popular subject of research. In general, the
task is to create the network that would combine knowledge
and effort of several individuals for more effective problem
solving. Among such distributed networks are a neuron-net
(@ community of people and technologies that use neuronal
signals for communication), a body-net (a net in which the
movements of one individual can be transmitted to another
through FES) and a brain-net (an integration of several brains
by BCl-technologies [81], fig. 4).

CONCLUSIONS

We are witnessing a rapid growth of BCI technologies.
Researchers keep reporting new achievements and are making
further progress in the development of methods and devices
that will help to restore the lost functionality of the human
body. With long-term use of a BCI, an artificial limb can be
incorporated into the body schema formed by the brain. Many
BCI projects are currently at the stage of lab experiments, but
there are a few devices that have been successfully introduced
into clinical practice. We envision the future in which a blind,
deaf and paralyzed patient can live a life of a healthy person,
assisted by neural implants and functional electrical stimulation.
Using BCls for network communication, the mankind can rise
to anew level, the most recent projects on creating the “internet
of bodies and minds” being the first attempt toward that goal.
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Fig. 3. The schematics of the first brain-computer-brain interface

The motor area of the control loop sets the cursor in motion. The desired position
of the cursor is decoded on the basis of motor cortical activity. The sensory part
of the loop serves as a feedback tool. It transmits artificial tactile signals into
somatosensory cortex through intracortical microstimulation (O'Doherty et al.
[80)).
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Fig. 4. Integration of brain activity of several subjects using a brain net

Each monkey was seated in a separate room and watched a virtual arm on
the screen; the task was to touch the object using the virtual arm (A). Signals
from various cortex areas were recorded by a 700-channel invasive electrode
array. After decoding, the signals were sent to the virtual arm, with monkeys
contributing to coordinates equally (B) or with each monkey controlling only
one coordinate (C) or one plane (D). The tasks were performed more effectively
compared to the experiment where only one animal controlled the virtual arm
(Ramakrishnan et al., [81]).
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PRELIMINARY RESULTS OF A CONTROLLED STUDY OF BCI-EXOSKELETON
TECHNOLOGY EFFICACY IN PATIENTS WITH POSTSTROKE ARM PARESIS
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The article presents preliminary results of iMove research study. By the time of this publication, the data of 47 patients have
been processed. The patients in the experimental group (n = 36) were trained in kinesthetic motor imagery using brain-computer
interface (BCI) and a controllable exoskeleton. In the control group, BCI imitation procedures were carried out. In average,
the patients had 9 training sessions with a duration of up to 40 minutes. On completing the training, only the experimental
group showed improvement in scores (results are presented as median and quartiles (25 %; 75 %)): grasp score increased
from 0.5 (0.0; 13.0) to 3.0 (0.0; 15.5) points (p = 0.003) and pinch score increased from 0.5 (0.0; 7.5) to 1.0 (0.0; 12.0) points
(p =0.005) on ARAT scale. In the experimental group, a significant improvement in motor function was found in 33.3 % patients
on ARAT scale, and in 30.5 % patients on Fugl-Meyer scale. In the control group, those scores were lower: 9.1 % and 18.2 %
patients, respectively.
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Assessment of approaches to upper limb function restoration
in poststroke patients with hemiparesis is a highpriority task
in neurorehabilitation [1, 2]. However, none of the existing
methods of motor rehabilitation has been assigned the highest
level of evidence and high grades of recommendation strength
for arm function restoration. The moderate level of evidence for
arm function restoration in poststroke patients is demonstrated
by virtual reality technology, robotic tools (due to abundant
repetitive task practice) and mental training, including motor
imagery [1, 2]. It is important to note that in contrast to motor
imagery methods based on active motor paradigms, such
as robotic technologies and constraint-induced movement
therapy, can be applied to patients with mild or moderate
paresis. In case of plegia or severe paresis, robotic therapy
often plays a role of passive mechanotherapy.

The impact of motor imagery on motor nervous system
activity and neuroplasticity has been demonstrated in multiple
neurophysiological studies. It has been shown that during
motor imagery, primary motor cortex and brain structures that
participate in voluntary movement planning and control are
activated [3-6]. In the study that utilized navigated transcranial
magnetic stimulation of the brain, the subjects who had been
trained in motor imagery exhibited a decreased motor threshold
and larger evoked motor responses of the muscles involved in
fist clenching [4].

Thus, motor imagery remains the only active paradigm for
modulating neroplasticity in motor areas of the brain in patients
with plegia and severe paresis [3, 4, 7, 8]. Motor imagery
can also be used for the rehabilitation of patients with mild
motor dysfunctions as a training tool for more effective motor
planning and accurate motor performance [9]. Motor imagery
can be controlled by kinesthetic feedback provided by brain-
computer-exoskeleton interfaces. Brain-computer interfaces
(BCls) allow for translating brain activity signals into commands
for the external device [10, 11]. With motor imagery, such
signals are represented by sensorimotor rhythm modulation
[12]. If alimb exoskeleton is used as an external device, the BCI
operator receives kinesthetic feedback (the operator needs to
imagine the movement that the exoskeleton is able to perform).

A number of controlled trials have been carried out to
study the efficacy of non-invasive BCls with external assistive
devices that implement kinesthetic feedback. Those studies
enrolled up to 32 patients with poststroke arm paresis. Haptic
Knob [13] and MIT-Manus [14] robots and orthoses [15], which
are not exoskeletons by design, were used as external devices.

Clinical trials of the efficacy of a BCl-based system where
kinesthetic feedback is implemented by a hand exoskeleton
have been conducted in Russia [16-18]. Biryukova et al. [19]
studied one clinical case. However, none of those works
compared the obtained results with the controls. Besides,
clinical effectiveness of training in using a BCI technology to
control the external assistive device has not been studied in
patients at different rehabilitation stages and with different
paresis severity; the effect of repetitive training using a BCI-
external assistive device technology has not been investigated.

In this work we present preliminary results of a
multicenter blind randomized controlled study of the efficacy
of the hand exoskeleton controlled by non-invasive brain-
computer interface for the rehabilitation of patients with
poststroke paresis. The study will be open for participant
recruitment until the number of participants reaches 120.

METHODS

The study was approved by the Ethics Committee of the
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Research Center of Neurology (protocol no. 12/14 dated
December 10, 2014). All patients gave written informed
consent. The protocol of iMove study is listed in the international
registry of clinical trials of the U.S. National Institutes of Health
(ClinicalTrials.gov; study indentifier is NCT02325947).

This blind randomized controlled study has been carried
out at three clinical centers since December, 2014. Among site
selection criteria were the presence of a neurorehabilitation
unit or a motor rehabilitation service and a pool of patients
with a history of stroke at various time points in the past or
hemiparesis of various degrees.

The study included male and female patients aged 18-80
years with a prior stroke (1 month to 2 years before screening);
with a poststroke hand paresis (from mild to plegia on Medical
Research Council Weakness Scale sums score, MRC-SS [20]);
with a supratentorial focal ischemic or hemorrhagic stroke
confirmed by MRI or CT scan; all patients gave written informed
consent. Study participants were either admitted to the clinical
centers or received outpatient therapy.

The following exclusion criteria  were applied: left-
handedness according to Edinburgh Handedness Inventory
[21]; severe cognitive impairment (Montreal Cognitive
Assessment Score >10) [22]; sensory aphasia; severe motor
aphasia; severe vision impairment that would not allow the
patient to follow visual instructions on the computer screen; arm
muscle contracture (Modified Ashworth Scale score of 4) [23].

Withdrawal criteria were as follows: patient’s refusal to
participate in the study; development of acute disease or
decompensation of chronic disease that could possibly affect
the study outcome, including recurrent cerebrovascular events,
acute myocardial infarction, decompensated diabetes, etc.;
therapy with systemic muscle relaxants that started after the
participant had been enrolled (or medication dosage change);
injections of botulinum toxins in paretic arm muscles after the
patient had been enrolled.

Patients who gave informed consent to participate in the
study and met inclusion/exclusion criteria were screened;
their data were submitted to the automated system of
information support for clinical trials (ImagerySoft, Russia);
each participant was given an identification number. Then
participants were randomly allocated to the experimental or
control group (3 : 1).

Patients from the experimental group were trained to use
the BCIl-exoskeleton technology; patients from the control
group were trained to use the BCl-imitating system. Each group
attended up to 12 training sessions (each 40 min long) every
day except weekends (the acceptable idle interval was up to
3 days). Patients from both groups also underwent standard
rehabilitation procedures, such as therapeutic exercises with
the instructor and massage.

In this study we used a BCl based on EEG pattern analysis
and recognition of synchronization/desynchronization of
sensorimotor rhythms during arm movement imagery. EEG
signals were band-pass filtered between 5-30 Hz. We used
the EEG pattern classification based on Bayesian method
[24, 25]. To assess classification accuracy, we used Cohen's
kappa coefficient (k = 1 represented perfect recognition,
k = 0 represented due-to-chance recognition [26] ) and the
percentage of right responses suggested by the classifier
(>33 % value represented more than chance recognition,
because patients performed three mental tasks). The
components of the BCl-exoskeleton system are presented
in fig. 1.

During the session, the patient was wearing an electrode
cap for EEG recording. Electrode gel was applied underneath
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Fig. 1. BCl-exoskeleton system. (A) Schematic of the BCI used in the study: 1 — 32 Ag/AgCl EEG electrodes; 2 — NVX52 encephalograph (Medical Computer
Systems, Russia); 3 — a computer (OS: Windows 7); data are transmitted in real time, EEG parameters are extracted; control command is recognized; 4 — a screen;
5 — the hand exoskeleton; dotted and solid arrows represent visual and kinesthetic feedback, respectively. (B) The hand exoskeleton (Neurobotics, Russia) with

pneumatic actuator for finger extension

each electrode. The exoskeleton was fixed to the paretic arm.
The exoskeleton used in this study is a polymer carcass for
the hand and fingers with robotic pneumatic drive, intended for
finger extension that does not exceed the physiological norm.
During the training session, the patient was sitting in front of the
computer screen; his arms were on the armrest or on the desk
in a comfortable position.

In the middle of the dark screen there was a circle for gaze
fixation with 3 arrows around it; the arrows changed colors to
indicate a new instruction. The patient followed one of three
instructions: to relax and, to imagine a slow extension of the
left hand fingers or the right hand fingers kinesthetically. The
instructions to imagine the extension of the right or left hand
fingers (right or left arrow changed its color respectively) were
presented on the screen in random order for 10 min. Following
the instruction to relax, the patient had to sit still and watch the
center of the screen.

Results of mental task recognition were presented to the
patient via visual and kinesthetic feedback. If the classifier
successfully recognized the task the patient had been
instructed with, the circle in the middle of the screen turned
green and the exoskeleton extended fingers. When other tasks
were recognized, the circle did not change its color and the
exoskeleton did not perform any action.

One training procedure consisted of up to three sessions
described above; each session lasted for 10 s. The patient
rested for 5 s between the sessions.

With the controls, the same components of the BCI system
were used and the same conditions were applied. The patients
in the control group also followed the instruction to relax and
watch the arrow color. The color changed at random, each
change lasted for 10 s, and the exoskeleton opened the fingers
of the paretic hand when the corresponding arrow appeared
on the screen.

Thus, the patient in the control group did not imagine the
movement and did not try to control the exoskeleton, but
received passive mechanotherapy for the paretic hand. EEG
signals were recorded for monitoring.

The researcher who performed clinical assessment of the
patients did not know what group the patient was included
into. This information was only available to the researchers
who conducted rehabilitation sessions using BCl-exoskeleton
system or its dummy.

Before and after the training course, the patients underwent
a procedure for arm movement and arm force assessment

based on Fug-Meyer Assessment scale (FM) and Action
Research Arm Test (ARAT) [27, 28]. Besides, dynamics across
different scale sections were analyzed. The degree of spasticity
was assessed using MAS scale.

We also estimated the percentage of patients with
improvements by 5 points or more on ARAT scale and by
7 points or more in the motor function of upper extremities on
FM scale (A-H sections).

Statistical analysis was done using Mann-Whitney test (for
independent samples). Wilcoxon test (for dependent samples),
Spearman correlation coefficient, RM-ANOVA analysis of
variance, and a maximum likelihood »? test on the PC with
installed Statsoft Statistica 6.0 software.

The data are presented as median and quartiles (25 %;
75 %). Differences were considered statistically significant with
p <0.05.

RESULTS

232 patients were screened for eligibility. Out of 58 patients
who met the inclusion criteria 11 patients refused to participate
after the first or second training procedure. Thus, the study
included 47 patients (33 male and 14 female) with a mean age
of 56 years (48 and 64 years respectively), median time elapsed
after stroke was 8 months (4 and 13 months respectively).
There were 35 patients with ischemic stroke and 12 patients
with hemorrhagic stroke. All enrolled patients were right-
handed and Caucasian. The experimental group consisted of
36 patients; they attended BCl-exoskeleton training sessions.
The control group included 11 patients who had training
sessions with a dummy. The groups were comparable in
terms of age, time elapsed after stroke, and the degree of
neurological deficit. Patients’ demographics and the initial data
are presented in table 1. No statistical differences were found
between the groups with respect to age, time elapsed after
stroke, lesion localization and lateralization and the degree
of neurological deficit. No statistical differences were found
between the patients from three clinical centers with respect
to time elapsed after stroke, type, localization and severity of
neurological deficit.

Mean number of training sessions was 9.5 (8.0; 10.0) in the
experimental group and 10.0 (6.0; 10.0) in the control group,
with p >0.05

In both groups, improvement of arm motor activity
assessed by ARAT and FM scales (arm function sections: A-D,
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Experimental group Control group
Parameter (n = 36) n=11)

Age, years 56.0 (47.0; 64.0) 58.0 (48.0; 73.0)
Sex, male, n 27 (75.0%) 6 (54.5%)
Time elapsed after stroke, months 9.0 (5.0; 13.5) 2.0 (1.0; 12.0)
Lesion lateralization, n

left 19 (52.8%) 8 (72.7%)

right 17 (47.2%) 3 (27.3%)
Lesion localization, n

cortical 2 (5.5%) 2 (18.2 %)

subcortical 19 (52.8%) 8 (72.7%)

cortical - subcortical 15 (41.7%) 1(9.1%)
Rehabilitation period, n

early (1-6 months) 14 (38.8%) 6 (54.5%)

late (7-12 months) 11 (30.6%) 2 (18.2%)

residual (over 12 months) 11 (30.6%) 3 (27.3%)
ARAT score, points 4.5 (0.0; 33.0) 1.0 (0.0; 22.0)
FM score, upper extremity (A-D, H, 1), points 75.5 (61.0; 92.0) 65.0 (61.0; 104.0)
FM score, arm motor function (A-D), points 27.5(11.0; 40.5) 12.0 (11.0; 49.0)
MAS score, points 2.0 (1.0; 3.0 2.0 (1.0; 2.0
Number of training sessions 9.5 (8.0; 10.0) 10.0 (6.0; 10.0)

H, I) was observed. The following improvements on ARAT scale
were observed in the experimental group only: grasp scores
increased from 0.5 (0.0; 13.0) to 3.0 (0.0; 15.5) points, with
p = 0.003; pinch scores increased from 0.5 (0.0; 7.5) to 1.0
(0.0; 12.0) points, with p = 0.005; gross arm movement scores
increased from 2.0 (0.0; 4.5) to 3.0 (1.0; 6.5) points, with
p <0.001 (tab. 2). No statistically significant differences were
found between the groups in motor function improvement
using RM-ANOVA analysis.

Inthe experimental group, a clinically significantimprovement
in the arm motor function on ARAT scale (by 5 points or more)
and on FM scale (by 7 points or more, sections A-D) was found
in 33.3 % patient and 30.5 % patients, respectively. A clinically
significant improvement of arm motor function on both scales
was found in 16.7 % patients of the experimental group. The
observed improvement was associated with the restoration of
wrist motor function. In the control group, the percentage of
patients with clinically significant improvement of arm motor
function was lower: 9.1 and 18.2 % on ARAT and FM scales,
respectively (tab. 2).

In both group, restoration of arm function did not depend on
the time elapsed after stroke and patient’s age (on both ARAT
and FM scales and subscales). In each group, a moderate or
medium correlation between the restoration degree of arm
function (wrist in particular) assessed by ARAT scale and the
initial severity of neurological deficit (r = 0.4, p <0.05) was found;
however, in the experimental group, statistically significant
improvement of wrist function was observed in the subgroup of
patients with initially severe paresis, as well as in the subgroup
of patients with mild or moderate paresis (tab. 3).

Three patients of the experimental group from the second
study site took a second BCl-exoskeleton training course during
another planned hospitalization. The time interval between
the courses was 6 to 9 months. Every course consisted of
8-10 training sessions. As shown in fig. 2, by the time of the
second hospitalization, arm motor function assessed by ARAT
scale had not deteriorated in any patient. The score of patient
1 on FM scale (C-D) was lower at the time of the second
hospitalization, but still considerably higher than the initial
score. During the second rehabilitation therapy course with
BCl-exoskeleton training sessions included, all three patients
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displayed improvement of arm motor function parameters.

None of the patients displayed deterioration of arm functions
on ARAT or FM scale during the study.

During the training sessions, 3 patients had mild headache,
namely, 2 patients from the experimental group (one of them
observed headache during two training sessions out of ten, the
other had headache over the course of all ten sessions) and
1 patient from the control group (during 3 sessions out of 10).

The majority of patients reported attention fatigue 20 to
30 min after the training session. Fatigue was more conspicuous
if a patient had been insomniac the night before the training (2
patients in the experimental group), was prone to depression (2
patients in the experimental group), had other tiring therapeutic
procedures before the session (1 patient in the experimental
group), or was initially weak. The majority of patients thought
that fatigue was the evidence of training effectiveness and felt
good about it.

If there were complaints about headache or fatigue, the
training session was discontinued for that day. For one patient,
the time between the sessions within one training course
was extended to 2-3 min (in agreement with his doctor and
following the patient’s wish). Due to fatigue and bad general
condition, the time between the sessions was increased up to
2-3 days for one patient from the experimental group.

One patient from the experimental group had an episode
of high blood pressure (200/100 mmHg) after the third training
session during the second therapy course, but was able to
respond to medication.

On the whole, none of the patients withdrew from the study
on account of adverse effects.

DISCUSSION

Preliminary results of iMove multicenter blind controlled study
conducted in Russia have shown that a 2-3 week rehabilitation
therapy using a BCIl-exoskeleton technology increases the
number of patients with clinically significant improvement in
arm motor function. This improvement is associated with the
recovery of hand function, the motor imagery of which was
practiced by the patients. It was also shown that only in the
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Table 2. Changes in basic ARAT and Fugl-Meyer scores in each group before and after the study

Experimental group Control group )
Parameter (n = 36) (n=11) P:);:ék;le
Before | After Before | After
ARAT Scale
4.5 (0.0; 33.0) | 7.0 (1.0; 43.5) 1.0 (0.0; 22.0) | 6.0 (0.0; 24.0) 0-57
Total score
< 0.001 0.018
0.5 (0.0; 13.0) | 3.0 (0.0; 15.5) 0.0 (0.0; 5.0) | 1.0 (0.0; 6.0) 0-18
Grasp
0.003 0.423
o 050080 | 15(0.0;10.0) 0.00.0:60 | 1.0(0.0;7.0 0-12
rip
< 0.001 0.043
pinch 0.5 (0.0; 7.5) | 1.0 (0.0; 12.0) 0.0 (0.0; 4.0) | 0.0 (0.0; 5.0) 0-18
incl
0.005 0.423
3.0 (0.0; 29.5) | 5.0 (0.0; 37.0) 0.0 (0.0; 16.0) | 3.0 (0.0; 18.0) 0-48
Total hand score
< 0.001 0.028
2.0 (0.0; 4.5) | 3.0 (1.0; 6.5) 1.0 (0.0; 6.0) | 3.0 (0.0; 6.0) 0-9
Gross movement
< 0.001 0.109
Improvements by 5 points and more on ARAT scale, % (n) 33.3(12) 9.1 (1) 0-100
Fugl-Meyer Scale
75.5 (61.0; 92.0) | 84.5 (63.0; 103.0) | 65.0 (61.0; 104.0) | 72 (65.0; 108.0) 0-126
Upper extremity (A-D, H,l)
< 0.001 0.004
27.5 (11.0; 40.5) | 33.5(15.5; 48.0) | 12.0(11.0; 49.0) | 17.0 (13.0; 54.0) 0-66
Upper extremity motor function (A-D)
< 0.001 0.005
21.0 (10.5; 26.5) | 24.5(13.5;32.0) | 11.0(10.0; 27.0) | 15.0 (11.0; 28.0) 0-36
Proximal arm active movements (A)
< 0.001 0.008
6.0 (1.0; 14.5) | 8.0 (2.0; 18.0) 2.0 (1.0; 19.0) | 3.0 (2.0; 19.0) 0-24
Hand active movements (B-C)
< 0.001 0.049
Numbelj of cases with arm motor function (A-D) improved 305 (1) 18.2 (2) 0-100
by 7 points or more, % (n)

Note: center-aligned are p values obtained from comparing the corresponding scores in each group before and after the study. Statistically significant differences are

shown in bold.

Table 3. Improvement of hand motor function in the experimental group patients depending on the initial severity of paresis

Initial paresis severity on FM n FM scale, points p
scale (B-C) Before the study After the study
Plegia or severe paresis, . .
0-12 points 24 2.0 (1.0; 6.0) 3.0 (1.0; 8.0) 0.004
(of which) . .
0-7 points 20 1.0 (1.0; 2.5) 2.0 (1.0; 6.0) 0.003
Mild or moderate paresis, . .
13-24 points 12 17.5 (14.5; 21.5) 22.0(18.0; 23.5) 0.005
55 65
. . /A
45 5 / 55
/‘ 50
i / // Patient 1 g 4 a
o ——o— Patient —4— Patient 1
2 45 _ 3 40 P4 ral :
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Fig. 2. Arm motor function dynamics in patients who completed two training courses. | and Il represent the number of hospital admissions (or the training course),
“Before” and “After” represent scores before and after each training course. Time elapsed after stroke with respect to the first and second hospital admissions: 21 and
30 months for Patient 1, 9 and 14 months for Patient 2, 6 and 12 months for Patient 3, respectively
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BCl-exoskeleton group, grasp and pinch movements were
improved. It is important to note that to grasp a big object (for
example, a special object for ARAT-based assessment), the
intact ability for hand opening movement is necessary. During
BCl-exoskeleton training sessions, the patients imagined hand
opening and feedback was provided kinesthetically by the
exoskeleton that implemented the movement. No statistically
significant difference in the degree of motor function restoration
was found between the control and the experimental groups,
which can be explained by the insufficient training duration and
the length of observation period [14].

The results of our study are consistent with the data
provided by other controlled studies in a given area of research.
In Ramos—Murguialday study, 16 patients with poststroke
hemiparesis were trained to use a BCl-orthesis system and
16 other patients were included in the control group. In the
control group, the orthesis was not connected to the BCI and
opened at random. Both groups had training sessions for
4 weeks, except weekends (in average, the patients had
about 18 training sessions). As a result, the BCI group showed
improvement in motor function on FM scale and scored 3.41
points more than the control group (p = 0.018) [15].

With 26 patients enrolled in the study, Ang investigated
the efficacy of treatment in the group that received BCI-Manus
training sessions compared to the group that received only
MIT-Manus robotic therapy. In the second group, training
intensity was considerably higher than in the first group (1040
movements against 136 during one session). After the 4-week
course, the efficacy of treatment was comparable in both
groups; however, 12 weeks after the observation had started,
further motor function improvements were observed in 63.6 %
patients from the BCI-Manus group and in 35.7 % controls [14].

In another study that enrolled 21 patients and was
conducted by the same research team [13], three approaches
were compared: a BCl with Haptic Knob robotic device for
hand opening (the BCI-HK group), a Haptic Knob without BCI
control, and a standard rehabilitation therapy. Compared to the
standard therapy, a considerable hand function improvement
was found only in the BCI-HK group during the 3rd, 12th and
24th weeks of the observation (by 2.14, 1.82 and 2.28 points
on FM scale (C-D), respectively, with p <0.05).

[t is important to note that in contrast to our study, in the
experiments mentioned above, patients were tested for the
ability to control a BCI by motor imagery. Another important
difference is higher training intensity: 18 h in total [13, 14],
compared to 5 h in our study. However, in our case it is
impossible to increase training intensity due to the specifics of
the centers where the study is conducted and limited hospital
admission periods.

Our study is characterized by the use of several scales for
the assessment of arm motor function restoration. FM scale
is more universal and detailed [13, 27], while ARAT scale is
more functional and allows for the assessment of various hand
movements needed for daily tasks [28].

Unlike other studies in this area of research, our study
utilizes the exoskeleton as an assistive device. Although there
are no data indicating the higher efficacy of the use of this
particular device during BCI training sessions, the movement
it implements is kinematically closer to the hand and finger
physiological movement. It becomes possible due to the use
of flexible pneumatic muscles, exo-joints and finger fixators
designed with regard to human hand anatomy, which improves
ergonomic parameters, helps to avoid rapid fatigue onset during
the session, and also excludes traumas if all safety measures
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are taken. On the other hand, it should be emphasized that it is
still impossible to implement a complex functional movement.
The exoskeleton contributes to human finger extension; flexion
of the fingers is passive, as they are brought back to the initial
position by the spring. Such exoskeleton can be only used
to stimulate surface and proprioceptive afferentation coming
from fingers and hands and as a passive mechanotherapeutic
complex with one degree of freedom for the distal arm. The
second disadvantage of the exoskeleton is noise from the
pneumatic pump that can distract the BCI operator from motor
imagery.

Our study demonstrated that arm restoration assessed by
ARAT and FM tests did not depend on the time elapsed after
stroke and patient’s age in both the experimental and the control
groups; thus, this method can be used at various rehabilitation
stages and can contribute to better health restoration, which is
consistent with the results obtained by other authors [13, 14, 29].

In spite of moderate or medium correlation between the
degree of hand function recovery on ARAT scale and the initial
severity of neurological deficit, improvement of hand function
was observed in the subgroups of patients with initially severe
paresis and in the subgroup of patients with initially mild or
moderate paresis. Earlier, improvement of hand motor function
in patients with  severe hand paresis was demonstrated
associated with BCl-exoskeleton training [19]. Thus, the
severity of motor deficiency cannot be seen as the criteria of
exclusion from a BCl-exoskeleton training course. Moreover,
for patients with plegia or severe paresis, such training courses
are the only available method among those based on active
motor paradigm.

The distinctive feature of this study is participation of
patients from three clinical centers with statistically negligible
differences in sex, time elapsed after stroke, type, localization
and lateralization of stroke. Patient screening performed by
different experts from different clinical centers and the blind
design of the study reduced the influence of subjective factors
[27] on the assessment of clinical test results.

Patients who had 2 training courses spaced 6 to 9 months
apart observed further improvement of motor activity during the
second training course. It is important to study the specifics
of motor function restoration throughout several training
courses separated by rest periods. Within the framework of
this study, the observation will be continued for patients who
are scheduled for further hospital admissions.

The most common adverse effect was fatigue; however,
none of the patients withdrew from the study because of
a serious adverse effect, and on the whole the technology is
safe. Because conspicuous fatigue was preceded by insomnia,
considerable exercise load during therapeutic procedures
before the training session, predisposition to depression and
generalized weakness, the probability of this adverse effect can
be reduced by selecting the optimal sequence of rehabilitation
procedures and by questioning the patient about his condition
and sleep problems before each training session.

CONCLUSIONS

Although there is no screening for the ability of a patient to
control the brain-computer interface and training sessions
based on this technology are not so intensive, preliminary
results of this study demonstrate its efficacy with respect to the
percentage of patients with clinically significant improvement
on ARAT and FM scales.
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STUDYING THE ABILITY TO CONTROL HUMAN PHANTOM FINGERS IN P300
BRAIN-COMPUTER INTERFACE
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In this work we have tested the assumption that an individual can control a target finger of a phantom by voluntarily focusing
his attention on the luminous marker located on that finger in the complex of a P300 wave—based brain-computer interface
(P300 BCI) and an anthropomorphic phantom. Because each correct movement of phantom fingers indicates a sufficient
mental effort aimed at this action, creating a new ideomotor training simulator of smaller movements of the hand becomes
possible. Our study included 21 volunteer subjects of both sexes aged 18-25. It was shown that with P300 BCI complex
the subjects learned to control phantom fingers on the first day of the experiment, the percentage of successful attempts being
no less than 69 %. Failures were mainly related to the insufficient attention focus on luminous markers on the target phantom
fingers. We hypothesize that P300 BCl — Hand Phantom complex can be a basis for developing a fine motor skills simulator.

Keywords: brain-computer interface, BCI, electroencephalogram, neurorehabilitation, stroke, evoked potentials, P300
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WU3YHYEHUE BO3MOXHOCTU YNIPABAEHUS OTAEAbHbIMU NMAABLIAMU
®AHTOMA KUCTU PYKU YEAOBEKA B KOHTYPE UHTEP®EUCA
MO3r-KOMrblOTEP HA BOAHE P300

A. A, Kanparn™?®, . O. XXurynbckas', [. A. KnpbsiHoB!

" JTabopaTopust HENPOMUINONOTUN 1 HENPOKOMMBIOTEPHBIX MHTEPMENCOB, BUONOTMHECKNN (haKyNbTET,
MOCKOBCKUIA rocyAapCTBEHHbIN yHMBEPCUTET nMerHn M. B. JlomoHocosa, Mockea

2 TabopaTopust pa3padboTkm MO3ro-MaLlLWHHBIX NHTEPMENCOB 1 NPUKIaaHOM HENPOVHXKEHEPM,
HaumoHanbHbI NCCNeaoBaTenbCKUA HXXEropoacKnii rocyAapcTBeHHbIN yHMBepceuteT nm. H. 1. JlobaveBckoro,
HwxHnin HoBropoz

B vccnenoBanuy npoBepsinv NPeanonoXeHVe, YTO B KOHTYPE MPEANIOXKEHHOrO KOMMeKca nHTepdeca Mo3r—KoMMboTep Ha
ocHoBe BoHbI P300 (MIMK-P300) 1 aHTponoMopthHOro haHToMa KUCTU PYKI YENOBEK CMOXKET yNpaBnsaTb CrbaHeMm Liene-
BOro nasbua haHtoma, MPor3BOSIbHO (hOKYCUPYS CBOE BHUMAHWE Ha PACTONOXKEHHOM Ha 3TOM MasibLie CBETOBOM MapKepe.
[MockonbKy Kaxkaoe npaBuiibHOE cpabaTbiBaHve NanbLEB haHToma OyaeT CBMOETENbCTBOBATL O AOCTATOYHOW BbIPaXKEHHO-
CTV HanpaBEHHbIX Ha STO AEVCTBUE MbICIIEHHBIX YCUMIN, OTKPbIBAETCS NEPCreKT1Ba CO3AaHNS Ha STOM OCHOBE NOEOMOTOP-
HOIO TpeHarkepa MeNKNX ABVKEHNA KNCTU. B ka4eCTBe NCMbITyeMbIX-006p0BOMbLEB Obl 3aAeCTBOBaHbI 21 HYenoBek 0601x
nonoB B Bo3pacTe 18-25 neT. Bbino nokasaHo, YTo UCMbITyeMble OENCTBUTENBHO Y>KE B MEPBbLIN SKCMEPUMEHTATbHBIN AEHD
NproBpeTanv HaBbIK yrpaBieHVs nabLamm haHToMa pykin B KoHType MMK-P300 ¢ HageXXHOCTBIO He MeHee 69 % yCnelHbIxX
MoMbITOK. [Py 3TOM OCHOBHbIE OLLIMGKM yripaBAeHns Obln CBSI3aHbl C HEAOCTATOYHOM KOHLEHTPALMEN BHUMAHWSA Ha CUrHanax
CBETOBOMO Mapkepa LieneBbIx nanbues haHToma. CaenaHo NpeanonoXeHme, YTo paspadoTanHbii komnneke «MMK-P300 —
PaHTOM KUCTU» MOXKET MOCNY>KNTb OCHOBOW AJ151 CO3AaHNSA TPeHaxKepa MeNKOM MOTOPUKM KUCTU.

Knto4eBble cnoBa: nHtepdeiic Mo3r—komnbtotep, VIMK, anekTpoaHuedanorpamma, Hempopeabunmutaumst, MHCYLT, Bbi3BaH-
Hble noTeHumanbl, P300

®duHaHcupoBaHue: paboTa BbiNonHeHa Npw YacTnyHoi nogaepkke ®oHaa «Ckonkoso», rpaHT Ne 1110034, 1 PH®, rpaHT Ne 15-19-20053.

><] Ans koppecnoHaeHumn: Anekcanap Skosnesud KannaH
117234, r. Mockga, yn. JleHuHckure ropel, 4. 1, cTp. 12; akaplan@mail.ru

Cratbs noctynuna: 11.04.2016 CrtaTtbs npuHsiTa K nevatu: 15.04.2016

Including the elements of mental practice into rehabilitation  for executing the motor act rather than performing the act itself
programs for patients with impaired motor skills after stroke  would be a true response to the tasks set by the environment.
or neurological trauma is becoming a new trend in modern  [5]. Such activity boosts neural plasticity processes that drive
neurorehabilitation [1-4]. This approach is based on Nikolai  restoration of neuronal pools for motor control [6, 7]. Motor
Bernstein’s concept according to which creating a mental plan  imagery that triggers restructuring of the motor act plan in
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neuronal networks can be as effective for the restoration of
impaired motor coordination as the actual execution of the
movement [1, 3, 4]. Indeed, the studies based on transcranial
magnetic stimulation used to test cortical excitability
demonstrated the activation of cortical structures associated
with motor representation during motor imagery [8, 9.

However, despite the seeming simplicity of motor imagery,
whether it is effective in triggering cortical restructuring depends
on mental effort intensity, stability and direction [10, 11]. Yet, an
individual needs a feedback on motor imagery quality, otherwise
his or her mental effort will weaken if repeated multiple times,
motor images will fade, and he or she will gradually lose interest
in the training procedure. The feedback loop can be provided
by brain-computer interface (BCI) technologies that make use
of mu-rhythm depression recorded by EEG to detect mental
representations of movements and thansform those events
into commands for controlling virtual reality objects or real
objects [2,9,10,12]. Thus, the operator’s mental effort shaped
as movement representation can be translated into the actions
of physical objects or virtual objects on the screen via BCI.
Given a person is motivated, his or her motor imagery skills
can develop sufficient intensity and sustainability over time.
Using such skills during training sessions is an effective trigger
for adaptive plasticity processes in the corresponding brain
structures [1, 9, 12].

The weakness of this approach is the extremely low level of
differentiation of mental movement representations in relation
to their subsequent BCI-based identification. Only 2 to 3 motor
images can be reliably (with 0.6-0.7 probability) identified by
motor imagery based BCls. Usually, those are left or right arm/
leg movements [10, 12]. It is insufficient for establishing several
feedback channels for mental rehearsal of fine motor skills,
such as movements of individual fingers, which are the hardest
to restore.

At the same time, there is a BCI technology that makes use
of reliable EEG-based detection of human focus of attention
on external screen characters and provides for a library of no
less than 36 commands [13]. Detection of the attention focus
is based on EEG responses to short flashes of external objects,
such as symbols on the screen; response to a target stimulus
is identified on the basis of specific response parameters, a
P300 wave in particular [1, 14, 15]. Still, due to the necessity
of using a stimulus medium formed by symbols, application of
BCI-P300 in rehabilitation could be reduced to communicators,
such as for text entry in patients with severe motor and speech
impairment, and for activation of remote control buttons [16].

Inthis work we test the hypothesis that BCI-P300 canbe used
non-conventionally, namely, as a basis for a training simulator
for improving fine motor skills (of fingers) with a multichannel
feedback. In such a simulator, the anthropomorphic hand
phantom with movable fingers can be used as an actuator. We
speculate that using a BCI-P300 system proposed in this work,
an individual will be able to control phantom finger flexion by
focusing his or her attention on the fingers.

The onset of finger movement will indicate sufficient intensity
of mental effort aimed at focusing attention on the process.

METHODS

The study enrolled 12 right-handed volunteers (6 male and 15
female, 18-25 years of age) with normal or corrected-to-normal
vision. The study was approved by Bioethics Committee of
Lomonosov Moscow State University. All participants gave
written informed consent. The subjects were seated in a
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comfortable armchair, arms on armrests. Above the right
arm of the subject covered with non-transparent fabric, the
anthropomorphic hand was placed, its movable fingers were
connected to servo-motors by flexible cords. Light markers
(light-emitting diodes) were attached to the distal phalanx of
each phantom finger, light intensity being 5 cd/m2. Turning
them on and off was a visual stimulus for event-related
potentials (ERPs) recorded by EEG.

For unipolar EEG recording, 8 electrodes (Cz, Pz, POS,
PO4, PO7, PO8, O1, 02), the referential indifferent ear electrode
and the Ground Electrode in Fpz position were used. To record
biopotentials, NVX52 electroencephalograph (MKS, Russia)
was set up to a sampling frequency of 500 Hz, a passband of
0.1-30 Hz (second order Butterworth filter), a band-reject filter
of 50 Hz

To identify ERPs associated with target stimuli, i.e., flashes
of the light markers on the phantom finger that the subject’s
attention was focused on, a classifier based on Fisher's linear
discriminant analysis (LDA) was used; its output was transformed
into a finger-flexion command for the phantom if the preset
threshold was exceeded. The classifier analyzed short intervals
of 10 ms long that the 0-800 ms EEG signal was split into
(0-800 ms is time from stimulus presentation). Commands for
stimuli and servomotors activation were executed by phantom
hand components, namely, two programmed microcomputers
Freeduino Nano v5ATmega328 (Russia). Both microcomputers
were connected to the computer via USB ports. The phantom
was connected to NVX52 amplifier for EEG recording, which
facilitated synchronized ERP recording, their processing by the
classifier and commmand generation.

During the experimental session, a randomized sequence
of ten flashes on each phantom finger was presented to the
subject to implement one command, i.e., to flex one phantom
finger that the subject’s attention was drawn to by flashes.
Each command was preceded by instructing the subject on
what phantom finger had to be chosen. Light-emitting diodes
were on for 50 ms; the interval between the stimuli was
150 ms. Every subject had 20 experimental sessions spaced by
small breaks; their results were used to assess how effectively
the subject operated the hand phantom.

The classifier was trained right before the experimental
session on non-random sampling sets of target and non-target
ERPs. The procedure lasted for 4 min.

To estimate which operating mode was the most effective
for attention focus control, two types of signals were tested,
with subject’s attention focused on flash offset and flash onset.
In both cases the length of the signal was set to 50 ms.

To assess how effectively the phantom fingers were
operated, control accuracy was measured by the number of
right, wrong or zero phantom finger flexions resulting from the
subject focusing the attention on a certain phantom finger.
Statistical analysis of data obtained from all subjects was
carried out using Stasoft Statistica 7.0 software. To estimate
the difference in the effectiveness of both operating modes
Wilcoxon sign ranked test was used.

RESULTS

Fig.1 shows statistical data on subjects’ performance accuracy
during the procedure of selecting a target phantom finger for
its further flexion by shifting the focus of attention to it. The
data are presented as a percentage of the total number of
trials. The accuracy rates of control of phantom fingers were
averaged across the groups for various operating modes (using
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Fig. 1. Accuracy of phantom finger control in two BCI operating modes

In the first and second operating modes, the stimuli used were flashing events
onset and offset, respectively.

flash onset and offset as stimuli). The results did not show any
statistical difference and were 69 % and 57 % , respectively,
with maximal control accuracy being 95 % for some subjects
in both modes. The range of accuracy scores for each subject
in the second mode was substantially wider than in the first
mode. It leads us to conclude that using BCI-P300 technology
with light markers placed on phantom fingers controlled via BCI
can be seen as a basis for developing a neurosimulator for fine
motor skills, with a customized set-up of light signaling for each
operating mode.

As shown in fig. 1, the subjects could not issue a command
to flex the target finger by shifting their attention to the light
marker placed on the phantom hand even in the optimal
operating mode. In case of errors, either a non-target finger
is flexed or no movement occurs; therefore, analysis of errors
of both types was carried out; its results are presented in
fig. 2. Scores are presented as absolute values of the number of
errors of both types that occurred during 20 attempts to initiate
target finger flexion. It should be reminded that each trial could
result in one right and five wrong responses (four non-target
finger responses and one zero movement response).

As shown in fig. 2, subjects rarely failed to select the target
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finger for flexion. In average, there were no more than 1.5 errors
in 20 trials. But in a greater number of cases (5-6 depending
on the operating mode), subjects failed to initiate flexion of any
finger leaving the phantom hand motionless. Wilcoxon test
showed significant differences (p <0.05) between the number
of type 1 and type 2 errors for each operating mode.

Initiating a non-target finger movement is possibly related
to the weak sustained attention; attention is drawn to the non-
target finger, and the latter is wrongly detected as a flexion
target. At the same time, the absence of commands for
phantom fingers on completing another attempt to activate the
target finger indicates insufficient attention focus on flashing
events. As a result, no distinct ERPs are generated in response
to target stimuli, and classifier output does not reach the
threshold value for command issue.

DISCUSSION

The obtained data confirmed that it is possible to design a
BCI-P300 — Phantom Hand system, in which an individual can
control flexion of phantom fingers by voluntarily focusing his
or her attention on them. Because flexion of a finger that an
individual selects in his mind indicates the sufficient intensity
of his mental effort to focus his attention on triggering the
movement, development of the effective training simulator for
fine motor skills that makes use of this technology is highly
possible.

However, up to now no attempts to use a BCI-P300
technology for feedback in motor function training have been
reported. It is probably due to the fact that the operator does
not need to perform motor imagery or his attention is shifted to
external objects

However, since pivotal works of Botvinnik and Cohen
[17] were published, their findings confirmed multiple times
thereafter [18,19], it has been known that under certain
conditions the external object, such as a rubber hand, can be
easily and reliably identified with the internal representation of
one’s own hand. Moreover, there is no need to imagine the
movement of one’s own hand to activate the neurons in the
motor cortex, it is enough to watch the hand of the other
person or its artificial replica move [20, 21]. Coupled with the
data obtained in this work confirming the possibility of using
the BCI-P300 technology for controlling individual fingers of the
hand phantom, the facts mentioned above hold promise for
creating a fine motor skills training neurosimulator based on the
BCI-P300 — Phantom Hand system.
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Fig. 2. Number of type 1 and type 2 errors in both operating modes with subjects attempting to issue a command to flex the target finger by focusing their attention

on the light marker

Statistically significant difference ( Wilcoxon test, p<0.05) was observed when comparing averaged type 1 and type 2 errors for each operating mode.
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CONCLUSIONS

The BCI-P300 technology can be used to generate commands
for mental control of fingers of the human hand phantom with
reliability of no less than 69 %, which is sufficient to develop a
fine motor skills neurosimulator.
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Concurrent use of electrophysiological signals of various types, such as obtained from electroencephalogram (EEG),
electromyogram (EMG), electrooculogram (EOG), and others, increases the effectiveness of systems for external device control,
namely, neural prostheses, exoskeletons, robotic wheelchairs and teleoperated robots. This article presents the results of
the first tests of a multifunctional neurodevice capable of detecting EEG, EMG and EOG signals simultaneously (with EOG
signals, photoplethysmogram, SpO2 and temperature modules of the neurodevice were used). Measurement results were then
compared to the data obtained from KARDI3 device (Medical Computer Systems, Russia) and Fluke 17b multimeter with a
plug-in thermistor (Fluke Corporation, USA). The informative value and accuracy of both datasets were comparable. We also
studied the effectiveness of EEG and EMG signal hybridization on the basis of the neurodevice of interest; it allowed for an
increase of classification accuracy in all subjects by an average of 12.5 % up to the mean of 86.8 % (from 75 to 97 %).
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PA3PABOTKA HEMPOYCTPOMUCTBA C BUOAOIMYECKOM ospATl-_loﬁ CBA3bIO
AAS BOCMTOAHEHUS! YTPAYEHHDBIX ABUFATEAbHbIX ®YHKLLUN

E. A. BorgaHos'™, B. A. Netpos’, C. A. botmaHr', B. B. CanyHos!, B. A. Ctynur?, E. B. Cununna®, T. . CuHenbHukosa®,
M. B. Matpywes’, H. H. LLywapuHa'

" XUMUKO-BMON0MNYECKIIA MHCTUTYT,
Banmuinckuin henepansHbii yHUBEPCUTET MMeHn ViMvanymna KaHTa, KannHnHrpag,

2Kabenpa rocnvranbHon xupyprian Ne 1, nedebHbin haxynsTeT,
Poccuinckmnin HaLmoHanbHbIN CCNeaoBaTenbCKUN MEANLIMHCKUN yHUBepCUTeT nMmenn H. V. Minporosa, Mockea

s Kacbenpa naronorim Yenoeka, VIHCTUTYT NpodeccroHanibHOro 0bpa3oBaHys,
[MNepBbit MOCKOBCKUIA FOCYAAPCTBEHHbIN MEAVLIMHCKUN YH1BepCUTET uMmeHn . M. CeveHoBa, Mockea

OOHOBPEMEHHOE VCMONBb30BaHME 3NEKTPOMUIMONOMMHECKINX CUMHANOB HECKOJbKIX TUMOB (AaHHbIX 3/1EKTPOSHLEedanorpam-
Mbl (B3I, anekTpomumorpammbl (SMIN), anekTpookynorpammel (SO0 1 ap.) obecnevnBaeT 6onee BbICOKY 3HEKTUBHOCTb
CUCTEM YMPaBeHNst BHELLHVMYM YCTPOCTBaMM — HENPOMNpoTe3aMin, 3K30CKeneTamm, POHOTU3NPOBaHHBIMU MHBaIMAHBIMA
Kpecnamm 1 TeneynpasnsembiMi pobotamn. B cTaTbe npeacTaBneHbl pesysrathl NepBbIX UCMbITaHNA MHOrOMYHKUMOHaIbHO-
ro HEePOYCTPOWCTBA, CMOCOBHOr0 pacnodHaBaTb 0aHOBPeMeHHO I3, OMI- 1 S0 -curHansl (MocnegHve — C NOAKIIOHEHNEM
mMoaynen hotonnetTnamorpammbl, SpO2 1 TemnepaTypsbl). PesynsraTbl UIBMEPEHUI CUMHANOB C MOMOLLIbIO pa3padoTky cpas-
HMBann ¢ gaHHbIMK Nprbopa KARDI3 («MeanumHCKMe KOMMNBIOTEPHbIE CUCTEMBI», Poccust) n mynetimeTpa Fluke 17b ¢ noa-
Kntovaembim TepmucTopom (Fluke Corporation, CLLA). Mo MHhOpMaTUBHOCTM 1 TOHHOCTY AaHHbIE Dbl COMOCTaBUMbI. Takxe
ncenenoBanv aeKTUBHOCTL Mmbpuanaacm 330- n SMI-CUrHanoB ¢ MOMOLLbIO HEMPOYCTPOVCTBA: OHa NMO3BONWNa yBenu-
YMTb TOYHOCTb KJlaccUUKaLMm y BCEX UCMbITyEMbIX B cpefHeM Ha 12,5 % — no cpenHero 3HaqeHns 86,8 % (o1 75 o 97 %).

KntodeBble cnoBa: HelpoyCTPONCTBO, SK30CKENET, MHTEPMENC MO3r—KOMMbIOTEP, SNEKTPOSHLIEMaorpammMa, 1eKTPOMMO-
rpamMma, aneKTPOOoKy/lorpaMma, 6uonorideckast obpaTHasi CBsi3b
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Applied biorobotics improves the quality of life in patients
with neurological disorders and traumas. Neuroprostheses,
exoskeletons, robotic wheelchairs and telecontrol robots
contribute to rehabilitation of patients, substitute for lost
functions and enhance physical abilities of healthy people.

Choosing the right control scheme is very important for the
development of such devices. It must ensure the accuracy,
stability and safety of the device performance, given that
the device will be used continuously. The majority of existing
solutions are based on recording human body biopotentials
using electromyography (EMG), electroencephalography
(EEG), electrooculography (EOG) and electrocardiography
(ECG) [1-6].

Robotic wheelchairs, prostheses and exoskeletons are
good examples of the effectiveness of EMG-based schemes
[7-9]. However, EMG alone is not enough if an individual
who had a stroke or a spinal cord injury cannot generate a
muscle signal of the required intensity. In such cases we turn
to brain-computer interfaces (BCls) that transform signals from
damaged brain areas into commands for external devices. One
of the recent works [10] has demonstrated a high effectiveness
of a BCI for neuroprosthesis control tested by a tetraplegic
patient with intact sensory and cognitive functions.

Among various methods of brain signals recording, EEG
is the most convenient due to its availability, safety, cost-
effectiveness and portability. The brain cortex consists of
multiple areas of functional specialization in which waves of
different frequency are observed [11]. The EEG spectrum is
unique for every individual and changes constantly depending
on a person’s physiological condition and the activity performed,
as long-term measurements have proved [12] By decoding
EEG signals, we can discriminate between limb movements
quite accurately. For example, the algorithm proposed for the
reconstruction of the trajectory of finger joint angles during
reach to grasp movements ensured 76 % accuracy of EEG
signal [13]. Another work showed that it was possible to
correctly identify one out of five actual or imaginary movements
of the wrist and fingers with 65-71 % accuracy [14].

For better classification accuracy,a large number of EEG
channels is thought to be necessary. However, Yang et al. [15]
were able to remove irrelevant noise and improve the EEG
signal classification technique that can be applied to a neural
network or used for robotic device control. EEG was recorded
with only 6 channels out of 32; still, the classification accuracy
reached 86 % in some motor tasks. However, EEG-based
BCls have certain drawbacks resulting from incorrect electrode
placement, shifting of electrodes, noises, artifacts, imperfect
algorithms of filtration and signal processing.

Some researchers suggested that EMG and EEG methods
should be fused [16-18]. For example, in case of paresis or
limb loss, EEG signals can be used to compensate for weak
EMG signals, ensuring that a prosthesis or exoskeleton is
moved by mental effort. If EMG signals are of normal intensity,
EEG signals can help reduce the impact of tremor, fatigue or
artifacts.

Leeb et al. [19] proposed a hybrid EEG-EMG-based control
system; it was tested on 6 healthy individuals. The subjects
moved their left or right arm for 5 seconds (there were 60 trials
in total). Brain activity was recorded by 16 sensors placed in
accordance with the international 10-20 system. Muscular
activity was recorded over left and right forearm flexors and
extensors. The obtained EMG signals were rectified and
averaged (0.3 s) to get the envelopes. The data from two
classifiers were fused together to get one control signal.
The hybrid system showed high classification accuracy in
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all subjects. Despite the fact that EMG signals were quite
informative (classification accuracy was 83 % in average), the
hybrid approach was more effective (classification accuracy
was 91 %), especially in case of increasing muscle fatigue.

Xie et al. also developed a hybrid EEG-EMG-based BCI
(visualization of movement intention) [20]. Their study enrolled
10 post stroke patients with non-severe hemiparesis, 10
patients with peripheral nerve injury and 10 healthy individuals.
All patients were between 20 and 58 years of age. For
calibration, subjects were asked to lie on the bed and perform
knee flexion and extension tasks. The sensor measured the
angle and the force of movements; the obtained data were
later used as target levels. Then EEG/EMG sensors were
attached, and the experiment was carried out. The aim of the
experiment was to establish the correlation between EEG/EMG
signals and leg movements and to measure the accuracy of
potential control commands for the external device. First, EEG
data were processed followed by EMG data processing; in the
third experiment the hybrid approach was applied. The results
showed that the hybrid approach led to increased classification
accuracy in all groups of subjects, compared to single modality
approach. In healthy individuals, classification accuracy was
98 %, in post stroke patients — 84 %, for patients with
peripheral nerve injury — 85 %.

Kiguchi et al. [21] carried out a study of a hybrid EEG-EMG
system for controlling arm movements using SUEFUL-7 robotic
device, and assessed its effectiveness [22]. The robot was
equipped with a video camera and could detect arm position by
rotational angle and force sensors. A 16-channel EMG interface
for recording signals coming from arms and shoulders was
used as a control system. The experiment enrolled four 23-year-
old healthy individuals. Some of them wore an exoskeleton and
a device for EEG recording and response monitoring. In the
first experiment, the subjects performed arm flexion/extension
tasks, and the robot did the opposite impeding the movement.
In the second experiment, one full and two empty cups were
put on the table. When the subject grasped the empty cup,
the robot used the assistance algorithm that estimated the
position of empty cups using the video camera, and randomly
selected one of them; after that, the robot assisted the subject
in pouring the liquid. The accuracy of choice was assessed
using EEG and EMG signals. If the subject did not resist, the
robot inferred that the target had been chosen correctly. In that
experiment, the flexibility of the robot and its ability to correctly
interpret the intentions of the subject were tested. The results
showed the increased accuracy of interpretation of human
actions by the robot.

BCI performance can be improved by oculography data
recorded parallel to EEG. A group of scientists designed a
hybrid EEG-EOG-based BCI to enhance the reliability of hand
exoskeleton for continuous grasping movements [23]. EEG
signals were recorded at 5 EEG sites in accordance with the
international 10-20 system. The experiment consisted of two
parts. In the first part, the subjects controlled the exoskeleton
through EEG signals only; they made grasping movements
when the visual indicator appeared (green for the movement
onset, red for rest). The robotic hand opened automatically if
the commands issued by the operator’s brain were not intense
enough to get over a preset threshold. In the second part of
the experiment, EOG signals were used as a switch. When the
subject looked to the left or to the right, the exoskeleton hand
opened regardless of EEG signals. The hybrid model increased
system safety. When only EEG signals were used, the motion
of the robotic hand exceeded 25 % of a full hand closing in half
of subjects at rest. The hybrid system showed the increase in
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the threshold value in 10.4 % of subjects, with maximal grasp
being less than 28 % of a full hand closing (in a single modality
system it was 60 %) .

Cardiovascular system performance is usually assessed
by monitoring arterial blood pressure and heart rate (HR); it
correlates to brain activity, including that, during motor tasks
[24-26]. Studies of the effect of changing mental activity
on heart activity assessed by EEG show that hybrid EEG-
ECG systems are a promising practical tool [27-29]. In the
experiment involving 6 healthy right-handed men (mean age
was 28 years), who imagined movements of their left leg or
left arm, researchers assessed classification accuracy of EEG
signals and ECG signals separately; then a fused EEG-ECG
recording was processed [29]. For every subject, 180 sessions
were held (60 sessions for each assessment method). They
consisted of three parts; the subject rested for the first 6
seconds (while, data from previous sessions were processed);
then the subject was presented with an indicator that randomly
indicated the action that the subject had to perform (arm or
leg movement visualization or rest); that part of the experiment
lasted for 6 s; finally, there was a pause of unfixed length (up to
several seconds). Three EEG channels were recorded (C3, C4,
Cz, according to the international 10-20 system) along with
ECG, R-R intervals were calculated as a difference between
QRS complexes, which show heart rate, filtered at 5-10 Hz
frequencies. The obtained data allowed for a few interesting
conclusions. First, active visualization of limb movements
induced heart rate change. Second, ECG classification
accuracy was very high in almost all subjects: in many subjects
the use of ECG modality was more effective than EEG. Third,
the hybrid approach increased classification accuracy in almost
all subjects, especially in those, whose results in a single
modality mode were low.

Thus, a hybrid approach to the implementation of systems
for external device control is very promising. Considering how
fast these technologies are developing, we believe that such
high-accuracy neurodevices will appear in the market in the
nearest future. The laboratory of Neurobiology and Medical
Physics of the Institute of Chemistry and Biology of Immanuel
Kant Baltic Federal University is working on a multifunctional
neurodevice capable of detecting different electrophysiological
signals simultaneously (EEG, EMG, EOG supported by the use
of photoplethysmogram, SpO2 and temperature modules),
ensuring a biological feedback and transmitting the processed
data to exoskeletons and robotic devices in real time. This
article presents the results of the first tests of the prototype
model of such a neurodevice and assesses the possibility of
fused EEG and EMG signal recording based on it.

METHODS

We have implemented a prototype model of electrophysiological
and biometrical recorder capable of converting biosignals into
commands for an electromechanical device; we have also
tested our model in a two-stage experiment. At the first stage,
the neurodevice was used to study the motor activity of the
subjects by recording electrophysiological signals. For the
unbiased assessment of the device performance, the resulting
data were compared to the data obtained with analytical devices
that had proved to be reliable and are now successfully applied
in medical practice. At that stage, 2 healthy men participated
in the experiment, (22 and 23 years of age, height of 175 and
177 cm, respectively, weight of 70 and 75 kg). At the second
stage, a possibility of fused EEG and EMG recording using the
neurodevice was assessed. The experiment enrolled 10 healthy
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right-handed men aged 22-29 years (mean age was 25 years).

Brain electrical activity was measured by encephalogram
via scalp leads; bioelectrical potentials in skeletal muscles were
measured by electromyography; bioelectrical potentials related
to eye ball movements were measured by oculography; body
temperature was measured by thermometry; pulse rate was
measured using photoplethysmography. The obtained data
were recorded digitally and graphically.

For EEG recording, silver cup electrodes (Ag/AgCl) were
used; EEG caps were used to place the electrodes on subjects’
heads. For EMG and EOG recording, silver plate electrodes
were used. In the experiments aimed at the assessment of
physiological signal parameters, the most common artifacts
were detected, such as artifacts resulting from bad electrode
attachment or electrical noise caused by subject’s movements,
artifacts caused by upper body muscle tension and forehead
wrinkling, muscle potentials, skin potentials, eye blinking, pulse
waves.

To study motor activity, the subjects were asked to do
physical exercises, including bending and turning the head to
the right and left, tilting it down and back, with the prototype
model of the neurodevice attached to it. Before the experiment,
we had written a program for real-time visual representation of
Euler angles rotation.

Results of EEG, EMG and EOG signal recording and pulse
rate data were compared to those obtained with KARDI3 device
(Medical Computer Systems, Russia), intended for recording
and analyzing ECG, EOG, EEG and some other parameters.
Measurements were first done with KARDI3, then with the
neurodevice of interest. The subject remained in the same
position throughout the experiment. The electrodes attached
to the body were not moved when switching from KARDI3 to
the neurodevice prototype model. To reduce the amount of
artifacts, electrode cables were bundled and twisted.

During EEG recording, we focused on alpha-rhythm,
which is normally the most stable electrophysiological signal.
To record the alpha rhythm, a bipolar lead system was used.
Electrodes were attached to the back of the subject’s neck,
reference electrodes were attached to ear lobes. To achieve the
maximal relaxation of neck and head muscles and to reduce
myographic artifacts, the subject was seated in the reclined
position. In total, 100 trials were conducted. For both the
neurodevice prototype model and KARDI3, the same recording
mode was used, with a 30 Hz low-pass filter, a 0.5 Hz high-
pass filter, a 50 Hz band-reject filter, speed of 30 mm/s (X-axis),
sensitivity of 50 mcV/mm (Y-axis).

EOG signals were recorded during the eye movement task.
The total number of trials was 100. The subjects were asked to
do the following exercises: look at the yellow dot in the center
of the board — then up (red circle) — center (yellow dot) — down
(blue circle) — center (yellow dot) — left (red cross) — center (yellow
dot) — right (blue cross) — center (yellow dot). The subject was
seated in front of the board with graphic symbols. To register
the signal, a bipolar montage scheme was used. Electrodes
were attached to the temples, close to the right eye and on
the forehead. For both the neurodevice prototype model and
KARDI3, the same recording mode was used, with a 40 Hz
low-pass filter, a 1 Hz high-pass filter, a 50 Hz band-reject filter,
speed of 15 mm/s (X-axis), sensitivity of 50 mcV/mm (Y-axis).

To record EMG signals during thigh muscles contraction,
the subject was asked to move the right leg forward for a step-
like movement. There were 100 trials in total. The left leg did
not move, the subject did not lean on the right leg on which
electrodes were placed. The subject was standing, using
his left leg and right arm as points of support; his right leg



with electrodes on it was relaxed. Electrodes were placed 5
cm apart from each other. To record the signal, a referential
montage scheme was used. Electrodes were placed over the
femoral muscle using adhesive rings. For both the neurodevice
prototype model and KARDI3, the same recording mode was
used, with a 100 Hz low-pass filter, a 1 Hz high-pass filter, a
50 Hz band-reject filter, speed of 120 mm/s (X-axis), sensitivity
of 10 mecV/mm (Y-axis).

To record EEG, EMG and EOG signals using our
neurodevice prototype, neurodevice, we have developed
original software. To record EEG, EMG and EOG by KARDIS,
Neurocortex software by Neurobotics, Russia was used.

To measure the pulse rate the subject was seated. For
ECG recording (100 trials in total), KARDI3 electrodes were
attached to the wrists by adhesive rings. A referential montage
scheme was used. Then, the subject put his finger on the
photoplethysmogram module of the neurodevice, the output
being the pulse-related signal. Pulse measurement was
supported by pulse oximetry (SpO2). The following recording
mode was chosen for both the neurodevice and KARDIS:
a 0.1 Hz low-pass filter, a 50 Hz high-pass filter, a 50 Hz
band-reject filter, speed of 60 mm/s (X-axis), sensitivity of 20
mcV/mm (Y-axis). To process data obtained with KARDIS,
Neocortex software was used; to process data obtained with
the neurodevice, Heart Rate Monitor Demo software was used
(Silicon Labs, USA).

To compare temperature measurement accuracy, Fluke 17b
multimeter with a plug-in thermistor was used. The temperature
sensor was attached to the subject’s forehead by the adhesive
ring. The total number of trials was 136. Temperature data were
transmitted to the PC via Blootooth protocol every second.

At the second stage of the experiment, a possibility of EEG
and EMG fused recording by the neurodevice of interest was
studied to ensure its good performance in a complex with
robotic devices, such as an exoskeleton.

The subjects were instructed to imagine their left leg
movements and then to flex and extend the thigh (10 sessions
for every participant). Classification accuracy was first assessed
for EMG signals only and then for a hybrid EMG-EEG system.

Physiological parameters were continuously monitored
during motor tasks and idle periods (5 s long). Fisher linear
discriminant analysis was used for classification.

STUDY RESULTS

We studied motor activity involved in performing such tasks
as turning and bending the head to the right or left, tilting it
down and back. The results demonstrate high accuracy and
precision of the data obtained with the motor sensor of the
studied neurodevice. The diagram in fig. 1 shows Euler angles
rotation (X-axis represents time, Y-axis represents angle): 1)
pitch is rotation around the transverse axis (green line); 2) roll is
rotation around the longitudinal axis (blue line); 3) yaw is rotation
around the vertical axis (red line).

EEG data obtained with the studied neurodevice showed
the same artifacts as EEG data obtained with KARDI3, and
their amounts were comparable. It indicates that the studied
neurodevice could compete with similar tools for EEG recording.
Muscular activity artifacts were associated with small neck and
head movements resulting from subject’s fatigue. Quite a few
encephalograms showed traces of cardiogram artifacts, which
is possibly related to the individual specifics of the subject’s
cardiovascular system and the placement of electrodes over
subcutaneous blood arteries.

CTATbS! | HEUPOUHTEP®EMUCHI

EOG data obtained with the neurodevice were comparable
to the data obtained with KARDI3 in their informative value; in
case of our neurodevice, the amount of artifacts was lower. The
most common artifact was eye blinking, which appeared on
EOG as a sharp amplitude increase; artifacts of mimic muscles
that accompanied the subject’s growing fatigue were also
present.

During EMG signal quality assessment, it was found that
the data obtained with our neurodevuce were as informative
as the data obtained with KARDI3. No artifacts were detected.

The results of temperature measurements obtained with
the neurodevice were comparable to the data from Fluke 17b
reference device. In average, temperature variance was 0.3%.

Pulse signal was obtained from the electrocardiogram
recorded with KARDI3 and the neurodevice
photoplethysmogram module. ECG R-R interval data from
KARDI3 showed the same pulse values as data from the
photoplethysmogram module. The mean HR in the first subject
was 78 and 77 beats per minute (measured with KARDI3 and
the neurodevice, respectively). The mean HR in the second
subject was 72 and 71 beats per minute (measured with
KARDI3 and the neurodevice, respectively). No artifacts that
could affect the result were observed (fig. 2).

It is worth mentioning that the module for the assessment
of cardiovascular system performance estimates blood oxygen
saturation, thus providing some valuable data that can be used
for exoskeleton control.

Our study of EEG and MG signal hybridization yielded
results that support the idea electrophysiological signal fusion
approach. The experiment showed that mean classification
accuracy of EMG signals was 74.3 %. EMG-EEG hybridization
led to the increased classification accuracy by an average of
12.5 % with a mean of 86.8 % (75-97 %) in all subjects. The
results are presented in the table below.

DISCUSSION

[tis obvious that development of a high-accuracy multifunctional
neurodevice that allows for continuous recording of
physiological signals and transmits data to the external device
(exoskeleton) can yield very inspiring results. We have carried
out a truly multidisciplinary study, at the first stage of which a
prototype model of such a neurodevice was created and tested.
It was demonstrated that the signals obtained with our device
were identical to those obtained with reliable analytical tools.

During some motor activity measurement procedures,
gyroscope drift was observed associated with a changing
magnetic field generated by the accumulator battery. It was

Fig. 1. Euler angles rotation during head exercises. (A) Head is bent to the left. (B)
Head is back to the initial position (the yaw and roll angles change, the pitch angle
remains unchanged, gyroscope returns to the initial position)
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the result of the relatively weak attachment of the accumulator
to the model; rigid fixation of the accumulator helped to solve
the issue. With weak attachment of the model to the subject’s
body, a simultaneous change of two angles was observed
occasionally when the subject was performing a task. It can be
explained by the “multilayered” scheme used in the experiment:
gyroscope components were placed on the motor module, and
the motor module was placed on the subject’s head. Steady
movements of the subject’s head also made their contribution.
We will consider it in the fabrication of the experimental sample
and will use software and hardware automatic calibration of
the device position with respect to the subject’s position The
main motor activity parameters measured by the experimental
sample that we plan to fabricate will be linear acceleration of
the accelerometer, angular acceleration of the gyroscope and
a magnetic field vector of a magnetometer. EMG and EOG
muscular artifacts will be removed using additional band-

Fig. 2. Studying heart activity. (A) Electrode placement and ECG data obtained
with KARDI3. (B) Electrode placement for photoplethysmogram and SpO2
analysis using the prototype model of the neurodevice

reject filters or special software. Cardiogram artifacts can
be removed by changing electrode attachment mode from
stationary to dynamic, with a possibility to shift electrodes by
no less than 10 mm. Thus, the electrode can be moved if it has
been placed over an artery. Besides, improving accessories for
electrode attachment will also reduce the amount of artifacts.

The results of EEG-EMG fusion experiment showed the
considerable advantage of hybrid BCls over single-modality
BCls and confirmed the feasibility of simultaneous recording
of various physiological signals [19-21, 23, 29]. Due to the
increased classification accuracy and flexibility, a hybrid system
is more reliable and exhibits higher performance. The obtained
results lead us to conclude that fused EEG-EMG recording
improves the interpretation of intended and actual physical
activity. EEG signals unrelated to muscular activity are an
additional identification tool that can be used in robotics. We
speculate that improvements to the system and simultaneous
use of various physiological signals will result in almost 100 %
classification accuracy.

By now, very few works describing such experiments have
been published. All of them are non-representative with respect
to the number of participants. To increase signal classification
accuracy and safety of robotic devices, further research is
necessary. Still, certain difficulties remain. First, electrode
shifting is a problem, because the correct placement of
electrodes is what defines intensity, quality and reproducibility
of signals. With respect to that, non-contact technologies can
be a solution. Second, complex movements involving several
muscles (hand, forearm, shoulder girdle and trunk muscles) are
generated by a large number of motor cortex areas, and the
size of each area is unique for every person, which impedes
reconstruction of complex movements. To solve this problem,
new technologies capable of isolating target movements
from unrelated ones are necessary. Some solutions have
been proposed so far, including invasive interfaces based on
electrocorticography [30, 31].

CONCLUSIONS

The tests of the neurodevice prototype capable of simultaneous
detection of different electrophysiological signals confirmed the
feasibility of hybrid approach to the development of systems for
external device control. Fusion of several modalities or switching
from one to another to select the one that best interprets
human intention increases signal classification accuracy and
can possibly improve robotic device performance. Further
research is necessary with a larger number of participants
involved, including those with different pathologies.

EMG and EEG signal classification accuracy in single modality and hybrid approaches, %

Subject EMG EMG + EEG Dynamics
1 84.0 93.0 +9.0
2 72.0 84.0 +12.0
3 77.0 88.0 +11.0
4 92.0 97.0 +5.0
5 70.0 93.0 +23.0
6 63.0 79.0 +16.0
7 69.0 81.0 +12.0
8 75.0 90.0 +15.0
9 61.0 75.0 +14.0
10 80.0 88.0 +8.0
Mean 74.3 86.8 +15.0
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IMPROVING EYE-BRAIN-COMPUTER INTERFACE PERFORMANCE BY USING
ELECTROENCEPHALOGRAM FREQUENCY COMPONENTS
Shishkin SL'=, Kozyrskiy BL"3, Trofimov AG'#, Nuzhdin YO', Fedorova AA', Svirin EP?, Velichkovsky BM?

"Department of Neurocognitive Technologies, Kurchatov Complex of NBICS Technologies,
National Research Centre Kurchatov Institute, Moscow, Russia

2Kurchatov Complex of NBICS Technologies,
National Research Centre Kurchatov Institute, Moscow, Russia

S Faculty of Cybernetics and Information Security,
National Research Nuclear University MEPhI, Moscow, Russia

Eye-brain-computer interfaces (EBCIs) could combine the advantages of eye tracking systems used for operating technical
devices and brain-computer interfaces. Such systems are intended for both patients with various motor impairments and healthy
individuals. The effectiveness of EBCls is largely dependent on their ability to detect the user’s intent to give a command on
the encephalogram (EEG) recorded during gaze fixation, that is, just within hundreds of milliseconds. These strict requirements
necessitate a full use of data contained in EEG for more accurate classification of gaze fixations as spontaneous and “control”.
This work describes our attempt to use for classification not only amplitude statistical features, but also wavelet features
specific to oscillatory EEG components within the interval of 50-500 ms from gaze fixation onset. Integral index of classification
accuracy AUC significantly depended on the feature set, reaching the highest value (0.75, average over the group of 8
participants) for the combined amplitude and wavelet set. We believe that further improvement of this method will facilitate the
practical application of EBCls.
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MCNOAb30BAHUU YACTOTHbLIX KOMNMOHEHTOB 3AEKTPO3HLE®AAOIPAMMDI
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8 PakynbTeT KNBEPHETUKM 1 MHDOPMAaLIMOHHOM 6€30MacHOCTK,
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MHTepdeiichkl ras—-mo3r—komnbtotep (MMMK) Mornin 66l COBMECTUTb B cebe I0CTOUHCTBA alTPEKMHIOBbIX CUCTEM YrpaBne-
HUS TEXHUHECKMM YCTPONCTBaMN 1 MHTEPENCOB MO3r—KOMIMbIOTEP. Takre CUCTEMbI NpeaHasHaqeHbl Kak s nauyveHToB
C pPasnMyHbIMN MOTOPHBIMI HAPYLLEHUSIMA, Tak 1 300P0BbIX toaen. SddekTnBHoCcTb MK Bo MHOroM onpeaensieTcs Bo3-
MO>XHOCTBIO pacrnosHaTb HaMepeHe Nob3oBaTest OTAaTb KOMaHy Mo anekTposHuedanorpamme (93I7), permcTprpyemoi
BO Bpems vkcauun B3rmsaa, T. €. B TeHeHMe BCEro COTEH MUMIMCEKYHA,. DT XeCTKne TpeboBaHUS OVKTYIOT Heobxoau-
MOCTb A06MBATLCS Kak MOXHO 60s1ee NOMHOMO 1CMONb30BaHWS 3aktoHeHHoM B 931 nHgopmaumm Ans NoBbILLEHS TOYHOC-
TN Knaccuunkaummn hrkcaumin B3rsaaa Ha «ynpasistoLllye» U CnoHTaHHble. B HacTosel paboTe npeanpuHsaav nornbITKy
CMNONb30BaThb AN KNaccuukaumm He TONbKO aMninTyaHble CTaTUCTUHECKINE NPU3HAKKM, HO TakKe BENBNETHbIE MPU3HaKMN,
XapaKTepU3YoLLME OCLMNISTOPHbIE KOMMOHEHTbI D3I B nHTepBase 50...500 MC OTHOCUTENBHO Havana ukcaummn B3rns-
Ja. 3Ha4eHNst MHTerpasibHOro MokasaTtenst ToO4HOCTU Knaccudmkaumm AUC npn SToM 3Ha4MMO BbIPOCAn 1 cocTasunm 0,75
B cpedHem no rpynne 13 8 Yenosek. [Npegnonaraetcs, YTo AasnibHelllee COBEPLIEHCTBOBaHNE METOAMKM NMO3BOT NpeBpa-
TUTb MK B NpakTUHeCcKn NONesHyto TEXHOMOMIO.
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Brain-computer interfaces (BCls) are systems for operating
computers and other devices connected to them that make
use of the detection of brain activity patterns associated with
control commands. They have been designed primarily to
assist paralyzed patients [1-3]. At the same time, the accuracy
and operating speed of a vast majority of BCls are still low.
It is unclear if BCls can be used outside the range of tasks
where it is sufficient to issue very simple commands but
important that these commands be given “straight from the
brain” (for example, in poststroke rehabilitation [4]). Using BCl,
a satisfactory spelling rate (50 characters per minute in healthy
individuals) was achieved only in the recent study [5], in which
rhythmic visual stimulation was used; it is still unclear if the use
of such stimulation in BCl is safe.

Interestingly, all non-invasive BCls with high accuracy and
high speed rates utilize EEG response to visual stimuli the user
directs his or her gaze at. It means that they can be used only
if a patient does not suffer from any serious vision impairment
or eye movement disorders and still has the ability to voluntarily
direct his gaze towards specific screen areas associated with
control commands (to fixate the gaze on virtual “buttons”).
When this is the case, however, it is possible to control
computers and other devices connected to them by detecting
gaze direction using eye tracking (video-oculography).

Current methods of gaze-based control demonstrate
relatively good accuracy, speed and usability when used for
text entry [6]. However, attempts to apply them to a wider
range of tasks are hampered by the so-called “Midas touch”
problem [7]. Just like King Midas from the ancient Greek
myth turned all things into gold by touching them, technical
devices are non-selective in translating gaze fixations or eye
movements into commands: their user issues commands
even without an intent to issue them. This is because eye
movements are a crucial component of visual function and are
normally spontaneous, slipping conscious control easily even if
attention is focused on them. Current solutions to this problem
either make the control process very slow and tiring or can be
used for a limited range of tasks.

As early as 1996, it was proposed to solve the Midas touch
problem and create a high-performance universal interface by
combining “eye-mouse” control with BCI [8]. Over a number of
years the combination of those two technologies [9] was quite
mechanical in nature and did not result in creating systems with
fast response and good ergonomic properties. An innovative
solution was suggested by Torsten Zander’s group who turned
to the idea of natural combination of eye tracking and BCI [8]
within the framework of a new trend, namely, the development
of the so-called “passive BCls”. This name was given to
BCls that responded to patterns of brain activity unrelated to
deliberate efforts to issue a command using BCI [10]. Zander
and his colleagues showed that eye fixations used for control
(“control” fixations) can be differentiated from spontaneous
(visual) fixations using the encephalogram (EEG) recorded
during fixations, even if control markers appearing on EEG
were not evoked intentionally (the subjects were not given
additional tasks and were not presented with stimuli in the
“control” position) [11]. However, in their study control could be
implemented only by a long (1,000 ms) gaze fixation on a single
screen target.

Our group has developed a method for an eye-brain-
computer interface (EBCI) that allows for EEG-based
classification of shorter fixations with a duration of 500 ms. In
our experiment, subjects played Lines, a computer game, with
their gaze only. Each move was made by fixating the gaze on
one of 50 elements on the board. The classifier was trained
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to differentiate between the EEG signals recorded during
those fixations and EEG signals recorded during fixations on
the same elements but with control switched off, i.e., during
supposedly spontaneous fixations [12; Shishkin et al., in prep.].
Due to the reduction of fixation length, subjects perceived
control as natural and comfortable. The number and location of
control-sensitive visual elements in our method was limited by
eye tracker capacities only. However, fixation-related amplitude
features of the EEG components (we used those features in
our early works) did not provide sufficient control detection
accuracy for practical application of the technology.

In this study we analyze the possibility to improve the
accuracy of the EBCI classifier that automatically differentiates
between control gaze fixations and spontaneous ones by using
features of oscillatory EEG components in addition to EEG
amplitude features. Since short EEG intervals should be used,
during which both amplitude and frequency components can
display time dependency, and because of the high dimensionality
of time-frequency data and other significant differences
between them and amplitude data, it was necessary to develop
a special scheme for extracting quantitative parameters of EEG
components recorded during gaze fixations.

METHODS

The experiment

We used EEG recordings obtained in our early experimental
study. Its results will be presented in another article [Shishkin et
al., in prep.]; the article will also provide a detailed description
of the methods used in the experiment.

Our study was conducted in compliance with the guidelines
of the Declaration of Helsinki. The study enrolled 8 relatively
healthy individuals (7 male and 1 female) aged 21-48 (mean
age was 29). The subjects gave their informed consent.
Gaze was recorded using EyelLink 1000 Plus eyetracker (SR
Research, Canada). Fixations were detected on-line using
variance criterion. Sinchronously, EEG from 19 electrodes (Fz,
F3, F4, Cz, C3, C4, Pz, P1, P2, P8, P4, POz, PO3, PO4, PO7,
P08, Oz, O1, 02) and electrooculogram (EOG) were recorded
using the actiCHamp system (BrainProducts, Germany). EOG
was used to monitor EEG artifacts. Gaze direction, EEG and
EOG were recorded at 500 Hz frequency.

Gaze-based control algorithms and the task the subjects
performed were exactly the same as described in our
preliminary study [12]. Here, only the most important details
are listed. The subjects played Lines, a computer game that
was modified so that all moves during the game could be
performed by a sequence of 3 fixations, each exceeding a
500 ms duration threshold. Each sequence started with the
fixation on a particular screen area, where a special “control
on” indicator appeared after the threshold had been reached.
EEG recorded during those fixations constituted the first class
of data (control fixations). Another data class (non-control
fixations) was constituted by EEG recorded during fixations
that also exceeded the threshold but did not result in a move,
according to game rules. Fixation-based game control, EEG/
EOG synchronization and recording of gaze fixation data were
performed using the original software.

An average of 155 (from 120 to 184) control and 159
(from 114 to 208) non-control fixations was recorded for each
subject.



Feature extraction

To extract EEG wavelet features, we chose the interval 50—
500 ms after fixation onset, because the preceding interval
contained artifacts related to gaze shifts, and the subsequent
interval could not be used for detecting the intention to issue
a command in the on-line mode. In the analyzed interval there
were almost no artifacts, so we did not apply any procedures
for their correction or removal. In our early work we showed
[12; Shishkin et al., in prep.] that in our EBCI paradigm, a
considerable difference in EEG amplitudes between control and
non-control fixations was typical for the second half of fixation
interval only. Therefore, we used the interval 200-500 ms after
fixation onset to obtain amplitude features in the current study.

Amplitude features were obtained by averaging amplitude
values in each EEG channel separately in overlapping 50 ms
windows. To reduce the influence of slow oscillations and direct
current component, the baseline was corrected by subtracting
the mean value for the interval 200-300 ms after fixation onset
from those averaged values. The obtained “raw” amplitude
features constituted a feature vector that characterized a trial
corresponding to one fixation.

Wavelet features were obtained using Morlet wavelet
transform. The scale range corresponded to the frequency
range of 5-30 Hz. The higher frequency corresponded to the
scale, the more wavelet coefficients were used to describe
the trial. To reduce noise produced by irrelevant features, only
30 % of the wavelet time-frequency features were used, namely
those that differed most considerably between spontaneous
and control fixations (those that had the highest coefficient of
determination, R?).

Selected features were processed using Principal
Component Analysis (PCA). It was applied separately to
amplitude features and wavelet features. 80 components with
highest variance for each feature type were selected. They
constituted new sets of features. Before and after PCA, z-score
normalization was applied either to all values of each feature
(in all trials) or to all features within a single trial (for amplitude
features and wavelet features separately). Normalization within
a single trial was considered a way of adaptation to local feature
level that could gradually vary over time.

EEG-based classification of control and non-control
fixations

For classification, linear discriminant analysis with shrinkage
regularization was used. It ensured effective training with small
training sets (like the one that was available in this study) even
if feature dimensionality was relatively high; it also proved to be
highly effective in the BCls based on event-related potentials
[13, 14].

Classification quality was assessed using 5-fold cross-
validation. Classifier training, feature selection, calculation of
mean values and standard deviations for feature normalization
(in case it was applied trialwise), as well as dimensionality
reduction, were carried out on the data used as the training
set. The derived feature selection rule, mean and standard
deviations for corresponding value sets, weight matrix for
selected components, and weight of the trained classifier
were applied to the rest of data regarded as a test sample.
Due to such arrangement of cross-validation, it was possible
to reconstruct a real situation of how a classifier can be used
online in a BCI.

As a classification quality metric, we used AUC (Area
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Under Curve; here, “Curve” refers to the Receiver Operating
Characteristic (ROC) curve), an integral performance index
widely applied in similar studies. It shows to what extent
classification results differ from random for various classifier
threshold values that can be selected to separate classes
with various ratios of various types of errors, depending on
the specific purpose the classifier is used for. If classification
results do not differ from random guess, AUC value goes to
0.5; if the classifier does not make any errors, AUC equals
to 1. To compare AUC values in case of various feature sets,
multivariate analysis of variance (MANOVA) and Bonferroni post
hoc test were applied using Statistica 7.0 software (StatSoft,
USA).

RESULTS

With all methods of feature extraction, individual values of
classification accuracy (AUC) were above 0.5, group mean
was no less than 0.66; however, AUC mean values were
considerably different (fig. 1).

3-way MANOVA (see table below; all three factors were
with repeated measures) applied to individual AUC values
showed that classification accuracy was dependent on the
feature set factor (A = 0.06, F(2.6) = 49, p = 0.0002), while the
effects of other factors and interaction between factors in all
their combinations were not statistically significant. Benferroni
post hoc test showed that the difference between amplitude
and amplitude-wavelet feature sets was statistically significant
(p = 0.006); no statistically significant difference between
amplitude and wavelet (p = 0.34) and between wavelet and
amplitude-wavelet (p = 0.16) feature sets was found. The
set that consisted of amplitude features only had the lowest
classification accuracy. The best results were shown by
the combined set (amplitude and wavelet features grouped
together). With the combined EEG feature set, AUC group
mean increased by 0.05-0.08 (depending on the method used
for normalization) compared to the amplitude set. AUC group
mean was 0.75 + 0.04 (M + SD) with features normalized both
before and after PCA, and 0.75 + 0.06 with features normalized
before PCA and within trials after PCA.

Fig. 2 shows individual results for the feature extraction

Z2: Features Z2: Trials
0,80
0,75
o
2
< 0,70
Z1
+ Features
0,65
#: Trials
A B AB A B AB

Fig. 1. Dependence of classification accuracy (AUC) for gaze fixations (control
and non-control) on the method used for feature extraction from EEG recorded
during gaze fixation

Legend: A — amplitude features only, B— wavelet features only, AB — combined
(amplitude-wavelet) set of features; Z1 — normalization type before PCA;
Z2 — normalization type after PCA; features: normalization of separate features;
trials — normalization of features within a single trial. Vertical lines represent
95 % confidence intervals.
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Effect of feature extraction methods on classification accuracy (AUC)
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Factors Wilks’ A F (Effec(tj,fError) p
Z1 (normalization before PCA) 0.71 2.85 1,7 0.1354
Z2 (normalization after PCA) 0.67 3.43 1,7 0.1064
Feature set (A, B, AB) 0.06 49.01 2,6 0.0002
71 x 72 0.86 1.18 1,7 0.3139
Z1 x features 0.48 3.26 2,6 0.1101
Z2 x features 0.68 1.41 2,6 0.3138
Z1 x Z2 x features 0.79 0.81 2,6 0.4881

Note. Using multivariate analysis of variance (MANOVA), AUC dependence on normalization before PCA (Z1), normalization after PCA (22), feature set type (amplitude,
wavelet, amplitude-wavelet) and their interaction (represented by x) were analyzed. Statistically significant effect is shown in bold (p <0.05).

method that resulted in the highest group averaged AUC.
Individual curves on the graph provide values of various types
of errors that could be observed with various classification
threshold values. Specifically, of particular importance is EBCI
classifier sensitivity, i.e., the rate of correctly identified control
fixations, under the condition of low false positive rate. As
shown in fig. 2, when fixating false positive rate at 0.1 (which
can be achieved by selecting the corresponding classifier
threshold using a separate set); only one subject demonstrated
sensitivity lower than 0.2, while another subject had sensitivity
above 0.5 and the rest scores were in the interval between
those two values.

DISCUSSION

Improvement of classifier performance is the key factor in
the development of an EBCI that could detect relatively short
control gaze fixations using EEG intervals recorded during such
fixations, as only single signal intervals with the duration of a
few hundred milliseconds are available for analysis in such a
BCI paradigm.

Quality of classification with low level of false alarms should
be discussed separately. In EBCI, it is easy to provide a safety
net in case control fixation is not identified. If the interface does
not respond when the threshold of 500 ms has been reached,
the users can continue fixate their gaze, and the system will
respond after the additional (for example, 1,000 ms) threshold
has been reached, even without the response from the EEG
classifier. We can make a supposition that with the EBCI that
has this kind of safety net, the brain of the user interested
in speeding up interface activation can learn to produce the
EEG pattern that accompanies control fixations and ensures a
considerably more frequent response of the classifier. However,
for that a minimum entry-level control is necessary. As fig. 2
demonstrates, the scheme for signal preprocessing and
feature extraction developed by the authors of this work would
help some subjects evoke a faster interface response in half of
control fixations with relatively low false alarm rate (0.1)

While we already can speculate on the nature of amplitude
features that can be used for classification in our EBCI,
assuming that they might be related to the presence of
negative potential associated with feedback expectation in
case of interface response [Shishkin et al., in prep.], the nature
of wavelet features still requires further elucidation. It should be
noted that patterns of EEG frequency components typical for
various brain states are highly individual and their specifics can
be only partially observed on the group level. However, they can
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be successfully classified if the classifier is trained on individual
data, in particular in the BCI paradigm [15-18]. Still, high
dimensionality of such data requires an especially elaborated
approach to different stages of analysis, with a larger number of
subjects involved in such studies whenever possible. We have
just made our first steps in this direction, but similar results
obtained with various methods of data normalization may
indicate a relatively high robustness of the proposed scheme
for data preprocessing and informative features extraction, and
its good prospects for the EBCI development.

CONCLUSIONS

In this work we made the first attempt to use the spatiotemporal
EEG representation, i.e. representation of EEG frequency
components as a function of time from the fixation onset. The use
of these features allowed us to achieve classification accuracy
at least as good as classification accuracy based on amplitude
features we used in previous works. Moreover, a combination
of both feature sets led to classification accuracy improvement.
We believe that further improvement of computation methods
will allow us to closely approach a practical application of eye-
brain-computer interfaces that combine the main advantages
of standard BCls and control systems based on eye tracking.
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Fig. 2. ROC curves (Receiver Operating Characteristic curves) for all subjects
when using the amplitude-wavelet feature set, feature normalization before
PCA, trial normalization after PCA (feature extraction method that allowed for
the highest group averaged AUC value). Red line shows random classification,
grey vertical line provides an example of strict requirements to the specificity of
classifier (false positive rate = 0.1)
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Using brain-computer interfaces, one can both read data from and transmit them to the brain. However, these data are only
a set of sensor system signals and not the knowledge or experience. Neural networks are a basis for cognitive activity and
can simulate processes similar to learning in vitro. In this work we tested the hypothesis of a neural network’s ability to learn
by detecting deviations from its stereotypical activity and modifying them in a way that allows it to get rid of external electrical
stimulation. Spontaneous activity of several neuronal cultures in vitro was analyzed by clustering method. The results showed
that activity of untrained cultures remained stable for a long time, and external electrical stimulation led to switching between
various spontaneous activity patterns.
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In medicine, brain-computer interfaces are used for the
development of neuroprostheses comparable to healthy
organs in their responsiveness to user's mental commands
[1-3]. Data can also be transmitted in the reverse direction,
from the computer to the brain; for example, lost sensory
functions, such as auditory [4] and visual [5], can be recovered
using electrical stimulation. However, what’s more challenging
for a researcher is transmission of information as such, i.e.,
knowledge and experience. It has been shown that using
multi-input/multi-output non-linear dynamic model allows for
transmitting a certain spatiotemporal pattern detected in the
hippocampus of one rat to the hippocampus of another rat,
which leads to the statistically reliable alterations in the behavior
of the second animal [6].

It is known that neuronal networks that form a basis for
cognitive activity do not have a distinct location in brain
structures, but are distributed throughout them [7, 8]. From that,
a need to reprogram neuronal networks ensues. Publications
on the patterns patterns of neuronal network spontaneous
activity in vitro and on the methods of its external modification
[9-13] prove that networks of dissociated primary neuronal
cultures of cortical and hippocampal cells on multi-electrode
arrays (MEAs) can control external stimulation by changing their
activity on the selected experimental electrode. Such neuronal
network learning was first demonstrated by Shahaf and Marom
[14] and was successfully reproduced by other researchers
thereafter [15-18].

As the network is gradually developing from the dissociated
neuronal culture, it starts to exhibit spontaneous bioelectrical
activity recorded by array electrodes. Thus, in the absence of
external stimulation in the first days of culture growth, only single
action potentials are registered, but after a while they cluster
into bursts [19]. In this work we hypothesize that spontaneous
burst activity comes down to a small number of stereotypical
patterns, and cluster analysis can help identify one or several
dominating patterns. Since the external stimulation breaks the
existing activation sequence, the network changes its activity
pattern to switch off stimulation and go back to the typical
pattern. Then, cluster analysis performed after the stimulation
(training) can detect the resumption of the initial activity pattern.

METHODS
Cell cultures

Primary cell culture was prepared from the hippocampal tissue
of newborn rats of C57BL/6 breed. Experimental animals
used in the study were managed according to the guidelines
specified in Order no. 267 of the Ministry of the Russian
Federation, dated June 19, 2003, “On the approval of rules
for good laboratory practice”. The experiment was approved
by the local Ethics Committee for Biomedical Research of the
National Research Center “Kurchatov Institute” (protocol no. 1,
dated July 9, 2015).

Cells were cultured on 60-channel multi-electrode arrays
B60StimMEA200/30-ITO  (Multichannel  Systems, Germany).
Prior to the experiment, plates were coated with poly-L-lysine
for better cell adhesion. The initial culture density was 300,000
cells per mm3. Their dissociation was achieved by using
0.25 % trypsin (Invitrogen 25200-056, USA). Neuronal viability
was maintained in  NeurobasalTM culture medium (Invitrogen
21103-049) in the complex with the bioactive additive B27
(Invitrogen 17504-044), glutamin (Invitrogen 25030-024) and
penicillin-streptomycin  (Life Technologies 15140122, USA)
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in GALAXY 170S incubator (New Brunswick Scientific, USA)
under stable conditions: temperature of 37 °C, humidity of
100 % and 5 % CO, air concentration. Glial cell growth was not
inhibited, because glial cells were necessary to ensure long-
term culture viability in vitro. Half of the medium volume was
replaced every three days.

Bioelectrical cell activity was recorded with MEA1060-
Up-BC-Standard system (Multichannel Systems). For data
acquisition, the bundled software was used.

Dynamics of spontaneous burst activity were observed in
two cultures. Recording was performed from the 4" day in vitro
(DIV) until culture death. For further processing, we used data
obtained in the interval between the onset and offset of burst
activity. For training, one 24-DIV culture was used.

Protocol of neuronal culture training in vitro

1) 1-hour background recording of culture bioelectrical
activity .

2) Stimulation by single bipolar rectangular pulses of + 300
mV on each electrode (one at a time) to select the electrode
that evoked the most intense culture response.

3) 5 stimulation cycles on the electrode selected in step 2.
Every cycle consisted of a 5-minute series of rectangular pulses
with 2-minute breaks. In every experiment, the pause between
the pulses was adjusted so that every pulse could induce burst
activity. Based on stimulation results, a recording electrode was
chosen, for which electrical activity within 30-80 ms after the
signal was the lowest.

4) 1-hour recording of culture spontaneous bioelectrical
activity.

5) 20 training cycles. Training was considered successful
if a twofold increase in the probability to record spike activity
within the preset time interval on the electrode chosen in step
3 was observed. Training consisted of stimulation described in
paragraph 3, given that as soon as the success criterion had
been reached, stimulation was discontinued and a 2-minute
break was provided.

6) 1-hour recording of culture spontaneous bioelectrical
activity.

Detection of spikes and burst events

The initial signal was digitally processed by a second-order
high-pass Butterworth filter with a passband of over 200 Hz,
which allowed for the exclusion of low-frequency noise.
Action potentials were detected if signal amplitude exceeded
4 standard deviations. In that case, the maximum amplitude
was considered time of spike onset.

A burst event (burst) occurs on one electrode and is
characterized by a short-term explosion-like impulse generation
(0.1-3.0 s depending on culture age and its stocking density),
and is usually accompanied by the low-frequency (1-5 Hz)
signal component. Detection of bursts was based on the
identification of the low-frequency component in a given
interval and on spike detection in the vicinity of the component.
Time when the first and the last spikes were generated was
considered the burst onset and offset, respectively.

Population burst events are bursts that are observed
simultaneously (with small delays of about 0.002-0.05 s) on
more than a half of all active electrodes. The onset of the
population burst is time of the first burst event onset.



Pattern analysis

As a feature V, of a burst event, activation pattern was used
[10]. Vector V, dimensionality is equal to the number of active
electrodes, i.e., electrodes on which at least one burst was
observed:

V=10 - tkstan Nf:o = (CKO' ~Cp)r (1)

where t,() represents activity onset on the ith electrode, and
.. represents time of population burst event onset. If no
activity was recorded on the electrode during a given burst,
but it was present during other bursts, the corresponding
vector component takes the averaged value of other vector
components.

As a metric, Pearson correlation coefficient was used.
For cluster analysis, the weighted pair-group method with
arithmetic averaging was used [20].

To obtain clusters, distances between neighboring vectors
in the ordered feature vector sequence were found; then, based
on the obtained distances, threshold value th was computed.
Neighboring vectors, the distances between which were less
than the threshold value, formed clusters.

Threshold value th was computed as follows. We built the
graph representing the dependence of the maximum distance
(D) between clusters on the number of clusters (n) in the order
of increasing. Thus,

th = Diargmax(£L)+2), )
an?

where argmax is a function that computes the maximum value.

RESULTS

Cluster analysis of spontaneous burst activity in two neuronal
cultures of 10...30 DIV (fig. 1) showed that in both cases over
50 % burst activation patterns belonged to the same dominating
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cluster (cluster 7 in fig. 1, A and cluster 5 in fig. 1, B). The
majority of other population bursts (40 %) were distributed in
two clusters that were equal in size, namely, clusters 6 and 9
(fig. 1, A) and clusters 4 and 6 (fig. 1, B). Dominating patterns
of neuronal bursts were stable, despite of external factors
related to medium replacements and to moving culture from
the incubator to the recording device and back

In the neuronal network training experiment, electrode 22
was chosen for stimulation (see paragraph 2 of the training
protocol); stimulation was terminated on electrode 12 (see
paragraph 3 of the training protocol). A prerequisite for
terminated stimulation was detection of 5 or more spikes in the
interval of 50-80 ms after stimulation was applied.

Results of cluster analysis of spontaneous burst activity
recorded at stages 1, 4 and 6 of the training protocol are
presented in figure 2. Before stimulation was applied to the
culture, population bursts were formed by two big clusters,
namely, 15 and 18. After stimulation with no feedback (stage
4), the number of bursts decreased in clusters 15 and 18 and
increased in clusters 2 and 4. After stimulation with feedback
(stage 6), the number of bursts in dominating clusters 15 and
18 remained on the intermediate level. The rest of the activity
shifted to cluster 3 from clusters 2 and 4.

The patterns of the dominating spontaneous burst activity
registered before and after stimulation were different (fig. 3). In
that respect, clusters 3 and 4 were alike, but both differed from
clusters 15 and 18, which overlapped to a great extent. Cluster
2 combined features of both sets of clusters.

DISCUSSION

According to our hypothesis, spontaneous burst activity
of neuronal networks in vitro must be characterized by self-
organization and repetitive activity patterns. Our experiment
and results obtained by other researchers [13, 21, 22] confirm
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Fig. 1. Clustering of spontaneous burst activity of two neuronal cultures in vitro with the following IDs: 3035 (A) and 3040 (C); percentage of bursts in clusters with the
following IDs: 3035 (B) and 3040 (D). Bursts are presented as they appeared. Red dotted lines represent days of culture development
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that with culture growth, self-organization of neurons results in
the emergence of the limited number of dynamic modes; each
of those modes is characterized by its own activity pattern, i.e.,
an attractor. Thus, neurons in vitro can produce and maintain
some activation sequence, which is necessary for memory
trace retention.

We also made a supposition that patterns of spontaneous
burst activity are resistant to external impact, including external
electrical stimulation. Results of our study demonstrate that
patterns do not depend on the presence of feedback during
stimulation; what changes is the frequency of their occurrence.
[t allows us to make an assumption that in live neuronal
networks, learning can be a result of variations of existing
patterns with subsequent selection of a template used to solve

the “problem”. In the protocol used in this study, the “problem”
was identified by means of external stimulation that can be
switched off to provide a solution.

CONCLUSIONS

Study of spontaneous burst activity of neuronal networks in
vitro showed that dynamics of network activity come down to a
small number of attractors. Changes in burst activity registered
after applying external stimulation showed that the dominating
attractor of spontaneous activity does not disintegrate, but the
variety of patterns increases. We can assume that learning is
mediated by switching between the existing dynamic attractors
of neuronal activity.
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Fig. 2. Switching of activity patterns after stimulation without feedback and with
stimulation with feedback
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STUDY OF ABLATED SURFACE SMOOTHNESS AND THERMAL PROCESSES IN
RABBIT CORNEA TREATED WITH MICROSCAN-VISUM AND MICROSCAN-PIC
EXCIMER LASER SYSTEMS

Kachalina GF, Takhchidi NCh &2

Department for Clinical Research in Ophthalmology,
Clinical Research Center for Otorhinolaryngology, Moscow, Russia

In ophthalmology, excimer lasers are used for treating different refractive disorders. The performance of an excimer laser station
can be assessed by a number of criteria, such as cornea surface smoothness after the ablation, differences between the
diameter of the postoperative optical zone that received full correction and the diameter of the programmed optical zone, and
cornea heating during the surgery. The article presents the results of the assessment of three Russian excimer laser systems:
MicroScan-PIC 100 Hz, MicroScan-Visum 300 Hz and MicroScan-Visum 500 Hz (Optosystems Ltd.). The smoothness of the
ablated surface was measured by New View — 5000 Zygo interferometer (Zygo Corporation, USA). Using PMMA plates, the
ablated surface was formed tenfold with each laser as an imitation of the 3.0 D myopia surgical correction, with the optical
zone diameter of 6 mm and the transition zone diameters of 2.3 mm for MicroScan-PIC 100 Hz and of 1.9 mm for MicroScan-
Visum 300 Hz and MicroScan-Visum 500 Hz. Thermal processes in the cornea were studied in 15 grey chinchillas over 1 year
old with a weight of 2-3 kg. With each of the laser systems, phototherapeutic keratectomy was performed on 5 eyes. The
smoothest ablated surfaces were formed by MicroScan-Visum 500 Hz. Cornea temperature was the highest here (+ 3.95 °C
by the end of treatment), but still within the range of values acceptable for modern scanning type lasers.

Keywords: excimer laser system, MicroScan-PIC 100 Hz, MicroScan-Visum 300 Hz, MicroScan-Visum 500 Hz, ablation,
cornea, error of refraction
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UCCAEAOBAHME FAAAKOCTU ABASILLUOHHOW NOBEPXHOCTU U
TEPMUYECKUX NMPOLIECCOB B POIrOBULLE KPOAUKA NMPU PABOTE
3KCUMEPAA3EPHbIX YCTAHOBOK «MUKPOCKAH-BU3YM»

U «MUKPOCKAH-LL®IM»

[ ®@. Kavanuna, H. X. Taxumngn =

Hay4HO-KAMHMYeCcKnin oTaen odTaribMOoNoriu,
Hay4HO-KNMHUHECKNIA LEHTP oTopuHONapuHronoriv, Mocksa

OKCUMepHble flasepbl MCMOMb3YHOT B OTanbMOOrN AN NIeHeHNs pasnyHbiX aHoManui pedpakumm. Kadecteo pabo-
Thl SKCUMEPa3epHON YCTAaHOBKM MOXKHO OLIEHWUTb MO HECKOMBbKUM KPUTEPUAM: MaaKoCT! (DOPMUPYEMON eto abnsaLmoH-
HOW MOBEPXHOCTW POrOBULbI, COOTBETCTBUIO AMAMETPA MOSTyHEHHOM OMTUHECKOW 30HbI MOTHOW KOPPEKLIMN ANaMEeTPY pac-
YETHOW OMTUHECKON 30HbI 1 HArpeBy POroBHLbl B MPOoLiecce onepaunn. B ctaTbe MpeacTaBneHbl peaynsraThbl OLEHKN TPEX
POCCUICKMX 3KCMMEPNa3epHbIX yCTaHOBOK: «MunkpoCkaH-LIdr 100 Mu», «MukpoCkaH-Brnaym 300 I 1 «MukpoCkaH-Bu-
3yM 500 ly» («OnTocrcTeMbl»). [MaagKoCTb abASLMOHHON MOBEPXHOCTA, KOTOPYIO (DOPMUPOBa AECATUKPATHO OJ15 KaKO0ro
nasepa Ha nnacTuHax nonMMMETUIMETaKpunara, MMUTPYS onepaumio Koppekummn mronum 8 3,0 ANTp 1 3ajasasd ovameTp
OMTUHECKOWN 30HbI B 6 MM 1 AVaMETP NePEXOAHON 30HbI — B 2,3 MM AN «MukpoCkar-LIdTT 100 Mu» n B 1,9 Mm ang «Mukpo-
CkaH-Bnzym 300 lu» 1 «MukpoCkaH-Buaym 500 », namepsinm ¢ nomoLpto nHtepdepometpa New View — 5000 Zygo (Zygo
Corporation, CLLA). Tepmuyeckme npoLecchl B POroBuLe naydanm Ha 15 Kponarkax nopofp! WMHLIKAA cepasi B BO3pacTe
CTaplue OOHOro rofa W »MBOW Maccom 2-3 Kr. KaxObiM J1a3epoM MPOBOAMIM (POTOTEPANEBTUHECKYIO KEPATIKTOMUIO Ha
5 rnasax. YcrtaHoBka «MunkpoCkaH-Braym 500 lu» dhopmmpoBana Havbonee rmaakve abnsumoHHbIe MOBEPXHOCTU. Harpes
POroBKLbI MPY €€ NCMONB30BaHUM Obln HanbonblwnM (+ 3,95 °C K KOHLY onepaumm), HO Haxoamncs B Npeaenax 3HaveHni,
OOMNYCTUMbIX 419 COBPEMEHHbIX TA3EPOB CKaHVPYHOLLLEro Tuna.

KntoueBble cnoBa: akcumepnasepHas yctaHoBka, MukpoCkaH-LI®rT 100 T, MukpoCkaH-Buaym 300 i, MukpoCkaH-
Buaym 500 Iy, abnsaums, poroeumua, aHomanmns pedpaxLimm

D<] Onsa koppecnoHaeHuun: Huka XprctosHa Tax-man
123182, . Mockea, Bonokonamckoe wocce, a. 30, cTp. 2; nika-th@ya.ru

Cratbsi noctynuna: 11.04.2016 MpuHsaTa K nevatn: 14.04.2016

According to the World Health Organization, the number of  myopic astigmatism among people of working age in Russia,
people with refractive errors has been steadily increasing in ~ US and EU [1]. However, there has been an improvement
recent decades. Data obtained from various authors indicate  both in the traditional (spectacle and contact lens correction)
that there is about 27 to 45 % prevalence of myopia and  and in the surgical methods of correction of refractive errors.
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Keratorefractive surgery with various lasers has improved
rapidly [2—4].

In recent years, ophthalmologists from different countries
have gained extensive clinical experience in the use of excimer
laser for correction of refractive errors [3, 5-11]. In Russia,
researchers are working to design excimer laser systems and
introduce them into clinical practice. Since the late 1980s, Eye
Microsurgery, an intersectoral research & technology complex,
has created excimer lasers and deployed them into clinical
practice. This complex has been doing this in cooperation
with laser manufacturer — Physics Instrumentation Center of
the General Physics Institute, Russian Academy of Sciences
and Optosystems. Excimer laser system MicroScan-PIC was
presented in 2000. Along with operations based on LASIK
(laser in situ Keratomileusis) and TransPRK (transepithelial
photorefractive keratectomy) standard technologies, the laser
allows to perform personalized operations based on corneal
topography and aberrometry data. Analysis of clinical and
functional results of such operations showed that they are of
high predictability, stability and safety [12].

Several criteria are used for objective assessment of
the quality of excimer laser systems. One of them is the
smoothness of corneal surface formed by the excimer laser. A
smoother corneal surface facilitates normal course of corneal
epithelialization after surgery and minimizes the likelihood of
fioroplasia [13]. Quantitative characteristics of smoothness
allow to obtain a measurement with interferometric microscopes
from Zygo Corporation (USA). A number of investigators have
shown that surface smoothness is higher in flying spot scanning
lasers than in full-aperture lasers and lasers that use scanning
slit and stopped down ablation formation system [14,15].

Another important criterion is the association of the
diameter of the resulting optical zone of full correction with the
computed optical zone diameter specified by the manufacturer
in the computing program of the laser system. According to
O'Donnel et al. [15], the ablation zone diameter obtained during
excimer laser surgery using stopped down forming system is
usually less than that indicated by the manufacturer. According
to the researchers, the greater the optical and transition zone
of influence, the better the functional outcome and the lesser
the likelihood of regression of postoperative effect. A smaller
optical zone can cause very unpleasant sensations in patients
in lowered or increased illumination [16].

Another important indicator of the quality of excimer lasers
is that there is no significant increase in corneal temperature
during surgery. Despite the fact that excimer lasers are referred
to as “cold”, they can break molecular bonds in cells and
release energy that increases the corneal temperature [17,18].
The temperature increase cannot cause collagen denaturation
but may affect the activity of keratocytes, postoperative healing
and development of fibroplasia. Flying spot scanning lasers can
significantly reduce possible heating of the cornea thanks to
the small beam diameter and scanning algorithm in which the
local areas of the corneal tissue, which are at a distance from
each other, are ablated. Therefore, the cornea has no enough
time to increase its temperature significantly [19, 20].

Efficiency in clinical practice is of course the main indicator
of the quality of an excimer laser system. However, based on the
criteria given above, the technical features and prospects for the
use of the device at the pre-clinical study stage can be identified.

Next-generation device MicroScan-Visum is a modification
of the MicroScan-PIC laser system and developed in two
models — 300 and 500 Hz scanning frequencies. The aim of
our study was to evaluate the surface ablation smoothness
formed on polymeric materials and to investigate the thermal
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processes in a rabbit cornea treated with the studied laser
systems during phototherapeutic keratectomy (PTK).

METHODS

An experiment to assess ablation surface smoothness was
carried out using polymethylmethacrylate (PMMA) plates. In
the control computer of each of the three test excimer lasers —
MicroScan-PIC 100 Hz, MicroScan-Visum 300 Hz and
MicroScan-Visum 500 Hz — myopia correction surgery was
setin 3.0 diopter with the same optical zone diameter 6 mm but
different transition zone diameters — 2.3 mm for MicroScan-
PIC 100 Hz and 1.9 mm for MicroScan-Visum 300 Hz and
MicroScan-Visum 500 Hz (this was due to different excimer
laser light spot diameters — 1.15 and 0.95 mm respectively).
Ten lenses for each of the lasers was formed on the plates,
after which all the lenses were measured using interference
microscope New View — 5000 Zygo. The following indicators
characterizing the quality of the formed lens surface were
identified:

RMS — root mean square deviation of the surface points
relative to the average height across the study ares;

PV — distance between the highest and lowest points of
the study area;

Ra — average deviation of surface points from the middle
surface.

Moreover, it was considered that the better the surface
smoothness, the smaller the value of these indicators would be.

Thermographic analysis of corneal temperature changes
was conducted in 15 gray chinchilla rabbits, more than one
year old and with live weight of 2-3 kg. The experiment was
approved by the Intercollegiate Ethics Committee (Minutes No
10-12 of 18 October 2012). Each of the three laser systems
was used to operate on 5 eyes (one eye per animal). 15 min
before the surgery, the rabbits were administered with 2 ml
of relanium solution. The surgery was performed under local
anesthesia (triple instillation of 1 % inokain solution). The
estimated ablation depth during PTK was 52 microns.

Thermal imaging complex Thermo View Ti30 (Raytek, USA)
was used to measure the corneal temperature. Imaging was
carried out in a room with ambient temperature of 16.7 °C
at a distance of 60-70 cm with frequency of 1 Hz and up to
0.1 °Caccuracy. Onthe PC, thermalimager data were converted
to thermographic map using a software tool supplied with the
device, and the maximum and minimum corneal temperatures
during the surgery were determined. Corneal emissivity was
set at 0.93 (like water), i.e. it was considered that 0.93 of the
total corneal radiation enters the device and the device adds
0.07 when calculating the temperature. For example, if the
temperature is 37.3 °C for k = 0.93, then temperature will be
equal to 36.1 °C for k = 1 for the same thermogram.

Data was statistically processed using software programs
Statistica 6.0 (StatSoft, USA) and Excel 2003. Variation
statistics methods were used. The results were presented as
arithmetic mean (M) and standard deviation (o). Student's t-test
for independent cases was used to compare the means and
evaluate the significance of differences (p = 0.05).

RESULTS
The results of comparative analysis of the quality of ablation

surface of lens are presented in table 1. Laser system
MicroScan-Visum 500 Hz vyielded the best smoothness.
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Table 1. Indicators of the ablation surface quality of lens formed on polymethylmethacrylate plates using radiation from MicroScan-PIC 100 Hz, MicroScan-Visum
300 Hz and MicroScan-Visum 500 Hz systems, nm (M + §, p <0.05)

Laser system RMS PV Ra
MicroScan-PIC 100 Hz 392+ 75 6454 + 1752 311+ 68
MicroScan-Visum 300 Hz 351+ 35 2754 + 298 282 + 25
MicroScan-Visum 500 Hz 338 + 25 2960 + 51 268 + 20

Distance (um)

Fig. 1. Example of measurement of the smoothness of the ablation surface
formed using MicroScan-PIC 100 Hz by interferometer New View — 5000 Zygo
(Ra=311nm)

Fig. 1 and 2 show examples of measurement for MicroScan-PIC
100 Hz and MicroScan-Visum 500 Hz systems.

An example thermal map obtained during excimer laser
ablation on MicroScan-PIC 100 Hz is shown in fig. 3, while the
results of measurement of the transverse temperature profile
for all the laser systems studied are presented in fig. 4.

For MicroScan-PIC 100 Hz, the average corneal
temperature prior to laser exposure was 31.04 + 0.63
°C, the maximum temperature at the end of surgery was
32.21 = 0.68 °C, while the temperature change was 1.17 =
0.05 °C (table 2). For MicroScan-Visum 300 Hz and MicroScan-
Visum 500 Hz laser systems, the figures were 31.82 + 0.87,
33.24 +1.21 and 1.42 + 0.34 °C, and 31.02 + 0.47, 34.97 +
1.36 and 3.95 = 0.89 °C, respectively.

DISCUSSION

Laser system MicroScan-Visum 500 Hz yielded the smoothest
ablative surfaces. Although corneal heating obtained with this
laser was the highest (+3.95 °C by the end of surgery), the
value was within acceptable range. For example, during LASIK
surgery for treatment of high myopia Sph -9,25D using popular
laser Schwind AMARIS 500 Hz (SCHWIND eye-tech-solutions,
Germany), the corneal temperature increased by 3.73 °C [21].

CONCLUSIONS

All the three laser systems studied can create a high-quality
ablation surface. However, the MicroScan-Visum 500 Hz
system gave the best result. The laser yielded the highest
corneal heating during phototherapeutic keratectomy in
rabbits, but the value did not exceed the permissible values.
After the study, MicroScan-Visum 500 Hz was recommended
for clinical research.
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Fig. 2. Example of measurement of the smoothness of the ablation surface
formed using MicroScan-Visum 500 Hz by interferometer New View — 5000 Zygo
(Ra =268 nm)

®7

Fig. 3. Example of thermographic map during phototherapeutic keratectomy
using MicroScan-PIC 100 Hz (rabbit cornea is marked by an arrow)
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Fig. 4. Transverse temperature profiles for excimer laser systems MicroScan-
PIC 100 Hz (green curve), MicroScan-Visum 300 Hz (red curve) and MicroScan-
Visum 500 Hz (blue curve)
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Table 2. Dynamics of thermal processes in a rabbit cornea during phototherapeutic keratectomy using laser systems MicroScan-PIC 100 Hz, MicroScan-Visum 300
Hz and MicroScan-Visum 500 Hz, °C (M + §, p<0.05)

Laser system Initial corneal temp.

Maximum corneal temp. at the

end of surgery Increase in temp.

MicroScan-PIC 100 Hz 31,04 + 0,63 32,21 + 0.68 1,17 + 0,05
MicroScan-Visum 300 Hz 31,82 + 0,87 33,24 +1,21 1,42 + 0,34
MicroScan-Visum 500 Hz 31,02 + 0,47 34,97 + 1,36 3,95 + 0,89
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LAPAROSCOPIC RESECTION OF THE HORSESHOE KIDNEY
FOR RENAL CELL CARCINOMA
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Renal fusion is one of the most common kidney anomalies. The most frequent is horseshoe kidney, characterized by a fusion
of the poles (typically the lower poles) of the kidneys. We described a clinical case of a malignant tumor in the right half of
the horseshoe kidney (stage 1 cancer, CT1aNOMO) in a man aged 65 years, who underwent laparoscopic resection. It was
shown that laparoscopy is no less efficient than open surgery. However, in planning the operation, it is necessary to use spiral
computed tomography for three-dimensional reconstruction of the organ and identification of its anatomical features caused
by aberrant blood supply to horseshoe kidney.
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NANAPOCKOMNUYECKAS PE3EKLIS MTOAKOBOOBEPA3HOM NOYKU
MO NOBOAY NOYEYHOKAETOYHOIO PAKA

A. T. Mypapan'4&, H. B. Bopobbes?, A .A. Koctur®4, A. O. Tonka4es?, H. H. Bonuenko?®, C. B. Nonos*, 1. C. MamoHTOBa®
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The incidence of renal cell cancer has been rising over the
decades. In Russia, kidney cancer (most commonly renal
cell carcinoma, RCC) accounts for 3.9 % of all malignant
tumors. The country recorded 8,430 deaths from the disease
in 2014 and 22,234 new kidney cancer patients were
revealed [1]. If RCC is diagnosed at clinical stage T1 [2], then
partial nephrectomy — the gold standard of treatment for renal
tumors smaller than 4 cm in diameter — can be effectively
performed. It should be noted that recent years have witnessed
an increase in the number of laparoscopic and robotic surgeries
in this group of patients in recent years.

Congenital anomalies of the kidney and urinary tract are
common in about 3.3-11 % of the population [3]. According
to autopsy data, renal fusion accounts for 16.5 % of all kidney
anomalies — 1 in every 425-700 people. The number of men
with such anomalies is twice higher than women. The most
common and clinically significant type of renal fusion is the
horseshoe kidney, which is characterized by the fusion of the
lower poles (in about 90 % of cases) and rarely of the upper
poles, causing the joined kidneys to take a U-shape form,
resembling a horseshoe. In addition, each kidney has its own
ureter emptying into the bladder and supply vessels [4].

Diagnosing renal anomalies of shape at the present stage is
not difficult since ultrasound imaging can identify the presence
and type of abnormal fusion. Intravenous contrast-enhanced
computed tomography scan provides more complete
information about the state of the renal parenchyma, blood
supply, urinary tract, and relationship with neighboring organs.
So, according to studies, horseshoe kidney has abnormal
blood flow in 70-84.3 % of cases [5].

Description of clinical case

Patient V., 65 years old, came to the Hertzen Moscow Cancer
Research Institute (HMCRS) with previously identified space-
occupying lesions of the right kidney.

From the patient’s history, it was known that the patient
had been feeling sick since August 2015 when he experienced
increased body temperature of up to 38.5-40 °C and was
hospitalized at the infectious department of a medical unit in
Chelyabinsk. Ultrasound imaging was used to examine the
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abdominal cavity, which identified a tumor in the right kidney.
Afterwards, the patient decided to visit HMCRS for treatment.

The patient has a hereditary burden: the father suffered from
lung cancer. Among the comorbidities are stage Il hypertension,
type 2 diabetes (decompensation stage), cirrhosis of the liver
caused by toxins (class B according to Child-Pugh score), portal
hypertension, esophageal varices complicated by bleeding for
which endoscopic ligation was performed in 2014.

A tumor of 34 x 35 x 35 mm in size without any signs
of invasion into the pyelocaliceal system was found through
ultrasound imaging and spiral computed tomography scan of
the abdomen and retroperitoneal space at the border of the
upper and lower third of the right kidney on the front surface.
Besides, renal fusion in the lower pole region was identified.
The defect detected was a medical finding since it had no
clinical manifestations in the patient. The RENAL nephrometry
score was 4a (fig. 1, 2).

No regional and distant metastasis were found by
assessment of the prevalence of tumoral process. Diagnosis:
tumor in the right half of horseshoe kidney, stage I, cT1aNOMO.

Laparoscopic resection of the right half of the horseshoe
kidney was performed in October 19, 2015. After
pneumoperitoneum was created using a Veress needle, three
trocars were inserted by a standard technique [6]. During
inspection on the border of the upper and middle third of the
right half of the horseshoe kidney along the lateral surface, a
tumor mass, 4 cm maximum size, was identified. The renal
hilum was mobilized, and a clamp was imposed on it through
a counteropening. A cold scissors was used to resect the
tumor within healthy tissues. Kidney wound was cut down by
atraumatic suture using non-absorbable clips Absolok (Ethicon,
Belgium, USA) (fig. 3). During the operation, we used tools and
devices from endoscope manufacturer Karl Storz (Germany).

The surgery lasted for 160 minutes, anoxia period lasted
for 20 minutes, and there was 400 ml of blood lost. The
postoperative period was uneventful. Glomerular filtration
rate at the preoperative stage was 87 mlL/min, at the 4th
day — 59 mL/min, and 8th day — 67 mL/min. The patient was
discharged on the 9th day in a satisfactory condition.

Morphological study revealed a clear-cell renal cell
carcinoma G1, without extension to the perirenal fat and with
no tumor cells on the resection edge (RO) (fig. 4).
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Fig. 1. Sections of the arterial phase of spiral CT scan of the abdominal cavity. (A) Tumor in the right half of the horseshoe kidney (arrow) on the border between the

upper and middle third. (B) Isthmus of the horseshoe kidney (arrow) at L level
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Fig. 2. Three-dimensional reconstruction of the kidneys and great vessels using spiral computed tomography scan. (A) Tumor in the right half of the horseshoe kidney
(arrow). (B) Isthmus of the horseshoe kidney (arrow)

Fig. 3. Surgery stages. (A) Imposition of clamp in the renal blood vessels. (B) Tumor in the right half of the horseshoe kidney. (C) Site of the removed tumor. (D) Sealing
of kidney injury. (E) Appearance of resected kidney. (F) Covering of the kidney injury with hemostatic mesh
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Discussion of clinical case

Horseshoe kidney was first described by da Carpi in 1522
and in more details by Morgagni in 1761 [7]. Despite the fact
that such abnormality often has no clinical manifestations,
in some cases it goes with UPJ strictures and urolithiasis [8,
9]. Horseshoe kidney is found in 20 % of Down’s syndrome
cases and 60 % of Turner syndrome cases, as well as in Patau,
Gardner and Edwards syndromes [10, 11]. According to Glenn,
horseshoe kidney is found in 78.9 % of stillborn fetuses, 28.5 %
of newborns and 3.5 % of adult patients [12].

Surgical treatment of horseshoe kidney tumor is based on
the same principles as those applied in non-tumor surgical
procedures. Wells first reported the feasibility of partial
nephrectomy in 1884, while Vermooten in 1950 described
and substantiated indications for organ operations in renal cell
carcinoma [13, 14].

Transperitoneal laparoscopic
most commonly used method for separation of the
isthmus (isthmotomy), for pyeloplasty, for resection or
heminephrectomy. Currently, it has been ascertained that
laparoscopic surgery for tumor in a horseshoe kidney is
as effective as open surgery [15]. However, open surgery is
often necessary when complex vasculature and rotation are

approach is the

mm
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involved [16]. Due to aberrant blood supply during surgery
planning, especially concerning tumor formations, itis necessary
to use a CT scan to determine the vascular architectonics and
exact location of the pelvicalyceal system [17-19].

[t should be noted that laparoscopic surgery for tumor
in a horseshoe kidney is still rare and we were able to find
descriptions of only three cases of laparoscopic resection of a
horseshoe kidney [7, 13, 20]. The details are presented in the
table.

CONCLUSIONS

Laparoscopic partial nephrectomy in patients with renal tumors
smaller than 4 cm in diameter is the standard surgical treatment.
Nevertheless, in view of aberrant blood supply to the horseshoe
kidney, it requires special diagnostic approach to manage
patients with this anomaly. From our experience, contrast-
enhanced spiral CT scan allows to assess the anatomical
features of the patient’s kidneys and consequently apply
modern minimally invasive surgery procedures. Laparoscopic
approach for conservation treatment of renal cell carcinoma
in a horseshoe kidney can be an alternative treatment for this
abnormality.

Fig. 4. (A) Macropreparation on a section. (B) Micropreparation with hematoxylin staining, x10. (C) Micropreparation with eosin staining, x40

Brief description of clinical cases of laparoscopic resection of a horseshoe kidney for renal cell carcinoma (according to scholarly literature)

Tumor Surgery Warm Blood | Morphological
Research Age/sex Side Tumor location . Surgery duration, ischemia h .
size, mm ) ) loss diagnosis
min duration
Tsivian et al Lower front surface
v 62/F Right | of the right side of the 20 Laparoscopic 210 - 70 RCC

2006 [20] isthmus

Tkocz et 72/F - Lower pole 40 Retroperitoneoscopic - - - RCC, G3
al.,2012 [13] P P P '
Be;g';‘?;]a"' 58/M | Right Upper pole 40 Laparoscopic 180 25 200 RCC, G1
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MFTS AND AQSA SCALES VALIDATION IN PATIENTS WITH MULTIPLE AND
CONCOMITANT FOOT FRACTURES

Korolev MA =, Yarmak DO, Miroschnikova CA, Korobushkin GV

Department of Traumatology, Orthopedics and Field Surgery, Faculty of Pediatrics
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To assess the effectiveness of treatment in traumatology, different scales and assessment questionnaires are used. This work
presents the results of the validity test of the two scales designed by the authors, namely, Moscow Foot Trauma Scale (MFTS)
and Abbreviated Questionnaire of Subjective Assessment (AQSA). The study enrolled 79 patients (59 male and 20 female
individuals with a mean age of 42) with multiple or concomitant foot fractures. For the scales, coefficients of reliability, stability,
constancy, internal consistency (Cronbach’s alpha), split-half correlation (Guttman’s lambda) and intraclass correlation were
calculated. SF-36 (Short Form 36) and AOFAS (American Orthopaedic Foot and Ankle Society Score) were used as reference
scales. The study revealed a high reproducibility of the new scales: stability coefficient was 0.85-0.96 for MFTS and up to 0.93
for AQSA. Their reliability and internal consistency were established.
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BAAMAU3IALIUS LLUKAA MFTS UAQSAY BOAbHBIX C NEPEAOMAMU KOCTEM
cTonbi B COCTABE MHOXECTBEHHOU U COMETAHHOU TPABMbI

M. A. Koponés®, 1. O. Apmak, E. A. MupolHnkoea, I B. KopobyLuknH

Kadbenpa TpaBMaTonorin, OpToNeann 1 BOEHHO-MONEBOW XMPYPriv, NeanaTpnieckni akynsTerT,
Poccuincknin HaumoHanbHbIN NCCReaoBaTeNbCKUN MEOVLIMHCKI YHUBEPCUTET nmenn H. W. Muporosa, Mocksa

Ons oueHkM a(PHEKTUBHOCTM NEHEHNsT B TPABMATONOMMM MPUMEHSAIOT PasfinyHble LUKabl U OLEHOYHbIE OMPOCHUKMA.
B pabote npencrtaBneHbl AaHHble MPOBEPKN BaMOHOCTU OBYX LUKas, pa3padoTaHHbIX asTopamu: Moscow Foot Trauma
Scale, MFTS (MOCKOBCKas wWKana oueHKM (DyHKUMK CToMbl nocne TpaBwmbl) 1 Abbreviated Questionnaire of Subjective
Assessment, AQSA (CoKpalLeHHbII OMPOCHUK CyObEKTUBHOW OLIEHKM). B nccnegoBaHuy ydacTeoBann 79 nauneHToB
(59 My>x4KH, 20 XeHLLWH; CpeaHnin Bo3pacT — 42 rofa) ¢ nepenomMamm KOCTEN CTOmMbl B COCTaBe COYETAHHOW U MHOXEC-
TBEHHOM TpasMmbl. [ns LWKan paccymTbiBaN KOSMAPUUMEHTbI HAOEXHOCTAN, CTABWUNBHOCTW, KOHCTAHTHOCTW, BHYTPEH-
Heln cornacoBaHHOCTU (anbda Kporbaxa), pasdgensHom koppendunn (nambga [ytMaHa) 1 BHYTPUrpynnoBOW KOppens-
umn. B kadecTBe Wkan-atanoHoB ncnofib3osanm SF-36 (Short Form 36) n AOFAS (American Orthopaedic Foot and Ankle
Society Score). ViccnegoBaHne BbISBUIO BbICOKYHO BOCMPOV3BOANMOCTb HOBbIX LUKaM: KOIMMUUMEHT CTabnbHOCTA Obin
paseH 0,85-0,96 ana MFTS n go 0,93 ana AQSA. bbina oTMedeHa MX HaQeXXHOCTb W BHYTPEHHSSI COrMacOBaHHOCT.

Kntouesble cnoBa: MFTS, AQSA, SF-36, AOFAS, wkana oLeHKN, BAMAHOCTb, KOHBEPreHTHAasA BANIMAHOCTb, KOIPMULIMEHT
BHYTPEHHEN COrNacoBaHHOCTU, KOSMMMULMEHT pa3fenbHOM KOPPENaLmmn, KOSMMUUMEHT BHYTPUIOYNNOBON KOPPEenaLmn, ne-
PENOMbI KOCTEN CTOrbl, MHOXXECTBEHHAS TpaBMa

Ans koppecnoHaeHummn: Makcum Anekcanaposuy Koponés
117049, r. Mockga, JleHuHckuin np-T, A. 10, kopn. 7; doctorkoroleff@mail.ru

Cratbs nony4eHa: 30.03.2016 CtaTtbsi npuHsiTa B neyarb: 07.04.2016

Modern requirements on provision of medical care to patients
with severe injuries are now compelling physicians to focus
not just on early diagnosis, active treatment and subsequent
rehabilitation of the patient, but also on the cost-effectiveness of
procedures, reduction of treatment and rehabilitation duration
and reduction in disability. In addition to objective difficulties,
such as short duration of stay by the patient at the hospital,
lack of medical history data and general serious condition,
diagnosis and treatment of concomitant and multiple injuries
carry considerable financial and material costs for clinics and
health insurance funds. This underlines the importance of
objective evaluation of efficacy of treatment using rating scales.
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There are so many scales and assessment questionnaires.
There are non-specific scales (general assessment: VAS, NRS,
SF-36, etc.) and specific scales (for a certain anomaly: AOFAS,
FFI, DASH, etc.), which can be characterized by validity,
compliance (friendliness), reliability, reproducibility of results
in subsequent studies, and sensitivity to objective changes in
indicators. A particular assessment tool for a specific group of
patients is chosen based on these parameters [1-3].

However, the existing scales are imperfect. There is need
to create new questionnaires for assessment of treatment
results and correctly interpret the results; validation of these
questionnaires is also required [4-7]. We developed two new



scales at the Department of Traumatology, Orthopedics and
Field Surgery, Faculty of Pediatrics, Pirogov Russian National
Research Medical University.

Moscow Foot Trauma Scale (MFTS) is a specific scale for
evaluation of treatment outcome after foot injury. It consists
of subjective and objective parts, each of which includes 3
multiple-choice questions (fig. 1). At the end of the scale are
keys indicating the number of points for each answer. Possible
score ranges from O to 90. Possible treatment effectiveness
assessment results: 90-61 p — excellent; 60-41 p — good;
40-21 p — satisfactory; 20-11 p — bad; 10-0 p — very bad.

Abbreviated Questionnaire of Subjective Assessment
(AQSA) is a non-specific scale that can be used to assess
whether a patient has limited activity, whether he needs special
orthopedic shoes or additional support, whether his pain
syndrome needs to be relieved using analgesics, and to assess
the change in the nature of work performed. The Questionnaire
includes 6 questions (fig. 2). At the end of the scale are keys
that indicate the number of points for each answer. The possible

To be completed by the doctor
Objective part

1) Function (range of motions)
1.1) Active motions
A) Full — 100 %
B) Moderately disabled — over 50 %
C) Strongly limited — less than 50 %
1.2) Passive movements
A) Full — 100 %
B) Moderately limited — over 50 %
C) Strongly limited — less than 50 %
2) Use of additional support and orthopedic products
A) No
B) Sometimes
C) Constantly
3) Extremity support ability
A) Full
B) Moderate
C) Low

To be completed by the patient

Subjective part
4) Pain

A) None

B) Moderate

C) Severe

D) Very severe

E) Unbearable
5) Socialization

A) Previous work without limitations

B) Previous work with limitations

C) Changed to an easier work

D) | don’t work because of a foot injury

E) | don’t work for other reasons
6) Satisfaction with outcome

A) Excellent

B) Good

C) Satisfactory

D) Bad

E) Very bad

Keys (in points)

1.1)A20,B10,C0
12)A3,B2,C0

A40,B30,C20,D10,EO

)
) .
)A15,B10,C5,D1,EO
)
)A6,B3,C2,D1,E0

Interpretation of results

90-61 p — excellent; 60-41 p — good; 40-21 p — satisfactory; 20-11 p —
bad; 10-0 p — very bad.

Fig. 1. Questionnaire for assessing the effectiveness of treatment of foot fractures
using the Moscow Foot Trauma Scale (MFTS)
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score ranges from O to 30. The higher the score, the worse
the result: 0-10 p — good; 11-20 p — satisfactory, above
20 p — bad.

Before using the newly developed scale, it is hecessary to
confirm its theoretical and pragmatic validity in the conditions
of use. Confirmation of theoretical validity enables to establish
whether this scale indeed assesses the indicator needed by
us, while confirmation of pragmatic validity allows to determine
how well does the scale perform its function in practice when
dealing with patients. Validity is interpreted in different ways,
depending on the task. Validity usually refers to the degree
of confidence at which a test, measurement or experiment
actually performs the function for which it is intended [8].

Checking the validity of the new assessment tool is quite a
challenging task. In traumatology, the SF-36 (Short Form 36) and
AOFAS (American Orthopaedic Foot and Ankle Society Score)
scales are most commonly used to verify theoretical validity.
These scales have confirmed their stability in population-based
studies on large and relatively homogeneous samples [9-13].

During analysis, correlation between the attributes assessed
by the scale and similar attributes of the reference scale should
be revealed, and there should be no correlation with symptoms
that have other theoretical grounds. Meeting these conditions
means that the scope of the scale has been chosen correctly.

Pragmatic validity was evaluated by an external attribute,
which should be relevant (i.e. correspond to the test attribute
by meaning), free from interference (this is usually ensured by
formation of a fairly homogeneous sample) and reliable [14].

Before validity checking, it is required to establish the level
of system reliability. Reliability is a relative constancy, stability,
consistency of test results in initial and repeated use on the
same group of patients. Gurevich recommends interpreting
reliability as: 1) reliability of the measuring instrument itself;
2) stability of the test attribute; 3) constancy, i.e., relative
independence of results from the experimenter’s identity.

Question

1) Are you working now?
A) Yes
B) No
2) What kind of work?
A) Previous
B) Lightweight
C) Disability
3) Do you take painkillers?
A) Yes
B) No
4) Do you have any physical disability?
A) Yes
B) No
5) Do you use additional means of support?
A) Yes
B) No
6) What kind of shoes do you wear?
A) Regular
B) Orthopedic
C) Insoles

Keys (in points)

Interpretation of results

0-10 p — good; 11-20 p — satisfactory, above 20 p — bad.

Fig. 2. The questionnaire for assessing the effectiveness of treatment of foot
fractures using the Abbreviated Questionnaire of Subjective Assessment (AQSA)
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He proposes calculating three corresponding coefficients:
reliability, stability and constancy [15].

Reliability coefficient was calculated by split-half reliability
method, in which the test was divided into equal parts and the
correlation between their values calculated. The technique is
considered reliable if the correlation coefficient is above 0.75.

The stability coefficient of the attribute under study is
determined through test-retest. Its meaning lies in the re-
testing of the group being investigated using the methodology
under study. The correlation coefficient between the initial and
repeated test characterizes the stability of the attribute.

Constancy is checked by the testing of one test group
based on one technique but by different researchers. The
correlation coefficient should be greater than 0.80 provided the
same conditions apply.

Apart from calculation of these coefficients, it is possible
to assess the reliability of the system by equivalent-form
technique, which requires creation of similar forms of one
test and testing that test on a large group of patients with
correlation calculated. We didn’t use it due to large labor input
and relatively small sample involved.

In addition to calculating the above indicators, the
coefficient of internal consistency (Cronbach’s alpha, aK), split-
half correlation coefficient (Guttman’s lambda, AG) and Kuder—
Richardson coefficient (KR20) should be calculated [16-18].

The aim of the study was to test the validity of the MFTS
and AQSA scales for patients with multiple and concomitant
foot fractures.

METHODS

The study included 79 patients (59 men and 20 women; mean
age — 42 years) at the trauma unit of Pirogov City Clinical
Hospital No 1. The patients were treated for multiple and
concomitant foot fractures in 2007-2016. Surgical treatment
was carried out in 32 patients, conservative treatment in 47.
The study was approved by the Ethics Committee of Pirogov
Russian National Research Medical University (Minutes No 139
of 10 November 2014). All the patients gave informed consent
to participate in the study.

By localization, right foot fractures occurred more frequently
(n = 39) than left foot fractures (n = 27) and were bilateral in
13 patients. Initial examination revealed 69 fractures, which is
54.3% of the total number of fractures. Subsequent
examinations by traumatologists and other specialists detected
other 24 fractures (26 %). Another 28 fractures were late-
diagnosed and 12 of these cases needed surgical treatment.
The more severe a patient’s condition was, the higher the
likelihood of diagnosing the fractures late. In severe condition
assessed on the ISS scale (Injury Severity Score), 11 and 17
fractures were undiagnosed for scores less than 16 p and
above 16 p respectively. Before injury, 55 people were able to
work fully. After treatment, 37 patients retained their working
ability.

After multiple-stage or single-stage treatment, the patients
were discharged from the hospital and observed at an injury
care center near where they lived. When necessary, the patients
were sent to major hospitals for consultations.

The patients were divided into two groups: group of
patients with retrospective observation (n = 36) and group with
prospective observation (n = 43). The treatment results were
evaluated 1, 3, 6 and 12 months after injury or the treatment
was repeated using the developed scales MFTS and AQSA and
scales SF-36 and AOFAS. The coefficients of reliability, stability,
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constancy, aK, £G and the intraclass correlation coefficient
were calculated for all the scales. The Kuder—Richardson
coefficient was not calculated due to the non-dichotomous
nature of all the scales. While using the test-retest approach,
repeated testing was performed after 11 + 3.2 days.

These numerical values of treatment results for patients
with foot fractures showed the importance of careful attention
to diagnosis and treatment of foot bones, as well as timely
and thorough examination of the patient with further treatment
tactics.

The Statistica 10.0 software (StatSoft, USA) was used
for statistical data analysis. With a relatively small sample, a
significance level of p <0.05 was taken. For data analysis, non-
parametric statistics methods were used due to the presence
of data distribution in most cases that is different from normal
distribution.

RESULTS

Table 1 presents the treatment effectiveness assessment results
after 12 months using reference scales and the studied scales
as an example of the use of scales. Like assessment using the
SF-36 and AOFAS scales, the MFTS and AQSA assessments
confirmed a pattern: the later the fractures are diagnosed, the
lower the treatment effectiveness.

The MFTS scale recorded the highest Cronbach'’s coefficient
that indicates the internal consistency of a scale, while the
physical component summary of the SF-36 scale yielded the
biggest Guttman coefficient (PCS) (tab. 2). The £G value was
also high in MFTS.

For the MFTS scale, in different periods of testing, the
values of the constancy coefficient ranged from 0.81 to 0.93,
for the AQSA scale — from 0.57 to 0.69.

The intraclass correlation coefficient defined through the
test-retest approach was equal to 0.85-0.96 for MFTS and
0.76-0.93 for AQSA. For both scales, p <0.05. This result
indicates there is high dependency of indicators within the
MFTS and AQSA scales.

Table 3 shows convergent correlations between the
reference scales and studied scales for both groups of patients.
As can be seen, they have low level of significance. Correlation
between MFTS and AOFAS and correlation between MFTS
and the physical component summary of the SF-36 scale were
identified, which is logical, given the one-way specialization of
these questionnaires. However, all the values had a low level
of significance. Therefore, the existence of a real relationship
between the scales can only be assumed.

In view of its low specificity, AQSA correlated with both
physical and mental components of the SF-36 scale. It
correlated negatively with AOFAS.

DISCUSSION

The high Cronbach’s coefficient recorded in the MFTS scale
indicates there is optimal construction of questions in the
scale. With the help of the Statistica 10.0 software, the need
to exclude similar questions was assessed. For the MFTS
scale, it was recommended to remove 2 questions (in order
to reduce the value of aK). For the AOFAS and AQSA scales,
it was recommended to add from 1 to 3 questions to improve
the internal consistency of the evaluating tool.

Guttman coefficient confirmed the effectiveness of
assessment with the use of physical component summary
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Table 1. Treatment effectiveness assessment (12 months) using the SF-36,
AOFAS, MFTS and AQSA scales

Foot fractures
Scale Diagnosed Diagnosed late Undiagnosed
early
SF-36 (PCS/MCS) 51/47 38/46 34/28
AOFAS 54 43 31
MFTS 45 22 15
AQSA 7 18 16

Note: PCS — Physical Component Summary of the SF-36 scale, MCS —
Mental Component Summary of the SF-36 scale. The results are presented as
arithmetic mean.

Table 2. Clinical and metric properties of the SF-36, AOFAS, MFTS and AQSA
scales

SF 36
Scale AOFAS | MFTS | AQSA
PCS | Mcs
Number of questions 21 15 9 6 6
Cronbach’s coefficient (ak) 0.982 | 0.957 | 0.989 | 0.993 | 0.99
Guttman coefficient (sG) 0.986 | 0.951 | 0.983 | 0.985 | 0.981
Intraclass correlation 0.896 | 0.769 | 0.93 | 0.961 | 0.936
coefficient

Note: PCS — Physical Component Summary of the SF-36 scale, MCS — Mental
Component Summary of the SF-36 scale.

Table 3. Convergent validity values for the SF-36, AOFAS, MFTS and AQSA scales

of the SF-36 scale (0.986). The high values of the test-retest
indicator — 0.85-0.96 for MFTS and up to 0.93 for AQSA —
reflected the good reproducibility of these scales.

The data obtained indicate there is a fairly high level of
individual validity of the MFTS and AQSA scales. However,
the convergent validity values were lower than those of the
reference scales. One cannot tell exactly what will be the
correlation between the indicators under the conditions of
another experiment, but it is important that a relationship is still
there. Perhaps in future studies involving different groups of
patients, we will be able to confirm that there is a relationship.

CONCLUSIONS

Statistical data analysis confirmed that the MFTS scale has a
high validity and compliance for the doctor, and high sensitivity
and reliability. The disadvantages are average reproducibility
and low compliance for the patient. The AQSA scale showed
high reliability, reproducibility and compliance for the doctor
and patient, but low validity and sensitivity. The convergent
validity values of these scales with the SF-36 and AOFAS
scales showed there is a weak correlation between the scales.

The MFTS and AQSA scales can be used to assess
the effectiveness of treatment of patients with multiple and
concomitant foot fractures. In this case, the peculiarities
indicated for them should be taken into account.

SF-36 PCS SF-36 MCS AOFAS
Scale
R P R P R P
R 0.183 - -0.206 - 0.22 -
MFTS
P - 0.215 - -0.719 - 0.104
R 0.227 - 0.170 - -0.301 -
AQSA
P - 0.378 - 0.351 - -0.292

Note: PCS — Physical Component Summary of the SF-36 scale, MCS — Mental Component Summary of the SF-36 scale; R — group of patients with retrospective

observation, P — group of patients with prospective observation; p <0.05.

References

1. Viskarra ME, Zimina EV, Gurina SA, Yarygin NV. Validizatsiya shkal
ivoprosnikov dlya otsenkifunktsional’nogo sostoyaniyaikachestva
zhizni patsientov s perelomovyvikhami golenostopnogo sustava.
Rossiyskie meditsinskie vesti. 2011; 16 (2): 61-71. Russian.

2. Novik AA, lonova TI. Rukovodstvo po issledovaniyu kachestva
zhizni v meditsine. Moscow: Izd-vo “OLMA Media Grupp”; 2007.
313 p. Russian.

3. Knop C, Oeser M, Bastian L. Development and validation of the
visual analogue scale (VAS) spine score. Unfallchirurg. 2001; 104
(6): 488-97. German.

4. Evsina OV. The quality of life in medicine — an important andicator
pf patient health status (review). Lichnost’ v menjajushhemsja
mire: zdorov’e, adaptacija, razvitie. 2013; (1): 119-33. Russian.

5. Viskarra ME, Yarygin NV, Zimina EV. Analiz faktorov, vliyayushchikh
na kachestvo zhizni i funktsional’noe sostoyanie patsientov
s perelomovyvikhami  golenostopnogo sustava. Problemy
standartizatsii v zdravookhranenii. 2011; (3-4): 9-15. Russian.

6. Viskarra ME. lzuchenie kachestva zhizni i funktsional’nogo
sostoyaniya patsientov s perelomovyvikhami golenostopnogo
sustava s pomoshch’yu shkal i oprosnikov [dissertation).
Moscow: M. |. Evdokimov Moscow State University of Medicine
and Dentistry; 2011. Russian.

7. Glantz S. Mediko-biologicheskaya statistika. Moscow: |zd-vo
“Praktika”; 1998. 459 c.

8. Golovin SYu. Slovar’ prakticheskogo psihologa. Minsk: Izd-vo
“Kharvest”; 1998. 800 p.
9. Amirdzhanova VN, Goryachev DV, Korshunov NI, Rebrov AP,
Sorotskaya VN. SF-36 questionnaire population quality of life
indices. Nauchno-prakticheskaya revmatologiya. 2008; (1): 36-48.
Jenkinson G, Coulter A, Wright L. Short form 36 (SF-36) health
survey questionnaire: normative data for adults of working age.
BMJ. 1993; 306 (6890): 1437-40.
Kitaoka HB, Alexander U, Adelaar RS, et al. Clinical rating systems
for the ankle hindfoot, midfoot, hallux and lesser toes. Foot Ankle
Int.1994. 15: 349-53.
SooHoo NF, Shuler M, Fleming LL; American Orthopaedic Foot
and Ankle Society. Evaluation of the validity of the AOFAS Clinical
Rating Systems by correlation to the SF-36. Foot Ankle Int. 2003
Jan; 24 (1): 50-5.
Ware JE, Sherbourne CD. The MOS 36-item short-form health
survey (SF-36). I. Conceptual framework and item selection. Med
Care. 1992 Jun; 30 (6): 473-883.
Schuh A, Hausel M. Difficlties in evaluating follow-up outcome in
calcaneus fracture managed with plate osteosinthesis. Is there
a reliable score? Unfallchirurg. 2000; 1083 (4): 295-300. German.
Gurevich KM, Borisova EM. Psihologicheskaja diagnostika.
Moscow: Izd-vo “URAO”; 1997. 304 p. Russian.
Cronbach LJ. Coefficient alpha and the internal structure of tests.

10.

11.

12.

13.

14.

15.

16.

BULLETIN OF RSMU | 2, 2016 | VESTNIKRGMU.RU



ARTICLE | TRAUMATOLOGY

Psychometrika. 1951; 16: 297-334.

17. Kline P. A handbook of test construction (psychology revivals):

introduction to psychometric design. Abingdon, UK: Routledge;
2015. 274 p.

Jlutepatypa

1.

Buckappa M. 3., 3ummnHa 3. B., l'ypuHa C. A., ApbirnH H. B. Ba-
NNAU3ALMS LKA 1 BOMPOCHUKOB /15 OLEHKN (DYHKLIMOHaIIBHOMO
COCTOSIHUS 1 Ka4eCTBa »KU3HW MauWeHTOB C NeperioMOBbIBMXaA-
MW FOIEHOCTOMNHOrO cycTasa. Poccuiickmne MeauLUmMHCKne BeECTH.
2011; 16 (2): 61-71.

Hosuk A. A., MloHoea T. . PykOBOACTBO MO MCCNEAOBaHMIO Ka-
YecTBa »13HM B MeanuyvHe. M.: V1sg-so «OJIMA Megua oynn»;
2007. 313 c.

Knop C, Oeser M, Bastian L. Development and validation of the
visual analogue scale (VAS) spine score. Unfallchirurg. 2001; 104
(6): 488-97. German.

EBcuHa O. B. Ka4ecTBo »X13HN B MeavLMHE — BadKHbIN NoKasa-
Tenb 3[0POBbs NaLyveHTa (063op nuTepaTtypsbl). JIMYHOCTL B Me-
HAIOLLEMCA MUpe: 300poBbe, aganTaums, passutne. 2013; (1):
119-383.

Buckappa M. 3., ApbirvH H. B., 3umuHa 3. B. AHanns dakTo-
POB, BIMSIOLLMX HA KAYECTBO XKM3HI U (DYHKLIMOHANTBHOE COCTOS-
HVe NaLMEHTOB C NepeNoMOBbIBYXaMM FONIEHOCTOMNHOMO CycTasa.
Mpobnembl cTaHoapTM3aumMn B 3opaBooxpaHeHun. 2011; (3-4):
9-15.

Buckappa M. 3. M3y4eHne kavectBa »M3HM 1 DyHKLIMOHAIbHO-
ro COCTOSIHUS MaLMEHTOB C MEPENIOMOBbIBUXaMU FOIEHOCTOMHO-
ro cycTaBa C MOMOLLIbIO LKA 1 ONMPOCHUKOB [anccepTtaums]. M.:
MOCKOBCKMIA  rOCYAapCTBEHHbIN  MEANKO-CTOMATONOMMHYECKIA
yHuBepcuTeT umeHn M. A. EBookmnmosa; 2011.

MaHy, C. Mepguko-bronorndeckass cratuctika. M.: VIsg-Bo
«[MpakTuka»; 1998. 459 c.

fonoeuH C. KO. Cnoeapb npakTudeckoro ncuxonora. MUHCK:
130-Bo «XapBecT»; 1998. 800 c.

AmmppkarHosa B. H., Topsawes [O. B., KopwynoB H. W.,

BULLETIN OF RSMU | 2, 2016 | VESTNIKRGMU.RU

18.

10.

11.

12.

13.

14.

15.

16.

17.

18.

Schmitt N. Uses and abuses of coefficient alpha. Psychological
Assessment. 1996; 8 (4): 350-3.

Pebpos A. IN., Copoukast B. H. MNonynsumoHHble nokasaTenn ka-
YecTBa XN3HWM Mo OMpPOCHMKY SF-36 (pesynsTaTbl MHOMOLIEHTPO-
BOIrO MccneaoBaHns kadecTsa »xusHn «MIPAXK»). Hay4Ho-npak-
Tndeckasn pesmatonorus. 2008; (1): 36-48.

Jenkinson C, Coulter A, Wright L. Short form 36 (SF-36) health
survey questionnaire: normative data for adults of working age.
BMJ. 1993; 306 (6890): 1437-40.

Kitaoka HB, Alexander U, Adelaar RS, et al. Clinical rating systems
for the ankle hindfoot, midfoot, hallux and lesser toes. Foot Ankle
Int.1994. 15: 349-53.

SooHoo NF, Shuler M, Fleming LL; American Orthopaedic Foot
and Ankle Society. Evaluation of the validity of the AOFAS Clinical
Rating Systems by correlation to the SF-36. Foot Ankle Int. 2003
Jan; 24 (1): 50-5.

Ware JE, Sherbourne CD. The MOS 36-item short-form health
survey (SF-36). I. Conceptual framework and item selection. Med
Care. 1992 Jun; 30 (6): 473-83.

Schuh A, Hausel M. Difficlties in evaluating follow-up outcome in
calcaneus fracture managed with plate osteosinthesis. Is there
a reliable score? Unfallchirurg. 2000; 103 (4): 295-300. German.
lypesuny K. M., Bopucosa E. M. Ncuxonorndeckas anarHoctuka.
M: N3n-Bo «YPAO»; 1997. 304 c.

Cronbach LJ. Coefficient alpha and the internal structure of tests.
Psychometrika. 1951; 16: 297-334.

Kline P. A handbook of test construction (psychology revivals):
introduction to psychometric design. Abingdon, UK: Routledge;
2015. 274 p.

Schmitt N. Uses and abuses of coefficient alpha. Psychological
Assessment. 1996; 8 (4): 350-3.




METHOD | PHARMACOLOGY

CHEMILUMINESCENT DETERMINATION OF TOTAL ANTIOXIDANT
CAPACITY IN MEDICINAL PLANT MATERIAL

Vladimirov GK'™, Sergunova EV 2, Izmaylov DYu', Vladimirov YuA'

"Department of Medical Biophysics, Faculty of Fundamental Medicine,
Lomonosov Moscow State University, Moscow, Russia

2 Department of Pharmacognosy, Faculty of Pharmacy,
The First Sechenov Moscow State Medical University, Moscow, Russia

Medicinal plant material is one of the sources of antioxidants for the human body. Chemiluminescence analysis is one of the
common methods of determining the content of antioxidants in plant materials. In our work, chemiluminescence analysis was
used to determine the total antioxidant capacity (TAC) of fruit decoctions of mountain-ash, rose and hawthorn, as well as
raspberry fruit infusion. Experiments established the kinetics of the chemiluminescence of a system consisting of horseradish
peroxidase, hydrogen peroxide and luminol. Concentrations and volumes of components of the system were chosen such that
strong antioxidants (ascorbic acid) and antioxidants of average force (quercetin) were completely oxidized during measurement
(10 minutes). A method for TAC calculation based on changes in chemiluminescence light sum in the presence of plant samples
was proposed and substantiated. Analysis of chemiluminescence kinetics showed that antioxidants of average force dominate
in the objects studied, including flavonoids and weak antioxidants (tocopherol and others). Comparison of the calculated TAC
values for the objects under study and their chemical analysis data showed that products containing the same amount of
antioxidants with different ratios of antioxidants by types might vary in their ability to protect the body against the harmful effects
of free radicals. The technique described is a promising one for the study of plant objects containing a mixture of different types
of antioxidants.
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XEMUAIOMUHECLUEHTHASI METOAUKA ONPEAEAEHUS OBLLEMN
AHTUOKCUAAHTHOU EMKOCTU B AEKAPCTBEHHOM PACTUTEABHOM CbIPbE

I K. Bnagnmumpos'™, E. B. CepryHosa?, [. HO. Viamarnos’, tO. A. Bnagummnpos!

"Kadenpa MeamumHCKom 6uodmramnkin, dakynsteT dhyHaaMmeHTanbHoM MeanUyHbl,
MoCKOBCKIIA rocyaapCTBEHHbIN yHUBEpCUTET nMeHn M. B. JlomoHocosa, Mocksa

2Kadhenpa thapMakorHosum, hapMaLeBTUHeCKUIA haKyssTET,
MNepBbIt MOCKOBCKUIA roCy4apCTBEHHbIN MeauLUMHCKUIA yYHBepcuTeT UMeHn 1. M. CedeHoBa, Mocksa

JlekapcTBeHHOe pacTUTenbHOE Chipbe ABMAETCH OOHUM 13 UCTOYHUKOB a@HTUOKCUAAHTOB OJ19 OpraHuaMa Yenoseka. Cpe-
O METOAOB OMpefeneHns COAEPKaHNS aHTUOKCUAAHTOB B PaCTUTENbHbIX OObEeKTax PachpOCTPaHEH METOL, XEMUIIO-
MMHECLIEHTHOrO aHanmsa. B HacTosenn pabote OH Obln MCMONMBb30BaH A9 OLEHKM OOLLEN aHTUOKCUAAHTHOM eMKOCTU
(OAE) otBapoB nnodoB psAbuHbl, LUMMOBHMKA U BOSAPbLILLHMKA 1 HACTOS MIOA0B MasnuHbl. B onbime pervctpypoBani Kin-
HETUKY XEMUTIOMUHECLIEHLIMN B CUCTEME, COCTOSLLEN 13 MEepOKCUaasbl XpeHa, nMepekrcy Bogopoaa v nomMuHona. KoH-
LUeHTpaum 1 06beM KOMMOHEHTOB CUCTEMbI B Mpobe Obiv mogobpaHbl Tak, YToObl CUSlbHbIE aHTUOKCUAAHTbI (aCKopbu-
HOBas KMUCAOTa) W aHTUOKCUAAHTBI CpeaHer Cumbl (KBEPLIETWH) MOMHOCTBIO OKUCAANMCh 3a Bpemst namepeHns (10 MuH).
MpeonoxxeH n obocHoBaH criocob pacdeta OAE Ha OCHOBE W3MEHEHWST CBETOCYMMbl XEMUTIOMUHECLIEHLIM B MPUCYT-
CTBUWN PacTUTENbHbIX 006pasLoB. AHaNM3 KUHETUKM XEMUTIOMUHECLEHLIM MOKadasl, YTO B U3Y4eHHbIX OObekTax Mpeob-
NafaroT aHTUOKCUIAHTbI CPEAHEN CUMbl, B TOM Y1cne (raBoHOMAb!, U cnabble aHTUOKCUAaHTbI (Tokodepon un ap.). Co-
nocCTaBneHe paccyuTaHHbIX 3HadeHnn OAE ona mdydaembix OOBEKTOB U AaHHbIX MX XUMUYECKOro aHanmaa nokasao,
YTO MPOAYKTbI, COAePXKaLLme OOHO N TO »KE KONMMYECTBO aHTUOKCUOAHTOB C Pa3HbIM VX COOTHOLLEHMEM MO TUMam, MOryT
pasnM4aTbCs MO CMNOCOBHOCTY 3alyLLaTh OpraHnu3M OT BPedHOro BO3AENCTBUS CBOOOAHbIX paavkanos. OnvcaHHas Me-
TOOVKa MEePCNEeKTUBHA 019 U3YHEHUS pacTUTENbHBIX OOBEKTOB, COAePXaLLMX CMECh aHTVOKCUMOAHTOB PasfvyHbIX TUMOB.

Knto4yeBble cnoBa: cBOOOOHbIN paanKasl, aHTUMOKCOAHT, aHTUOKCOaHTHasA akKTUBHOCTb, obulas aHTMOKCUAAHTHAsA EMKOCTb,
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Free radicals generated in the body causes damage to the cell
membranes, which in turn triggers various diseases [1]. The
destructive oxidative effects of radicals are checked by the
body’s antioxidant defense system, in which low-molecular
compounds — radical interceptors (traps) — play an important
role. Medicinal plant material and herbal preparations are one of
the sources of antioxidants [2]. Understanding the antioxidant
capacity of these plant materials and preparations helps to
enhance their preventive and therapeutic actions.

The main techniques used to identify antioxidants are
considered in [3-8]. However, identifying antioxidants as
chemical compounds does not provide a complete picture
of the protective properties of the object being studied: they
are caused not only by the amount of a particular antioxidant
but also by the activity of each of them. Antioxidant activity
(AOA) is the constant (k) of the reaction rate of a free radical
and antioxidant. The chemiluminescence technique (CL) is
used to determine the total number of radicals that react with
antioxidants in a sample (total antioxidant capacity, TAC); when
mathematical modeling of CL kinetics is used, the technique
enables to also determine the rate of formation and reaction of
radicals with antioxidants, i.e. AOA [9-11].

The most common modification of the chemiluminescent
technique of determining the total antioxidant capacity is
based on the use of luminol as a chemiluminescence activator
[12-15]. The sample is placed in a chemiluminometer cuvette
with addition of luminol, hydrogen peroxide and compounds
capable of forming radicals by spontaneous decay (thermolysis),
for example 2,2’-Azobis(2-amidinopropane) dihydrochloride
(AAPH):

AAPH — 2Re.
In the presence of molecular oxygen, alkyl radical Re forms
peroxyl radical ROOs:
Re + O, — ROO-.
Next, the peroxyl radical oxidizes luminol-based chemi-
luminescent probe (LH2) to form a radical luminol (LHs):
ROOs + LH, — ROOH + LHe.
Through formation of intermediate compounds (luminol
hydroperoxide and luminol endoperoxide), LHe forms the
molecule of the final product of luminol oxidation (aminophthalic
acid) in an electronically excited state, which highlights photon
and as a result, chemiluminescence is observed [9]. CL intensity
is proportional to the rate of formation of photons, which in turn
is proportional to stationary concentration of LHe in the system.
While interacting with radicals, antioxidants interrupt the
above-described transformation chain and prevent photon
formation.

Compounds subject to thermolysis are not the only possible
source of radicals in analysis of the antioxidant capacity of a
sample by chemiluminescence method. Alternatives include
horseradish peroxidase/hydrogen peroxide compound [13,
16], hemin-hydrogen peroxide [8], cytochrome c/cardiolipin/
hydrogen peroxide [11], and others. The mechanism of
peroxidation of luminol is considered in Cormier et al. [17].

CL kinetic curves for these systems reflect two reaction
stages: step of increase in CL intensity and the stage of plateau
or gradual recession of luminescence when CL intensity is
either constant or decreases slowly. Authors in [15] described
two approaches to measuring the total antioxidant capacity,
taking into account this curve feature. TRAP (Total Reactive
Antioxidant Potential) method is based on measurement of
CL latency T and can be used to determine such antioxidants
as Trolox and ascorbic acid — they are characterized by high
constant of the rate of radical reaction, and for this reason
can be called powerful antioxidants [11]. They are completely
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oxidized during the latent period. The TAR (Total Antioxidant
Reactivity) technique is used to measure the degree of
suppression of chemiluminescence g on the plateau or at the
maximum chemiluminescence curve:
(1)

T
where / is CL intensity without an antioxidant, while /, is CL
intensity in the presence of an antioxidant. This method is used
if the system contains predominantly weak antioxidants with
low constants of rate of interaction with radicals — much lower
than the luminol constant [11].

The action of antioxidants is characterized not only by
indicators tand g. As can be seen from [8, 11], the action of such
antioxidants as uric acid in gemin/H,O,/luminol or tocopherol,
rutin and quercetin in cytochrome c/cardiolipin/H,0,/luminol
system is characterized by a change in the maximum rate of
CLrise (v, ). As shown by results of mathematical modeling of
kinetics, the constants of the constants of the reaction rate of
such antioxidants with radicals are close to luminol constant.
Therefore, such antioxidants may be regarded as medium-
strength antioxidants [11].

If the test material, particularly plant materials, contained
only one type of antioxidants, their content would have been
characterized by one of the above three indicators (1, g or
v_.J). But a plant material contains a mixture of antioxidants of
different strength. To address this problem, some authors [8,
18-20] used chemiluminescence light sum change AS over a
specific time calculated by the formula:

AS=AS,-AS,,

where AS, and AS_ are CL light sums for a predetermined time t
in the control and test samples respectively. The time should be
sufficient to oxidize all the antioxidants in the system, i.e. for the
CL curve of the test sample to reach the level of the CL curve of
the control sample. The latter suggests that researchers should
not only establish the luminescence light sum, but also record
the CL kinetics curve within quite a long time. However, this is
not always done.

Since all measurable indicators depend on the instrument
and measurement conditions, the antioxidant effect of a
substance in a system is usually compared with the effect of an
antioxidant taken as the standard, for example Trolox [8, 21].

Many authors have used the horseradish peroxidase/
hydrogen peroxide system to analyze the total antioxidant
capacity of plant material. In [22, 23], CL latency (TRAP method)
was used to estimate the amount of antioxidants in samples,
while in [18-20], the area under the CL curve was used.
However, these studies did not provide a clear justification
of the choice of a particular indicator for TAC assessment.
The aim of the study was to determine how the ratio of
different types of antioxidants affects TAC and to modify the
chemiluminescence method in such a way as to be able to
more accurately estimate TAC in a plant material. To this end,
we set a number of tasks. First, to compare the CL kinetics of
the test objects with the kinetics of the standard three types of
antioxidants (strong, medium and weak) in order to understand
what type of antioxidants contributes most to the TAC of the
test objects. Secondly, to calculate the TAC of the test objects
by measuring the reduction in CL light sum under the influence
of these objects in comparison with the effect of an antioxidant
that contributes most to the TAC.

METHODS

The test objects were industrial samples of the fruits of
hawthorn, mountain-ash and wild rose produced by herbal



company Krasnogorskleksredstva (Russia), as well as naturally
grown raspberry fruits collected by the authors in Moscow
Oblast and dried at a temperature of 60-80 °C until they had
no juice left in them and were deformed under pressure.

The reagents used for analysis of antioxidant capacity
by chemiluminescent method were: KH,PO,, 20 mM buffer
solution (pH 7.4); horseradish peroxidase (activity 112 U/mg,
M = 44173.9), 1 mM aqueous solution; Luminol (5-amino-
1,2,3,4-tetrahydro-1,4-phthalazinedione, 3-Aminophthalic acid
hydrazide, M = 177.11), 1 mM aqueous solution; hydrogen
peroxide (H202, M = 34.01), 1 mM aqueous solution;
antioxidant solutions (ascorbic acid, quercetin, tocopherol). Al
reagents were produced by Sigma Aldrich, USA.

Hawthorn, mountain-ash and wild rose fruit decoctions
and raspberry fruit infusion were prepared according to the
procedure of the State Pharmacopoeia of the USSR set out in
the general pharmacopoeial article “Infusions and decoctions”
[24].

The total antioxidant capacity was determined through
chemiluminescence on chemiluminometer Lum-100 (DISoft,
Russia) using PowerGraph 3.3 software. To determine the
TAC in the plant material, 40 pl of luminol at a concentration
of 1 mM, 40 pl of horseradish peroxidase at a concentration
of 0.1 um, 10 to 50 pl of decoction or infusion (depending on
concentration) and phosphate buffer in the quantity necessary
to bring the total sample volume to 1 ml were placed in the
cuvette of the device. The cuvette was mounted on the
device and CL was recorded, observing the background
signal. After 48 s of observing the background signal, 100 pl
of H,0, at 1 mM concentration was added into the cuvette
and CL observation continued for 10 minutes. Four samples
with different concentrations of each of the plant objects were
prepared. CL was also observed for solutions of ascorbic
acid, quercetin and tocopherol at five different concentrations
for each of the antioxidants. Later, the TAC of the samples of
decoctions and infusions were recalculated to quercetin.

Concentrations of luminol, horseradish peroxidase and
hydrogen peroxide were selected such that it was possible
to determine the antioxidant capacity of aqueous extracts of
medicinal plants in a reasonable time (no more than 10 min).
Within this time, the chemiluminescence curves for the
antioxidants ascorbic acid and flavonoid quercetin (the main
antioxidants of plant materials) reached a plateau, indicating
complete destruction of antioxidants in the system. Dilutions
of the test samples and concentration of solutions of standard
antioxidants (indicated in the captions of the figures) were
selected such that all the CL kinetic curves were measured with
the same device sensitivity.

The antioxidant capacity was calculated from the change
in area (AS) under chemiluminescence kinetic curve (light sum)
by adding a substance containing an antioxidant. To this end,
S, was calculated for the system without an antioxidant and
the area S, (characterizing the system in which the antioxidant
was added) subtracted therefrom. The value of AS depends
on chemiluminometer sensitivity and measurement conditions.
The ratio AS/C - V (where C is the concentration of the test
biological material in the cuvette, in g/l, and V — the volume of
the cuvette in liters) expresses the antioxidant capacity of 1 g of
the test plant material.

Similarly, antioxidant capacity AS, of the standard
antioxidant solution, e.g. quercetin, placed in the same reaction
mixture volume, was calculated. The ratio AS,/C, - V (where C,
is the weight concentration of the antioxidant in the cuvette,
g/l) expresses the antioxidant capacity of 1 g of the antioxidant.

For each of the standard antioxidants, a signal from the
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solutions of several concentrations were observed to make sure
that calculations were performed within linear dependence, and
results obtained are reproducible. Indeed, a linear dependence
(AS, = k, - C)) of the signal on the concentration at which
stoichiometric ratio k, was calculated was obtained. According
to Fisher's exact test, the k, values obtained for standard
antioxidants are statistically significant with a 0.975 probability.
Then, a signal from four concentrations for each of the four
plant samples was observed. A linear dependence of the
signal on the concentration (AS = k - C) at which stoichiometric
coefficient kK was calculated was obtained for all the samples.
With a probability of 0.975 (Fisher's exact test), the k values
obtained for the plant samples are statistically significant. Total
antioxidant capacity of the plant material in terms of the weight
of a standard antioxidant (mg%) was calculated using the
formula

_ k. 105
TAcfk 10°.

The values were presented as tﬁe arithmetic mean + standard
deviation (M + 9) at p <0.05.

RESULTS

The study of chemiluminescence kinetics in the presence
of sodium ascorbate (fig. 1) showed that this antioxidant
is characterized by latency when CL is almost completely
suppressed. Its duration is proportional to the amount of the
antioxidant in the system. In this case, neither the slope of the
CL curves nor the CL intensity at the plateau changes. This is
due to the fact that ascorbic acid is a strong antioxidant that
intercepts all radicals formed in the system, including luminol
radicals and CL does not develop until the entire ascorbate is
oxidized.

The action of tocopherol (fig. 2) was manifested in the form
of a decrease in the CL plateau intensity, which is characteristic
of weak antioxidants, though tocopherol is considered to
be one of the most powerful antioxidants. Possibly, this
discrepancy is due to the fact that in our experiment, the
free radicals were in aqueous solution, whereas the effect of
tocopherol is typically studied in non-polar media. Tocopherol
had medium-strength antioxidant properties in [11], where the
cytochrome c/cardiolipin complex was used as the source of
radicals; reaction with luminol proceeded within this complex.

After studying the effect of different concentrations of
quercetin on our system (fig. 3) and comparing the kinetic
curves for it and sodium ascorbate and tocopherol, it was
observed that the main effect of quercetin manifested in the
form of a change in the slope angle of curves, i.e. the speed
of CL development, which is typical for medium-strength
antioxidants.

The CL curves for all the decoctions studied (fig. 4) resemble
the curves for quercetin with a slight decrease in CL intensity at
the end, i.e. at the exit to the plateau. As shown in [11], such
behavior is characteristic of medium-strength antioxidants,
which, in our case, can include polyphenols - flavonoids and
tannins. For raspberry fruit infusion (fig. 4, D), decrease in
chemiluminescence at the plateau level is noticeable, which is
characteristic of weak antioxidants [11] such as tocopherol in
this case. In terms of quercetin and tocopherol, raspberry fruit
infusion contains 4.7 + 0.9 mmol/g quercetin and 11.9 + 0.8
mmol/g of tocopherol.

Comparing the chemiluminescence curves obtained for
different concentrations of the four investigated aqueous water
extracts from plant materials showed that the contribution of
medium-strength and weak antioxidants in the total antioxidant
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capacity of the sample decreased in series: raspberry fruit
infusion, rosehip decoction (fig 4, C), mountain-ash fruit
decoction (fig. 4, A), hawthorn fruit decoction (fig. 4, B). The
values of AS based on concentration C of the test substance in
the cuvette and the total antioxidant capacity values expressed
in terms of quercetin are shown in the table.

DISCUSSION

Data obtained in the course of experiments and TAC values
(calculated based on the data) of the test objects were
compared with their content of main antioxidants identified by
chemical analysis methods [25-29]. Despite the fact that there
is undeniable positive correlation between the total amount of
antioxidants and TAC in different objects, there are still notable
differences between these indicators. For example, the total
content of flavonoids, tannins, and ascorbic acid is greater than
the TAC calculated for all the test objects, except hawthorn fruit
decoction (see table).
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Fig. 1. Effect of sodium ascorbate on chemiluminescence kinetics

Concentrations of components of the system: luminol — 40 pm, horseradish
peroxidase — 4 nM, hydrogen peroxide — 100 pm. Curves: 1 — control sample;
2 —0.05pm; 3 —0.10 pm; 4 — 0.15 ym; 5 — 0.2 pm; 6 — 0.25 ymM sodium
ascorbate.

90

80

70
60

IS
TAR

50

40

30

20

Chemiluminescence intensity, V

10

Time, min

Fig. 2. Effect of tocopherol on chemiluminescence kinetics

Concentrations of components of the system: luminol — 40 pm, horseradish
peroxidase — 4 nM, hydrogen peroxide — 100 pm. Curves: 1 — control sample;
2 — 0.01 pm; 3 — 0.025 pm; 4 — 0.06 pm; 5 — 0.1 pm; 6 — 0.2 pm of
tocopherol.
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Other researchers have also shown that chemical analysis
results and TAC value determined by chemiluminescent
do not coincide often. In [19], the total antioxidant capacity
determined in a peroxidase/luminol/hydrogen peroxide system
correlated with the content of triterpene compounds. However,
in another study [18] conducted by the same authors where
another plant was used as the test object, no correlation was
found between TAC and the content of a group of substances,
including flavonoids.

Such differences are related to at least three factors.
First, antioxidant activity matters, i.e. the rate of reaction
of antioxidants with radicals, which is different for different
antioxidants included in the plant sample. According to
lzmailov [11], the rate constant for the corresponding
reactions for mexidol, tocopherol and quercetin correspond as
0.04 : 2 : 60. Secondly, each antioxidant molecule entering into
a chemical reaction can intercept different numbers of radicals.
According to [8], quercetin, uric and ascorbic acid intercepted
3.6 + 0.1, 1.4 + 0.1 and 0.5 + 0.2 radicals per reacting
antioxidant molecule respectively (hemin/H,O,/lyuminol system
was used). Thirdly, the results of the study could have been
affected by the presence of peroxidase activity in the plant
samples, as in [23], as well as by the presence of calcium
in the samples, which, as shown in [30], can, under certain
conditions, enhance the activity of peroxidase horseradish.
This usually results in higher CL intensity on the plateau than on
the control curves, which, however, we didn’t observe.

The first factor severely limits the use of such indicator
as a change in light sum because chemiluminescence
measurement time should be more than the time of expenditure
of all antioxidants in the sample. You know when this moment
arrives only by measuring the chemiluminescence kinetics.
Furthermore, the contribution of weak antioxidants in TAC is
sharply undervalued since the time of their complete oxidation
is by far higher than the acceptable measurement duration
(10-20 min).

Stoichiometric coefficient of the antioxidant is even greater
in value. The number of radicals n intercepted by them is equal
to

n=p-Am,
where p is the stoichiometric coefficient, and Am is the change
in antioxidant concentration during measurement — in this
120 -
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Fig. 3. Effect of quercetin on chemiluminescence kinetics

Concentrations of components of the system: luminol — 40 pm, horseradish
peroxidase — 4 nM, hydrogen peroxide — 100 pm. Curves: 1 — control sample;
2 — 0.02 pm; 3 — 0.03 pm; 4 — 0.04 pm; 5 — 0.05 pm; 6 — 0.06 pm of
quercetin.
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Fig. 4. Effect of fruit decoctions of mountain-ash (A), hawthorn (B), rose (C), and raspberry fruit infusion (D) on chemiluminescence kinetics

Concentrations of components of the system: luminol — 40 pm, horseradish peroxidase — 4 nM, hydrogen peroxide — 100 pm. (A) Curves: 1 — control sample;
2 —0.002 g/L; 3 —0.004 g/L; 4 — 0.006 g/L; 5 — 0.008 g/L of mountain-ash fruit decoction. (B) Curves: 1 — control sample; 2 — 0.005 g/L; 3 — 0.0075 g/L;
4 —0.01 g/L; 5—0.0125 g/L of hawthorn fruit decoction. (C) Curves: 1 — control sample; 2 — 0.001 g/L; 3 — 0.0015 g/L; 4 — 0.002 g/L; 5 — 0.0025 g/L of rosehip
decoction. (D) Curves: 1 — control sample; 2 — 0.001 g/L; 3 — 0.003 g/L; 4 — 0.004 g/L; 5 — 0.005 g/L of raspberry fruit infusion.

Content of antioxidants in the plant material according to chemical analysis and the total antioxidant capacity of the same objects, M + &

Test object Flavonoids, mg%* Tannins, mg%* Ascorbic acid, mg%* AS/C - 10-8, standard unit TAC, mg% quercetin
Mountain-ash fruit 8.87 + 0.01 210.00 + 10.00 0.67 +0.02 7.13+0.96 56.53 + 7.61
decoction

Rosehip fruit decoction 4.66 + 0.04 850.00 + 20.00 3.70 + 0.12 16.60 + 3.40 131.63 + 27.26
Hawthorn fruit 3.01 = 0.06 12.00 + 3.00 0.23 = 0.002 3.18 + 0.29 25.20 + 2.32
decoction

Dried raspberry fruit

nfusion 90.00 = 4.00 40.00 + 20.00 3.91+0.08 6.65 + 1.21 52.69 + 9.56

Note: * — literature data, [25-29]. AS — change in light sum for the sample, relative unit, C — sample concentration in the cuvette, g/L. The calculated values are

significant at p <0.05.

case it is the initial concentration of the test substance in the
test sample.

The difference in the light sum of the luminescence in the
absence and presence of an antioxidant is proportional to n.
The total number of intercepted radicals is equal to

n==%p-m,
where p, is the stoichiometric coefficient of a particular
antioxidant, and m, is its concentration during measurement.
The total number of intercepted radicals is obviously not
equal to the total amount of antioxidants since p, coefficients
are not equal to one and also differ significantly for different
antioxidants.
S=k-n,

where k is the coefficient, constant under the same
measurement conditions.

The method considered in this paper allows to determine the
total antioxidant capacity, whereas chemical analysis allows
to determine the total content of antioxidants in a product.
Therefore, chemiluminescence method is more informative
than chemical analyses.

CONCLUSIONS

The conditions selected by us for evaluation of the total
antioxidant capacity of plant materials by observing
chemiluminescence kinetics in a system consisting of
horseradish peroxidase, hydrogen peroxide and luminol
(concentration of the components are 4 nM, 100 pm and 40
um, respectively; 20 mM phosphate buffer, pH 7.4) ensured
oxidation of strong antioxidants (ascorbic acid) and medium-
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strength antioxidants (quercetin) within 10 minutes. Such
duration of measurement is convenient and provides the
required measurement quality.

Analysis of chemiluminescence kinetics showed that in
the test objects (fruit decoctions of mountain-ash, rosehips,
hawthornandraspberry fruitinfusion), the main antioxidants were
medium-strength antioxidants, including flavonoids, as well as
weak antioxidants (tocopherol and others). Based on reduction
in the chemiluminescence light sum, the total antioxidant
capacity of the test objects was calculated. Comparison of
TAC values obtained with chemical analysis results showed

References

1. Proskurnina EV, Vladimirov YUA. Svobodnye radikaly kak
uchastniki regulyatornykh i patologicheskikh protsessov. In:
Grigor’ev Al, Vladimirov YUA, editors. Fundamental’nye nauki —
meditsine. Biofizicheskie meditsinskie tekhnologii. Moscow:
MAKS Press; 2015. v. 1. p. 38-71. Russian.

2. Chanda S, Dave R. In vitro models for antioxidant activity
evaluation and some medicinal plants possessing antioxidant
properties: An overview. Afr J Microbiol Res. 2009 Dec; 3 (13):
981-96.

3. Khasanov VV, Ryzhova GL, Mal'tseva EV. Metody issledovaniya
antioksidantov. Khimija Rastite'nogo Syr’ja. 2004; (3): 63-75.
Russian.

4. Vasil'ev RF, K”ncheva VD, Fedorova GF, B"tovska DI, Trofimov AV.
Antioksidantnaya aktivnost’ khalkonov. Khemilyuminestsentnoe
opredelenie reaktsionnoi sposobnosti i kvantovo-khimicheskii
raschet energii i stroeniya reagentov i intermediatov. Kinetics and
catalysis. 2010; 51 (4): 533-41. Russian.

5. Slavova-Kazakova AK, Angelova SE, Veprintsev TL, Denev P,
Fabbri D, Dettori MA, et al. Antioxidant potential of curcumin-
related compounds studied by chemiluminescence kinetics,
chain-breaking efficiencies, scavenging activity (ORAC) and DFT
calculations. Beilstein J Org Chem. 2015 Aug 11; 11: 1398-411.

6. Fedorova GF, Trofimov AV, Vasi'ev RF, Veprintsev TL. Peroxy-
radical-mediated chemiluminescence: mechanistic diversity and
fundamentals for antioxidant assay. Arkivoc. 2007; 8: 163-215.

7. Fedorova GF, Menshov VA, Trofimov AV, Vasi'ev RF. Facile
chemiluminescence assay for antioxidative properties of vegetable
lipids: fundamentals and illustrative examples. Analyst. 2009 Oct;
134 (10): 2128-34.

8. Bastos EL, Romoff P, Eckert CR, Baader WJ. Evaluation
of antiradical capacity by H202-hemin-induced Iluminol
chemiluminescence. J Agric Food Chem. 2003 Dec 3; 51 (25):
7481-8.

9. Vladimirov YUA, Proskurnina EV. Svobodnye radikaly i kletochnaya
khemilyuminestsentsiya. Usp Biol Khim. 2009; 49: 341-88.
Russian.

70. Vladimirov YUuA, Proskurnina EV, Izmailov DYu. Kineticheskaya
khemilyuminestsentsiya kak metod izucheniya reaktsii svobodnykh
radikalov. Biophysics. 2011; 56 (6): 1081-90. Russian.

11. Izmailov DYu, Demin EM, Vladimirov YUA. Opredelenie aktivnosti
antioksidantov metodom izmereniya kinetiki khemilyuminestsen-
tsii. Fotobiologiya i fotomeditsina. 2011; 7 (2): 70-6. Russian.

12. Lissi EA, Pascual C, Del Castillo MD. Luminol luminescence
induced by 2,2’-Azo-bis(2-amidinopropane) thermolysis. Free
Radic Res Commun. 1992; 17 (5): 299-311.

13. Lissi EA, Pascual C, Del Castillo MD. On the use of the quenching
of luminol luminescence to evaluate SOD activity. Free Radic Biol
Med. 1994 Jun; 16 (6): 833-7.

14. Lissi EA, Escobar J, Pascual C, Del Castillo MD, Schmitt TH,
Di Mascio P. Visible chemiluminescence associated with the
reaction between methemoglobin or oxyhemoglobin with
hydrogen peroxide. Photochem Photobiol. 1994 Nov; 60 (5):
405-11.

15. Lissi EA, Salim-Hanna M, Pascual C, Del Castillo MD. Evaluation
of total antioxidant potential (TRAP) and total antioxidant reactivity
from luminol-enhanced chemiluminescence measurements. Free

BULLETIN OF RSMU | 2, 2016 | VESTNIKRGMU.RU

that products containing the same amount of antioxidants in
different ratios may differ by their ability to effectively protect
the body against the harmful effects of free radicals. The
technique described is a promising one for the study of plant
materials that contain a mixture of different antioxidants.
In addition, the technique is simple and not expensive. A
combination of measurement of chemiluminescence kinetics
with mathematical modeling of reactions will allow not only
to automate the process of determining the total antioxidant
capacity but also to determine the contribution of individual
groups of antioxidants in the indicator.

Radic Biol Med. 1995 Feb; 18 (2): 153-8.

16. Landi-Librandi AP, de Oliveira CA, Azzolini AE, Kabeya LM,
Del Ciampo JO, Bentley MV, et al. In vitro evaluation of the
antioxidant activity of liposomal flavonols by the HRP-H202-
luminol system. J Microencapsul. 2011; 28 (4): 258-67.

17. Cormier MJ, Prichard PM. An investigation of the mechanism
of the luminescent peroxidation of luminol by stopped flow
techniques. J Biol Chem. 1968 Sep 25; 243 (18): 4706-14.

18. Chang CL, Lin CS, Lai GH. Phytochemical characteristics, free
radical scavenging activities, and neuroprotection of five medicinal
plant extracts. Evid Based Complement Alternat Med. 2012;
2012: 984295. doi: 10.1155/2012/984295. Epub 2011 Aug 10.

19. Chang CL, Lin CS. Phytochemical composition, antioxidant
activity, and neuroprotective effect of Terminalia chebula Retzius
extracts. Evid Based Complement Alternat Med. 2012; 2012:
125247. doi: 10.1155/2012/125247. Epub 2011 Jul 5.

20. Georgetti SR, Casagrande R, Di Mambro VM, Azzolini AE,
Fonseca MJ. Evaluation of the antioxidant activity of different
flavonoids by the chemiluminescence method. AAPS PharmSci.
2003; 5 (2): 111-5.

21. Alekseev AV, Proskurnina EV, Vladimirov YUA. Opredelenie
antioksidantov metodom aktivirovannoi khemilyuminestsentsii
s ispol'’zovaniem  2,2'-azo-bis(2-amidinopropana). Moscow
University Chemistry Bulletin. 2012; 53 (3): 187-93. Russian.

22, Pogacnik L, Ulrih NP. Application of optimized chemiluminescence
assay for determination of the antioxidant capacity of herbal
extracts. Luminescence. 2012 Nov-Dec; 27 (6): 505-10.

23. Saleh L, Plieth C. Total low-molecular-weight antioxidants as
a summary parameter, quantified in biological samples by a
chemiluminescence inhibition assay. Nat Protoc. 2010 Sep;
5(10): 1627-34.

24, Ministerstvo  zdravookhraneniya SSSR.  Gosudarsvennaya
farmakopeya SSSR. 11th ed. Iss. 2. “Obshchie metody analiza.
Lekarstvennoe rastitel'noe syr'e”. Moscow: Meditsina; 1987.
p. 147-8. Russian.

25, Sergunova EV, Sorokina AA, Kornyushina MA. Izuchenie
ekstraktsionnykh preparatov shipovnika. Pharmacy. 2012; (2):
14-6. Russian.

26. Sergunova EV, Sorokina AA, Avrach AS. Izuchenie plodov
boyaryshnika razlichnykh sposobov konservatsii i vodnykh
izvlechenii. Farmatsiya. 2010; (5): 16-8. Russian.

27. Avrach AS, Sergunova EV, Kuksova YaV. Biologicheski aktivnye
veshchestva plodov i vodnykh izvlechenii maliny obyknovennoi.
Farmatsiya. 2014; (1): 8-10. Russian.

28. Avrach AS, Samylina IA, Sergunova EV. Izuchenie biologicheski
aktivnykh veshchestv plodov boyaryshnika — syr'ya dlya
prigotovleniya  nastoek  gomeopaticheskikh  matrichnykh.
Proceedings of the 14th Moscow International Homeopathic
Conference “Razvitie gomeopaticheskogo metoda v sovremennoi
meditsine”; 2014 Jan 24-25; Moscow. M.; 2014. p. 146-7.
Russian.

29. Sergunova EV, Sorokina AA. lzuchenie sostava biologicheski
aktivnykh  veshchestv v lekarstvennom rastitelnom syr'e
razlichnykh sposobov konservatsii. Proceedings of the 20th
Russian National Congress “Chelovek i lekarstvo”; 2013 Apr 15—
19; Moscow. Moscow: EKOOnis; 2013. p. 184-90. Russian.



30.

Aleksandrova EYu, Orlova MA, Neiman PL. Izuchenie
peroksidaznoi aktivnosti v ekstraktakh iz kornevishcha i kornei

JNutepatypa

1.

10.

11.

12.

13.

14.

15.

16.

MpockypHuHa E. B., Bnagyummpos HO. A. CBoboaHble paanka-
Nbl KakK Y4aCTHUKM PErynsTopHbIX M MaToNorM4eckmx mpoLec-
coB. B c6.: lpuropees A. V1., Bnagumupos tO. A., penakTopbl.
dPyHOameHTaNbHble Hayky — meguumHe. brodins. Meq,. TexHon.
M.: MAKC lMpecc; 2015. 1. 1. ¢. 38-71.

Chanda S, Dave R. In vitro models for antioxidant activity
evaluation and some medicinal plants possessing antioxidant
properties: An overview. Afr J Microbiol Res. 2009 Dec; 3 (13):
981-96.

XacaHos B. B., Pepxkosa I J1., Mansuesa E. B. MeToapl nccneno-
BaHWsi aHTMOKCUAAHTOB. XM. pacT. cbipbs. 2004; (3): 63-75.
Bacunees P. ®., KbHuesa B. ., ®epoposal. ®., Bvroscka . U.,
Tpodurmos A. B. AHTUOKCUOGHTHASA aKTMBHOCTb XaSlkOHOB. Xe-
MUIIOMUHECLIEHTHOE OnpefeneHne peakuyoHHOM CrnoCOBHOCTM
N KBAHTOBO-XMMUYECKUIA PACHET BHEPIUN U CTPOEHNUS peareHToB
N nHTepmMeanaToB. KnHetuka un katanua. 2010; 51 (4): 533-41.
Slavova-Kazakova AK, Angelova SE, Veprintsev TL, Denev P,
Fabbri D, Dettori MA, et al. Antioxidant potential of curcumin-
related compounds studied by chemiluminescence kinetics,
chain-breaking efficiencies, scavenging activity (ORAC) and DFT
calculations. Beilstein J Org Chem. 2015 Aug 11; 11: 1398-411.
Fedorova GF, Trofimov AV, Vasil'ev RF, Veprintsev TL. Peroxy-
radical-mediated chemiluminescence: mechanistic diversity and
fundamentals for antioxidant assay. Arkivoc. 2007; 8: 163-215.
Fedorova GF, Menshov VA, Trofimov AV, Vasil'ev RF. Facile
chemiluminescence assay for antioxidative properties of vegetable
lipids: fundamentals and illustrative examples. Analyst. 2009 Oct;
134 (10): 2128-34.

Bastos EL, Romoff P, Eckert CR, Baader WJ. Evaluation
of antiradical capacity by H202-hemin-induced luminol
chemiluminescence. J Agric Food Chem. 2003 Dec 3; 51 (25):
7481-8.

Bnagumnpos 0. A., MpockypHuHa E. B. CBobogHble pagukasbl 1
KNeTo4Hast XeMUMtoOMUHECLEHLIMS. Yenexmn buon. xum. 2009; 49:
341-88.

Bragumnpos tO. A., MpockyphuHa E. B., N3mannos [. 0. Ku-
HeTNYeckas XeMUMIOMUHECLIEHLIMS KakK METO[, U3y4eHNst peakLuii
cBoboaHbIX pagukanos. buodumanka. 2011; 56 (6): 1081-90.
Vamarnos . 0., demuH E. M., Bnagummpos tO. A. Onpege-
NeHne aKTUBHOCTN aHTUOKCUAAHTOB METOAOM U3MEPEHNS KUHE-
TUKN XeMUIOMUHECUEHLIMKM. PoTobronorua 1 otoMeanLiHa.
2011; 7 (2): 70-6.

Lissi EA, Pascual C, Del Castillo MD. Luminol luminescence
induced by 2,2’-Azo-bis(2-amidinopropane) thermolysis. Free
Radic Res Commun. 1992; 17 (5): 299-311.

Lissi EA, Pascual C, Del Castillo MD. On the use of the quenching
of luminol luminescence to evaluate SOD activity. Free Radic Biol
Med. 1994 Jun; 16 (6): 833-7.

Lissi EA, Escobar J, Pascual C, Del Castillo MD, Schmitt TH,
Di Mascio P. Visible chemiluminescence associated with the
reaction between methemoglobin or oxyhemoglobin with
hydrogen peroxide. Photochem Photobiol. 1994 Nov; 60 (5):
405-11.

Lissi EA, Salim-Hanna M, Pascual C, Del Castillo MD. Evaluation
of total antioxidant potential (TRAP) and total antioxidant reactivity
from luminol-enhanced chemiluminescence measurements. Free
Radic Biol Med. 1995 Feb; 18 (2): 153-8.

Landi-Librandi AP, de Oliveira CA, Azzolini AE, Kabeya LM,

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

METHOD | PHARMACOLOGY

khrena i ee stabil'nosti k razlichnym vozdeistviyam. Moscow
University Chemistry Bulletin. 2006; 47 (5): 350-2. Russian.

Del Ciampo JO, Bentley MV, et al. In vitro evaluation of the
antioxidant activity of liposomal flavonols by the HRP-H202-
luminol system. J Microencapsul. 2011; 28 (4): 258-67.

Cormier MJ, Prichard PM. An investigation of the mechanism
of the luminescent peroxidation of luminol by stopped flow
techniques. J Biol Chem. 1968 Sep 25; 243 (18): 4706-14.
Chang CL, Lin CS, Lai GH. Phytochemical characteristics,
free radical scavenging activities, and neuroprotection of five
medicinal plant extracts. Evid Based Complement Alternat Med.
2012; 2012: 984295. doi: 10.1155/2012/984295. Epub 2011
Aug 10.

Chang CL, Lin CS. Phytochemical composition, antioxidant
activity, and neuroprotective effect of Terminalia chebula Retzius
extracts. Evid Based Complement Alternat Med. 2012; 2012:
125247. doi: 10.1155/2012/125247. Epub 2011 Jul 5.
Georgetti SR, Casagrande R, Di Mambro VM, Azzolini AE,
Fonseca MJ. Evaluation of the antioxidant activity of different
flavonoids by the chemiluminescence method. AAPS PharmSci.
2003; 5 (2): 111-5.

Anekcees A. B., MNpockypHuHa E. B., Bnagnmmpos tO. A. Onpe-
[eneHne aHTMOKCUOAHTOB METOAOM aKTVBMPOBAHHOM XEMUITIO-
MUHECLEHLMN C UCMONb30BaHmeM 2,2'-a30-6uc(2-ammanHonpo-
naHa). BectH. MI'Y. Cep. 2. Xum. 2012; 53 (3): 187-93.
Pogacnik L, Ulrih NP. Application of optimized chemiluminescence
assay for determination of the antioxidant capacity of herbal
extracts. Luminescence. 2012 Nov-Dec; 27 (6): 505-10.

Saleh L, Plieth C. Total low-molecular-weight antioxidants as
a summary parameter, quantified in biological samples by a
chemiluminescence inhibition assay. Nat Protoc. 2010 Sep;
5 (10): 1627-34.

MuHuctepctBo  3apaBooxpaHeHnsi CCCP.  TocymapcBeHHast
tapmakoness CCCP. XI n3a. Bein. 2 «O6buine MeTodbl aHanmaa.
JlekapcTBeHHOE pacTuTenbHoe cbipbe». M.: MeguumHa; 1987.
c. 147-8.

CepryHosa E. B., CopokuHa A. A., KopHtowmnHa M. A. 3yyenne
9KCTPaAKLMOHHBIX MpernapartoB LWnnoBHYKa. Papmaums. 2012;
(2): 14-6.

CepryHosa E. B., CopokuvHa A. A., Aspad A. C. VI3y4eHure no-
0B 605PbILLHNKA Pa3NyHbIX CNOCOO0B KOHCEPBALWN 11 BOOHbIX
n3snedeHnin. Gapmaups. 2010; (5): 16-8.

Aspad A. C., CepryHosa E. B., Kykcosa 4. B. Buonornyecku ax-
TUBHbIE BELLECTBA NI0LOB 1 BOAHbIX N3BNEYEHW MasMHbI 0ObIK-
HoeHHoW. ®apmauys. 2014; (1): 8-10.

Aspad A. C., CambinuHa U. A., CepryHosa E. B. 13y4enne bro-
JIOrMHYECKN aKTVBHbBIX BELLECTB MIOAOB HOSPbILLHNKA — CbIpbS
[ONS NPUrOTOBNEHNS HACTOEK rOMeonaTUYecKrX MaTpuyHbIX. B
c6. Hay4. Tp. No maTepuanam XXIV Mock. MexxayHap. romeonar.
KOH®. «Pa3BuTve romeonaTn4eckoro MeToda B COBPEMEHHOM
MeavunHe»; 24-25 aHeapsa 2014 r.; Mocksa. M.; 2014. c. 146-7.
CepryHoBa E. B., CopoknHa A. A. V3ydeHne coctasa 6u1ono-
MMYECKN aKTUBHbBIX BELLECTB B JIEKAPCTBEHHOM PaCTUTENBHOM
Cblpbe pasnn4HbIX CNocoboB KoHcepsauyn. B cb. Teancos no
Matepuanam XX Pocc. Hau. KOHMp. «HenoBek 1 nekapcTBO»;
15-19 anpens 2013 .; Mockga. M.: 9kOOHuc; 2013. ¢. 184-90.
Anekcangposa E. tO., Opnosa M. A., Heiiman T1. J1. V3yyeHne
NMepoOKCUAA3HOM aKTUBHOCTW B 3KCTpaKTax W3 KOopHeBuLla ©
KOPHEN XpeHa 1 ee CTabUbHOCTH K pasnnyHbIM BO3LENCTBUISM.
BectH. MIY. Cep. 2. Xum. 2006; 47 (5): 350-2.

BULLETIN OF RSMU | 2, 2016 | VESTNIKRGMU.RU



